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1.2.2 Laser Intensity Image Based Automatic Vehicle Classification System (Hossam M.
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1.2.3 Traffic Measurement and Vehicle Classification with a Single Magnetic Sensor
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1.2.4 Vision-Based Vehicle Classification (Gupte, Masoud, and Papanikolopoulos, 2000,
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1.2.5 A New Segmentation Technique for Classification of Moving Vehicles (Zhang
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