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® (}Y Time-series Input Variables Forecasting ﬁWﬂ%Ut‘Zqﬁ%j

WNENMINNUEBIMINgINsalaynsuauefiLlstayan

® Yy Output Forecasting @ m3utingmneanmsinaueesms

4
wennaniu
® iy Exit dmsvaumsldnulisunsunennsalome

® Yy Help dmSuisangssuudhiemaaly

JAWENN _ Waathar Faracact Lleino Nanral Networks Program
Forecasting Wasld
Input Feature Extraction

Titne-series Input Variahles Forecasting
Output Forecasting
Exit

.
 GROLIP.

.- WFNN .. @
Weather Forecast Using Neural Networks

Version 1.0

mwidsenau 5.13 udaanihvanyeaslusunsussuunennsalanme

4 1 4 g L4 4 Y v
5.3.2 mihanmsanadiudsdayatdiuaaclaaenindssnay 5.14
Usenaumedium iU aeil
1. YMIINNIUGN 9 HUAB Y Input Feature Extraction SM5uithg
MNENMINNUEBINTFNAMILUTTBYSL 1Y Time-series Input Variables Forecasting
SmsudngnineaemainurasmsneInsalayn TN weeIulsaayaIn iy Output
Forecasting f#5uthgninanamsrinuzasmanensalily iy Exit §Hm5uaumsldny
TUsunsuwennsaienma wastuy Help dmsuiEengssuumemaasly
2. Suwaansidanuvasdayame Faldasnsodsdayannlng
) £4 Y v ] k4
wiaaaamstloudayalvila

v
LY

3. dhuraamsidanismaesendayatiauiseaniy 4 35 Uuds




70

® 35 Normal g mswennsalmdayadiulsiinlos
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) WENN .. Input Feature Extraction

Forecasting EaEld
Input Festure Extraction
Time-geries Input Variables Forecasting WENN |nput Feature Extraction
Output Forecasting
Exit
— Result of time-series input variables forecasting
—————————————— Input feature extraction --——------- A
(5) Warkspace ® 4 @
--= Before input festure extraction
() File Murnber of input: 5
Input Variakles MSE RMSE ACCURACY
1 %2 %3 %4 x5 %6 x7 00202 01708 96.33
F--= After input feature exdraction
Murnber of input : 1
Input Wariables MSE RMSE ACCURACY
w1 x5 0.0265 01629 9633
— Preprocessing |
(&) None
() Filtering
() Dividing
() Filtering and Dividing
"
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Time-series Forecasting Question

@ Do you want to forecast time-series inpuk varables?
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Qutput Forecasting Question g|

@ Do you want to forecast output?
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)\ WENN .. Time-series Input Variables Forecasting

FEX

Forecasting gl n
Input Feature Extraction 1/
Time-series Input Varisbles Forecasting — YNN - Time-series Input Variables Forecasting
Output Forecasting
Exit
— Result of time-zeries input wariables forecasting
® —————————————— Time-series input variables Forecasting -—----—-— -~
O W= nput Varisbles MSE  RMSE @ ]
x1 00017 0042
() File x2 0nooor 00088
3 ooooz - 001s0
x4 0000z 0023
x5 00001 00076
x6 00004 00212
x7 00M7 0040
— Pregrocessing
(%) Mone
() Fittering
() Dividing
() Fitering and Dividing
Apply bt
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Output Forecasting Question rg|

@ Do you want to forecast output?
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® 73 Filtering & Dividing ¥38aNN? MIwensaimdaya
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JAWFNN  Dutnut Farecacting

Forecasting By
Input Feature Extraction

Time-series Input Variables Forecasting
COutput Forecasting
Exit

WFNN  Output Forecasting

— Result of output forecast

------------------- Output Forecasting ----------————————— ~
@Wnrkspace ® 1 ox2 ®3 x4 x5 X6 xT y forecast

4.00 2330 1007.50 59.00 32.30 7.00 23000 1 1 @
O File 900 2240 100610 56.00 3240 600 21000 O

800 2260 1004.00 55.00 33.00 5.00 23000 O

900 2370 1004.80 77.00 2500 4.00 27000 O

200 2450 100680 79.00 2550 0.00 0.00 1

200 2430 1006.50 79.00 28.30 3.00 26000 1

400 2390 100520 79.00 2790 0.00 0.00 a

400 2370 100620 77.00 2800 0.00 0.00 a

500 2280 1007.50 62.00 31.00 6.00 27000 1

700 2240 100570 56.00 3240 500 24000 0O

800 1250 1011.90 65.00 19.70 4.00 5000 O

@ 600 1510 101320 S4.00 2500 5.00 90.00 O

a

a

a

a

a

— Prepracessing

(&) Mane

500 1540 101020 3600 3000 500 12000
) Fitering 4.00 12,80 1007.40 33.00 3080 3.00 80.00
300 1450 100850 4500 2770 0.00 0.00
200 1510 1010.30 55.00 2450 0.00 0.00

1
o
o
1
1
o
o
1
o
o
o
o
o
o
o
) Divisting 400 1430 1009.60 54.00 24.00 4.00 70.00 o

() Fitteting and Dividing MSE : 0.0527
RMSE : 0.2296
[TIME : 32 3810 Seconds

-AW'Y ACCURACY : 9411 I

[rran | [test | | [Forecast]

o
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) Output Forecasting |Z||§I[Z|

e R ain

ok
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) Output Forecasting |Z||EIE|
e Mo Fain
Lo |
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) WENN .. User Guide

WFNN  Help

S e To use WYWEMMN input festure extraction -------------—-—- = -~
. Click impoart when you want to import data to train and test from

- workspace

- file

2. Please select data preprocessing method and click apply.

3. Click Train if you want to train neural netwark with train set.

4. Click Test if you want to test neural netwoark with test set.

5. The experifmentsl result of dats set showe in text box.

B. Mext, if you want to forecast time-series of reduced input variable you must click OK in

mEssagehn:

7. Mext, if you weant to forecast rainfall you must click Ok in messagebox
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