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ABSTRACT

“Phuket”, a small province in Thailand, is the main source of income
for tourism in Thailand because Phuket attractions include natural attractions,
recreational activities and a variety of food that can attract both domestic and
internation tourists enormously. The world today The Internet plays a huge part in
finding information and planning a trip. For example, travel related websites and travel
media use a presentation style that contains a section of online reviews as the main
for exchanging idea, opinion or sharing the experiences that tourists have actually
experienced. Accessing such information becomes a great tool for travelers while
making their decisions. However an issue with online reviews includes the amount of
information, the language used by the reviewers and the details that the reviewer want
to express. Therefore, this research aims to study the behavior of tourists when
traveling around attractions in Phuket. All data collected from the Tripadvisor website
between 2010-2020 were used. There were 190 Phuket attractions with the total of
76,183 reviews. Techniques include the Association Rule using the FP-Growth
algorithm, Text mining using text frequency analysis and Part of Speech - POS for
finding the thing that tourists need or frequently mentioned, Term Frequency - Inverse
Document Frequency (TF-IDF) techniques for considering the importance of reviews,
and Sentiment Analysis for finding the real feeling of tourists, The final outcome will
be summarized into a Dashboard. Tourists, related officials or entrepreneurs in Phuket
can use the dashboard in order to be prepared for each group of tourists at different

locations and at different time periods as efficiently as possible.

Keywords : Association Rule, FP-Growth, Phuket attractions, Tourist behavior, Text

mining, Sentiment Analysis
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ma;ﬂauﬂsﬁumsmmauﬁlﬂﬂmamu‘mmﬂ 9 way 33.6% llunsdnduladenstue s dwu
mMsdenviRanssusng 9 Aadu 32.5% wag 27.0% denaauiivieadieal3] mnnuitesig
BT WU TripAdvisor fimatfurunudeya aseunquasinudeigideaulafinu
fafldoyausznausiude 1Wu Ysemavestinvieailen 1eu ivioadlen saluiis azuuuum
Jrsaififieuurinsaiiuldty

denuoaulail n39 Social Network 18n3nwason1sasstinveswyudiiuy
og193n ldinasiBunistevedlding 4 madenueinns nmsidenlssusy uion1sg
WHUNTSYiDTIEaENg 9 ;:JﬂuﬁauimgﬁmzmﬁﬁagadaumiﬁmﬁﬂaLﬁaﬂggw’%aL%’ﬂ%’w%mi
s lanoouladlugathgtuiinsiaun Wannsadhdsldihe wassads slfAnden
uwismIswaniasunaneUszaunsallagnsean génuniediuuinsiaenss maiamnde
dsauoeulatliazain iihisldine doyagnies asudiu Jadudsddgfimsnseniinds
Hapmmdndrfalunisiinfedoya amaseing q Aelinu gSuuinng ietnveaien i
zdadldd(Keyword) lalunsiumdeya fazliliteyansudruifivanediseanis 1y
dosnvieniioludmingifin sinisdumlaglédiin “feagiin doyaiiuanaduay
Asuiu Wesesensthdeyalinunumvienilddeldvielsl vieazdesiumainuans
Ao iilothdoyauasusamiudnadimils unidedtasususindeyanisieaiendiely
tnvieafisranunsnideyalunununisvionileadeld 1wy uwiaganuiveuiieady dau
Tngjudadnveadienfenrhianssula vieanuiveniivawidmseaiisrluiouladay
wanzauiian yniidefiagudeyamaniifieliiivionirlfuszneunisnunuiondeivie
dndulaviesiienfazilidenianiiifien

muitsatuiiadafuianuddyesteyauniansaiosulatdoaniud
vipufisesmingifin fediogdnnumnuds aumainvanglunisdeans st
Fnsalld dhlFnadrdsaumneviiernudinfiufieiwesuinsaifudululdenn Tuud
azuvAnsaldenuansisisyiivla Aanssu vietisnaeenien amnuauls viomnuianis
soanuiivieniioadule] Ssdanarddndudesadaielilfosdannug ielinnsy vie
ymhenuiieites mursathesdaudingrdl diniau e Wasnsonouauosn
Fans wazdtasziamidniiaseesinreafienldedanssseifudian wieusnseds
tvieaflendsannsathesdaudinani nausunsvioadienlddnde

Frfuunideiivihnsataenudinuniasaissulativesanuiivieailedly
FadagiAnainiuled TripAdvisor tilellideyaiiedn Tneddunisinsizsilumane
SULUU 18U Mngauduiius (Association Rule) Inglddane3iiu FP-Growth lu Rapid



Miner Lilovauiieafosvesteoya waznuildunisieuiisrveainieuiiearengunis
vioaiioring 4 mutrsnaiifeurieadion Tasesednndeyaluefniiintu uazn1svii
willestaya (Text mining) TngldnsTinsiesinuiivesd (Text Frequency Analysis) 118
Fumuszianvesilulselen (Part of Speech - POS) wieafavndsiivnviesdiendiosnisvse
ﬂa'nﬁ\‘lmaﬁzj@ s2uAun1slegimalia Term Frequency — Inverse Document Frequency
v3a TF-IDF lun1sfinnsananudidguesdivsslen nedsdndunisinesiniiuddn
(Sentiment Analysis) LileAiasgianuianiwiatewesinvieaiin Tngvegaazasulvegly
sULUUYa Dashboard Wieliinvieaiiey MienhsnusdnsiAsides aunsaddauasld
Usleminnmstiesgideyamant Wesnamaduasiivssaviam o dudunds
Tumsiannnsvieaiteldegreddu Tnevhoanazagulvoglusuuuuves Dashboard Litelsk
tiviondlen videmhenuesdnsiiindtes aunsadifuadliussloviannmsnseideya
wianil Ifegneminiuasiiussavinm Wedundudrumddumstaunisvieaiieldegns
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1.2 MUNIUTIUNTTY

1.2.1 nsduladnugsianisvieaiietvesdaningiie

HesnnUszwalnedulssmanddnanuannsaadudmunisveaiios a1n
N153nduiuUsEImaAnddnvieuisdunw ey wazdsigliainnisvieaiierunitan 10
guiuwsn InuesAnsnisviesieslanurisanyseyvIR(UNWTO) nuiusemalneddnuau
Unvieaiigassuinundeulszwmaundududuil 9 vedlan F1uau 32.6 druau) wazdl
seldainnisviendisrnnilududui 3 vedlan (yar 49.9 Wuduniegyansy) (United
Nations World Tourism Organization, 2560) @9LaAI0IANYATNATUNITVIBILAEY VD
Usgwdlneianunsaimudaauainse awnateundugudnananisvieaiieivegiinia

IS 14

2 gula [10]

aansviesnsnduniaasegiafididguesUsemeionniidnsnmsiiule
gegaLilaiiguiuniaasegiaduasisuanselivedsusuwazsuemsy 2558 venuda
Soray 14.6 lneeldnmanisvieniiervesUsanadilngeglungunnumuns Andudosas
56.3 seaaunAedndngiindndu fevar 11.5 wazminiiansansiglanianisvieaiieives
neld nuirselddlngedluimingindesay 49.1 Fududminfitnvieadswwfiiu
M uwisaieInigalunialea [1]

[ [ @ A < ! ! = 1Y d‘ LY o =

Janringiindeiduunawienieiseaulanfgousuiulagnily Ingluln.a.

[ [ & a o o A v v v A a A o @ 1 a
2554 Jwdaguinfndudun 3 31nnsiadudu 10 ingnlsuaudniigavedian lneding1d
U = = [ [ & a o o o v v v ' =

WYedY wavlutn.a. 2559 JminQiinAndudiuil 8 9INN15INBUNU 10 INzviBaieIgen
feufiantulan(11] Wneiuled TripAdvisor Wliiiuinlugael w.e. 2555 fis w.A.2559 §1uau
Unviesfiaisynilvenasynsisnandiuviesiedluiminguiaiivwildufivunuyny
= & 1 2/ £ % ! - - & v ! [ = [ [ < A ¥
Fendamalvselanninvieaiieiiuaumeguiu lagluln.ea. 2560 Ywringiiniineld



nnmsvieaiisnnnidusufuil 1 vessamalnemnlsitusunsammauas ddnvioailen
daniftsinieludmindiuiunin 14 dueu lnsudadutinveasirvisewiddium 10
duau wagidnviouilorvilne 4 duau uandidiuisfnenmussdmingiininduunas
vieufienftanansafgaiinviondiortanneuazyadenilfiduensd uasiodudmTad
adnyorianivading [11]

1.2.2 Bviswavesuvinsalesulatidenisvieaiien

uleddumsvienienlugaiagiiugnitannguuuunsiiausiivainans
Lilddufissdoiinausiamedeyaundaionden uain udonisidunaviiiu vateq
Guleddadidiunansanudniiuresinvieniien ieidunisuaniasulszau msalannnis
vinudielaunss ﬁﬂ,ﬁLﬁmLmﬂ'ﬁayjaﬁﬁmmﬁﬁ@LLazﬁsummimyj fannsouTlnszinse
Fulssuddaiivhreadionaulaldedeite wardwnaiddnarafueiosielunisdum
foyanisveniisnldodvasBoauandodold ailn1sudeduteyanisondieanin
Uszaunsainssvesiinvieaiiendiinuun iuuvdsdeyafitinuedmsutinvieadioaviudy 1
Al dudeyauszneunsdndulavienununisvieadioalfed1sidndel 121 Fsnnsnsusy
Woudlsrarmin lidnezifusserduniessezend dnveuiivrdiuluglilaldnsannse
dadulaidonanuivieafisrdefies wuil 85% vesinyiesifierazizunauauns AU
Tnemsdududoyandunodidn Feil 90% fnausunisiAanssusng 4 TagldauAniiu

[V
Y

YRIUNYDWNYINTUTEAUNITAUDITI WAZ 82.7% TUNISANWIITATHAUNIG  NILFINUIN
Unvieauigannnida 57.8% eruuniansalesulatvestdnvieaiedvinudy 9 NnaATININg
LEUNNSYIDNET [13]

1.2.3 TripAdvisor
doosulaunlasuanudisnlunisuisdulsvaunmsainsvisairunianae

'
a

TripAdvisor 1ag TripAdvisor gnitauntuiied a.e.1990 TnewmuruugUuuuresiules 7
Deliinisuansaufediu veludsuinuazidean usnandessulatazustiuteyaves
uiasenfisnds Sranunsoudsiiudoyadu q veansidon sU viiedlelr] deyamaniae
nanesduitglunisdnduladenldusmavsevieadisanuaniuiiing q dwsutinveuiien
Yiudu q fels)

TripAdvisor (NASDAQ: TRIP) wnanwWesunisviesifieniiluagfianlulan 4aels
tnvieaiiien 463 Sruauluudaziiou arunsavilinnvidvesnuduniuiiaianle

CY |

Unvisudelantdivlenuazuon TripAdvisor TUN1SAUMIIIILALAIUAALTAUAIT 859

AUTIWAITALITUNNA $1UD1MIT T11587197150U wazt3ad1919YmA19 9 D9 8.6 ATULUKY

N

Unvisaiieraunsald TripAdvisor wivelUSeuliieulsausy wieddu wazsed151ysia1gn vin
nTvesTIsHazdan uviewivivenilon saudeniseesldzluitueinisa o lasnaae
TripAdvisor flwUsnslu 49 Uszina lag 28 1w [14]



1.2.4 Association Rule Mining

Association Rule iomsymnganuduiusvosteya iunszuiunsviled
I¢3unnudonegisnnlunsi Data Mining viewilosteyafifiuszansamgaan Tuns
Fumenuduiusivouogludoyaiifiouialg) wWunsinmeinguimsnduduuudung
09 wionstedudvesdiuslnailiindenion 4 fu (Market basket analysis: MBA) N33
aruduitusivanitaglufunsnaiarioraunudnaiunisvigluounan [15] funeunis
19714109 Association Rule Mining ﬁamié’ummuﬁm%usuaﬁagaLLagﬁwmiﬁfmamcﬂh
Support Wag A1 Confidence mamguazﬂmmé’uﬁuéﬁu 5 [16]
A13 ¥R 1A uduiusAe Support Value , Confident Value wazan Lift Value lagng
AruduiusinnisAnyianuivesngudeyafiusingsaufuanduinmsiadinisaiiuayy
43A2 1A aNa1(Support Value) 0ty frurarinudesiy (Confident Value) 3oen
Uszansnmueanrmdiiusiunngdauansaunislugud 1

Number of transactions with both X and Y
Total number of transactions

Support (X =>V) = =P(XnNnY)

Number of transactions with bothXand¥Y P(X nY)
Total number of transactions X - P(X)

Confidence (X == Y) =

glli/dl 1 : UNIUanaNI5A1438d Support Value uay Confident Value

(%

MegensmuInandlugun 2 el

1. Travle data in Transaction format

2. Rules metries
Data 1 Australia/Oceania, Experience2013, Recreational, Beach

1. Support Value
Data 2 Australia/Oceania, Experience2013, Recreational

4
. . . Support {Australia/Oceania —> Experience2013} = — = 0.50
Data 3 Australia/Oceania, Experience2013 8

The support of Experience2013 when Australia/Oceania is present is 50%
N
e

Data 5 Asia, Recreational, Beach 2. Confident Value

Data 4 Australia/Oceania, Experiencelun '_,

Confident {Australia/Oceania » Experience2013} =

Data 6 Asia, Experience2013, Recreational Support {Ausrealia/Oceania} 5/8

Data7 Adie, Experience2013, Australia/Oceenia The confident of Experience2013 in Australia/Oceania is 80%

Data 8 Asia, Experiencelun

Uil 2 : daeehedayalunisaiuind Support Value kag Confidence Value

MN3UT 2 LLamﬁaasiwﬁauuaﬁLﬁmﬁu mﬂﬁ?uﬁwmmﬁlsuaa%’au”aﬁwmmmu
A1N1911A1 Support Way A1 Confidence 91NAIDE19TI9AN ANBIAIUFURUSTZIN
Tnvieaiierainniy Australia/Oceania nsvisadienlull 2013 Tnefuanudvesdoya
mﬁmaqmmiuﬂ 2013 ummlawaua 4 mﬂummumamamwm 8 Yoy e Support
Value 7 0.50 ma 50% Famuneds ﬂ’imVIuﬂVIENLVIEJ’Jﬁ]’mVI’JU Australia/Oceania Wvioaiien
1Y 2013 fanudsuiy (Support Value) aqw 0.50 ¥30 50% wazArAudesiu Confident
Value wostinvioaifienninyiu Australia/Oceania fiaufivesdoya 5 afdluduiudeys

Support {Australia/Oceania, Experience2013}  4/8

=0.80



Vavun 8 Taya wansdislonianinyieaieaannniu Australia/Oceania azuvieuiiglud
2013 ian1sviawnelud 2013 azle Confident Value flanna (Confident Value) #
Jnvioaiienanniu Australia/Oceania Uviaafienlang 0.80 %58 80%

nQues Association Rule fadlen Lift Value Faiiludrivsuaninanuduiusiu mnan Lift
Value vnen Lift Value wihity 1 vianefis deyaiidasesiofiu (ifuseiu) mnderunni 1
nnefadiAnAnuduiusunn wasmnilentesndt 1 vanedadeanuduiusios uansauns
Faguit 3 [17]

Confidence (X ==Y) ~ P(X nY)
Expected Confidence (X =>Y) P (X).P(Y)

Lift X =>Y) =

JUIT 3 : qunisuannIsAIuIam Lift Value

[

fegensAuInlugun 4 dadl

3. Lift

Lift {Australia/Oceania % Experience2013} = Support {Australia/Oceania,Experience2013} / Support {Australia/Oceania}

Support {Experience2013}

_ lar8) / (5/8)
5/8

=1.28

The Lift : Experience2013 of Australia/Oceania while controlling for Experience2013 is 1.28 that greater than 1
o % 1 £ o .
JU7T 4 : faegedayalunisAivan Lift Value

mﬂsuﬁ 4 A19819N15ATUIN Lift Value Lﬁammmmﬁmﬁuﬁ‘dwﬁumﬁaEJ
NENG fmﬂmauawmummsﬂﬂwwam nsvieadiealud 2013 Ssflmudsiuiu 5 mﬂ,u
mmwuauammm 8 U mmmmauwuﬁ%amﬂmammmﬂmﬂ Australia/Oceania i
ine msmaammiuﬂ 2013 wuin flAnAuduiug 1.28 Feidwinndn 1 dunuiods
Pnvieufienannviu Australia/Oceania waz n1svieadiedlud 2013 fauduiudunn

Mnnmsduateya wuirdnatenuddeiiviinsfing msmingadiiug
LSRG ﬁ’m’faaﬂaﬁwmﬂwmsJLLaﬂ%’aﬂa%ﬁuﬁsmﬁ’u fuanslumseit 1



#15N9 1 : UNI9eALIAUAISANG) Association Rule Mining

Foaide YULINTLA Tagusrase NANNITUALNG YY) HANTIRY 91984
Analysis of FP-Growth | ¥8A114 Log server 210 JuunngAnssulunis | dane3iiu Apriori dane3Nu FP-Growth [18]
and Apriori server side, client side, | SyysUlUUYRINTSISENG | Wag FP-Growth | awllunisldfndy dane3ilu | (2016)
Algorithms on Pattern | proxy servers 71 user & waznsenlideyai Apriori ﬁ'ﬂﬁﬂﬁﬂizaw%ﬂﬂwgﬂ
Discovery from madndaduled Moty el fudunslatuyndeyait
Weblog Data Usednsnw m’mﬁga, Fudou, uazldiia
poARUULIULUYIUSANS Tumsaiiiunistiesnin
WarsINEANAZAINTY daneo3viu Apriori
msvieaduiid
Usgansnn
Comparative Analysis YAUOYARIBE1IAMN WSguiguUseansnan WEKA Tool, 9ane37u FP-Growth [19]
of Association Rule Machine Leaming Meausenine 3 | dana3iu Aprior, fudunsldisiiian way (2017)
Mining Algorithms in | Repository 911U 435 Sane3iu Faldud 1. FP-Growth waz | awllunislanuteyavuinlvey
Mining Frequent sﬁaaﬂa, Spect 917U 187 Apriori 2. Predictive Predictive Apriori
Patterns Poya KR vs KV §1u7u Apriori Uag 3. FP-
3192 Uaya uar Yoy Growth
VABUIIUIY 100 UBya.
Disease Symptoms | JeuaiUielsauivin AUMNFURUUNITLAR TUsunsy aaNInIATIERAANTiNg | [20]
Analysis Using Data | annlsenenunawazadin | lseuimnuaineainud RapidMiner, Aalsaummiudesiulagld | (2017)

Mining Techniques to
Predict Diabetes Risk

Tuusemaduiie

veatoya uazinun

9anasyiu FP-
Growth, ag I1D3

9ana3iiu FP-Growth 1@ way
14 9ane3%u D3 Tung




Y8917 YULINTLA ingUszasa NANNITUAENG YY) HANTIRY 91984
Arsgsimadesivil Ansgianudssiviiliian
\nlsA TsawwnnulusyesiFusuled
Analysis of Web Web Server Log Files WisusUNaLaE danesviu Apriori, | 8ane3¥iu Apriori Mudeus | [21]
Usage Mining msdnfaduledves Usedndninaes 3 FP-Growth waz | deslonuisussanunaesy, K- | (2017)
techniques to predict | WnSsuluusuinaduds | danesyiu laun 1. Apriori K-means means clustering Tolun1s
the user behavior 2. K-means clustering 3. clustering LL‘U'ﬂﬂEjaJmaJWqaﬂﬁimm'ﬂ%ﬂm
from Web Server Log FP-Growth Tun1s Auled wag FP- Growth
Files AN ANTIUNTLY inuleisanda Apriori
nuiulgdvasiniEeu
nsmenuduiudees | deyariamingiudiu i | vAiemudusiusing ganesiu FP- | awnsaasiengenuduiusls | [22]
etuiuduudad | ulasinisasmu wazdoya semnduduiingg Growth flavun 31 ngeuduiug uag | (2017)
lo (WTI Crude) Ty | :iesfugsfia Uimsandl | wasuwdasauiu ngPudIusAlFNNIde

nanaluiding (NYMEX)
FENINN SIAUNGY
wasuTAgTesiv
safausnsantisiu
TunaarannsneLms
Usznlneg aewmadia
nsmilestaya

dsfuanidulednann
wannsneawauseindlng
seniedudl 7 figuieu
2016 &9 Sufi 5
UN1AL 2017

WiLUU agdimnudunus
fusAmulunqungasu
MAYIToIIUgINIUINIG
anntunTuUS UL LYY
Gl 1
5kl

qqﬁqﬂﬁa frspinsiuiule
Ynnsdevioudaiinnsususian
ity wanein ielansie
PrglunaIanan NS e
Useimelneua 519U PTG &
MsUSUTIALTint e Taofdl
ArrnLdesiu (Confidence)
a9and 0.672 Aarfuayui




nIavgvennanadai
Ansiuiules

ANNgNFBINTIan fe 0.94

Tnengiadsliidiuu 7,749

ng) wazausa ulglaass
892 ng)

Y8917 YULINTLA ingUszasa NANNITUAENG YY) HANTIRY 91984
(Support) 71 0.35 uadien
amdsius (Lift) 7
1.05
QRERIFEAVR7IATY Uoya SEER sewingifiou WeSeuniioy dana3iiu Apriori waila FP-Growth i [23]
UszdvSamveawmella | unsiau A.A. 2004 B9 a.A. | UsedvSaanveawelln | wag FP-Growth ANNEsatuMIaseng | (2018)
Apriori kag FP-Growth 2014 917U 2,308 Apriori Wag FP-Growth AMUFUTUS LN wmalla
Tunsasiang seilou Tun1sadneng Apriori wagArAanTosiuves
ANUENTTUSURY anuduiudadlsauzs ngANUFLRUSINMALA FP-
TsAuziSesiaugniun ABNgNYILIN Growth
gendmaila Arpiori Tuts
AtUAYUIENING 0.80-0.85 A
Anudesiufi 0.96
NSYAAUANANTULS | Teyanisnagnlainacieg | Auvsdavidveanalade | dane3iiu FP- QRERIGVE G REIAGINY [24]
VLAY YDANIUY vumadavesglidnu | Afeswfules 9iniduy Growth fusirinfu 0.01 Aa | (2018)
wladn 1,780 AU A519N9ANNAUNUSIN Feshudasi Wity 0.5 Teien
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Foaide YULINTLA Togusease NANNITUAENG YY) HANTIRY 91984
NIATIRIUNTNATA | YATBYAIN the United | minganuduiusuasns TUsunsy MsnsgiAnuiaiRedestu | [25]
YOIRAUTNITNINT States Center for VASAVDIHIAUTNITAY RapidMiner, WoANIINVRILTUINISAM | (2019)
windlagldmesinns | Medicare and Medicaid FUAMN gane3fiu FP- | nswnmdlunisidlusunsuvise

WINYAIUAUNUS Services Wag The Office Growth FEUUABUNIADS LAZAIIUAN
of Inspector General’s sunsgniiinaeuluayyn
(OIG), Department of TnefiAnnruativayulsisiiniy
Health and Human 0.01 LLazﬁmmsﬁaﬁuqmdﬁ
Services Usgine nsawiiu 0.70
ansseiinT fausd 2012
fla 2016 S 47,489
sziley
wedansiwniios | doyaninnisdsdo omns | henesimensewnsd | Tsunsu Weka, ngAnudiusaTiaam [26]
doyauuumsaiieng | vesgnAndnuionn anddstedmiudu | Saneifiu Apriori | Weshilungaudiniusi | (2020)
AENTLSIuNIS 1,574 519m15 Swunidu | deyalviiuidivesiiug wanzaugnlugndoyaves
IAN1331U0WN3 emsdenuiiy 1,041 IPUUTENOUNIS yuATetuiife 0.01 wazen
5183 wazdamundu finAula MaunUDo Asdesiu Tududindy
i 533 319ms Tuaa 1 | Smgiuiiiedszneveimns 0.40 wazwud1 Fralun
funaw 2019 - 30 IAfiganasonUABINIg semsfignifulunnng
figuien 2019w 4 | wazdesziuyemng Aradusitus fedu dmTadu
L eluiu Togavlunismsguaunsey
Tuusiag Susnniian
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Y8917 YULINTLA Togusease NANNITUAENG YY) HANTIRY 91984
Discovering symptom | Youastie COVID-19 1 | Anwauduiusieya A9 R, agadgveiie COVID-19 | [27]
patterns of COVID-19 | wgunsuu Wolfram Data | 810133038 COVID-19 | 8ane3fiu Apriori, | Ao 52 U, 1n1siliansnnian | (2021)

patients using
association

rule mining

Repository 31uuU8a

Jiavan 344,372 576013

Sovharwazendeya
WaedUIU 1,560 518013

FP-Growth ey
Eclat

67% Ao J14, 1o 37%, Va1
29078 11%, Uaauas 11%,
Wuae 8%, mngUaedlym
funismels aefitymises

nslesy, awdulsaiila 1sa

Inuse
fonsusauinazinne
Fonanmsindenselsa
maaumela
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miAfeifeamsfumarudiniufvestoyanisvionderludmingiin lne
MsfuvnANdusyesteya Weu U Aflnsvienilsn nivvesiinvieaiion uagUsziannns
vieuilen ieAnwiAumunliunsieniisrvesanuiveadieludmingiin dviunas
NuuwuiewSEumondousuinvienilen uazWmuuawieuielineulandaiusoanis
yostinyieafies mutisian Uszamnisvienilen wazanuduveuiiuvieiavesinvieaiien

[%
v v v o

Mdnaninuduiusvesteyamartilituinrieaiierdmsunununivesnigslasnaie

2

[y

Feganesfiudiusunisaumingauduiusnlasuainutisufe danasfiy FP-Growth was
Sano3Nu Apriori 91ANTAUALIIUITENUIT UATelgdanesiu FP-Growth Tun1smian
ANUFNTUSIAgUAU danesiudu o du dane3iiu FP-Growth IUszAnsaneanan [18] [19]

[23] vieuldiiangn dmsugadeyavuinluguazianinumuiuduuin [28] [29] astiuluum

£
=2

ReiiRdldeanesiiu FP-Growth Tunismeiauduiusvestoya

1.2.5 Text Mining

Text Mining #38n15vi1nlasdoninn \WunszuiunisAuniaiuinse
foriaTeiudseglugatoninu nsinmilesdemnuinaziluldfudoyauszanlaid
1A59a3579 (Un-structured Data) i foau E-Mail fornuuuivuesn viedoyausenn
Adlassa¥ns (Semi-Structured Data) 194 FoAugUuuy XML %130 HTML willosdoninuis
Huintesdolumstansteyamailfifuegned (30]

watiansviumesdaniiu (Text mining) Tuguiuu Word cloud 1¥un1s
AA51Esh AuvnA YA (Keywords) tlodumnasfignnanianniian dauandiifiuds
ANEARY ﬁahmmﬁﬁaﬂuwmmM‘%@%auuaﬁ?u 9

Mnmsuaidoya nuirivarssuAdeiinnnsne msiunileadeniny
wazfinmslfimadeaiunnssiu fauansluasisi 2
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Y a v
P399NYLNADINTT LY

Frequent Term

IﬂEJLQW’WL%‘ULLﬁ% Java agng

Foaide YULINTLA TagUseasn NANNITUAENG YY) HANTIRY 91984
Text Mining Al abstracts Yauonas | AATIEVdeyatanituain AW R, Text umissuanslmiulaeddue | [31]
Business s 35 atiu MAsestu | enansivnislagld Mining : wnaina |  wierlu abstracts Sugjatiu | (2015)
Intelligence: a Bl I 1,393 @1 geWALS R-project Wil | TM, fleddu Word | 138amsuims dansssiia 1y
small sample of Anwdiivauenis cloud Aiafuayumsindulaves
what words Useloatl waznsvineu HUIMT waznandnanalulag
can say A9 U04 Bl Twsiquas Bl 8nsae
The Power of Tun153mse9 Sentiment AN LaTAUAITIUS A R, Sentiment analysis #1115 [32]
Social Media Analysis 1% 700 YAy UaniemuIan wazdsi Sentiment AP RAANITiLan i (2018)
Analytics: Text tweets vYe4AM Sajeeb grydasnndigaly analysis, Text | A1u3aN nsea sualluLAazYIS
Analytics Based Wazed tingsnauag Twitter YosyAAATS] Mining : wnaina | waurld Bnitadsdléfasdmsivign
on Sentiment 1nn15idley Yinatna Loy Forduansoednaly ™, et Word | MduesBauandlifiuiedafiaula
Analysis and AATILIA19N R bloggers, Uananne cloud Mﬂﬁqﬂ
Word Clouds on R GitHub
Tunsiases 14 200
oA Tweets U89 Official
Twitter W35A Awami League
299 Uanaine
Job Description Usgnmasvadasauluniv Fumedivsuends Clustering AU IT Wasualins | [33]
Mining to auisnuile U 2004 WU | AnENYAE AINEINNTE Analysis, pugerAwIsIINNIIENTARIS | (2018)
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Foaide YULINTLA TagUszase NANNITUAENG YY) HANTIRE 91984
Understand Work- | 12,066 susus wag 3 2014 | osfng wielsaindnwiiau Analysis uag W Juiiy, 9 1usEay junior
Integrated 71U 17,057 #LnLs vl @ansossun S | Latent Semantic | agidu nsvageusyuLLazyi
Learning 1HUN 579Ul Analysis LONANT @IUIIUTZHU Senior
DUAN Wunsaudunismanaila uwag
AMUABINTNUAU T 1unns
Wauiuled, sanduiimly,
QARG AP TR GG
wenndnduilede
A Corpus AFNYIEIUI 4,850,817 A1 | AnwiumAumeInIms | 1w R, Hleidu UMItewanslmiuam il [34]
Investigation on 91n310,650 Uselem hu fiRAuly bilig Journal pdf text, AR favaneli dndnwn | (2018)
the Journal of LONA1TNIVINTT bilig of Social Sciences of | Natural language | USgueywatazUTge v amnse
Social 5311190 1996 13 2017 the Turkic World) processing : lau | tidimandluldifewenans
Sciences of the U 81 UNAY S2INU 1996 1 2017 573 Zemberek NMIYINIINTDIINTANY
Turkic World Wedumanuivesdiuas LAY LWALNY Wadalunsendiunisnia
fsnuslunuinsAniy pdftools wnssiele
W9IvINS
MARTEAAIAY | AdunuSinguiglduing WioTATgiAnAY w1 R, Text uAdeilvmsuienudves | [35]
Tuguuuu Word | Tdumdeyauuszutlouna | muwidangquigldudnisly | Mining : unaina Aduaziasuuadlumy | (2019)
cloud loatuanyy | vesdinnineinsmaFoud | Aumdeyavuszudle | M, fleddu Word P98

AMVEVIAY BITONTEIGUNT

wnaluguuuu Word

cloud

cloud ey
geplot2
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Foaide YULINTLA TagUszase NANNITUAENG YY) HANTIRE 91984
UUINS FEMINLABUUNTIAY D9 LAY wandliudangAnssuaIy
ANTAUMAVDY fuay AansuazALaulaves
Vioan 2561 AAusmsiasuluse
Word Cloud oAy tweets UL Twitter | HUAY IATILWA1IN TUsunsy unidouananguaviilvuien | [36]
Result of Mobile ey Mobile foAnuuy Twitter 71 | RapidMiner, n1w1 vseunWauFawwIntlung | (2020)
Payment User payment DANA Sﬁazﬂa&’juwi Aetaeiu Mobile Python : lausn3 SNIAUAINAITUINNG s
Review in Wou Augneu fangadniey | Payment wilon1saun wordcloud WanienauaueInLdeIns
Indonesia 2019 Wngvihnsfinudeniny | aunmlunsuinisuas Tunguslaale
Tunwdulati@e 91w 927 | nsld Application sl
tweets AUADINITVRIE LY
Travellers’ top | doyauvinsalesulatisinly | Aumeruuazainuidn QDA Miner umInsaluansdanansenuy | [37]
comments during Botswana vuiulws yosinvieadionluun version 6 miéﬁ'@msviaaLﬁaa,ﬂamiﬁmmx (2020)
the COVID-19 TripAdvisor 58%I9LADU Tsaioaulaing Haymiidnveadisanulugaeid
pandemic in furauda Juil 17 woedneu | Botswana lutslse N1358U1AV8s COVID-19
Botswana 2020 97U 344,816 UN J¥u1n COVID-19
391901
Studying Public | U9AunIndIUIU 9581 vin AATERmANTILaY 191 Python : | unAnumndulugnanans [38]
Perception about | AEfesiunsanindulsa | Awidnvesyaraiiyads | lausnd TF-DF | 38n15dn Uselewidls (2020)

Vaccination:

g o Tugetuil 1 unsinau
2019 - 5 w1 2019

a v !
N19anTATULIARIY 9

clustering Wag

UsganSnnuwaraAnusasuly
n1sUesiulsa nssdulu
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Foaide YULINTLA TagUszase NANNITUAENG YY) HANTIRE 91984
A Sentiment Sentiment scoring ﬁfﬂ’“mmmam%ﬁammmqm
Analysis of of tweets, Auiludeszansamaes
Tweets WWALNA Pandas, | AT WagnseRuUsTUIA
Natural duasunsndnaduludes
Tsafinsio fiedameunsng
TuUszrsuludenisin
1PU
Word Cloud and | uniansalesulatwesdu | Boudnszuiunisadends | mwiR:lavss | vnidouansdeddiludeuin | [39]
Sentiment Amazon earphones Uu ANFNI WATAITHATIZH wordcloud, wansbiudanuianelaly | (2021)
Analysis of Auled Kagele ANN3AN 1NUNINTAL | wordcloud2 way | WaARse WadawusAnYiTiU
Amazon (https://www.kaggle.com/shi ?J@@ﬂﬁ’]ﬁ%@ﬁ%ﬁ UWALNY syuzhet, Uaﬂﬁqmwm’faamwaqgﬂﬁ%ﬁa
Earphones talkat/amazonear poulal Amazon lubridate, T dunuamslunisiaun
Reviews with R | phonesreviews) Sunuiay earphones ilenadng ggplot2, scales, ARSI
Programming 14,338 UnI50d i lUimuINIsnaInnse reshape2 ey
Language VNN UARUNEUAT L) dplyr
Analyzing wilanseiiefio Huawei P30 |  dumdiluuniansaid | Term Frequency, UMIBUARIANSANLAZAIY [40]
Custormner Pro saulatdiuiu 192 un anunsariluaiawn Inverse AoIn13vesanen nedn1snany | (2021)
Reviews on Social | 39158 a1nnqulu Facebook | USuuss dumlvinsemy Document ERNIGERIF ARG RRLRN

Media via

Applying
Association Rule

=3 I3
wazvaeIulae

ANUABINITVBIGNANNN
gaqu

Frequency (TF-
IDF), Lexicon:

Stemming

Samsung lagnudngnAiauy
%¥9U Samsung NAIII"
Samsung 14lad18A71 Wagsa
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nnUszasd NANNITHATNG YY)

NAN1SI98

algorithm, FP-
Growth, 9anasyiy
X-mean

Clustering

gnniusesdutueesmdn
147 usgfifuvey  Huawei P30
Pro n1731 Huawei P30 Pro
udafiesruuALUaDasyY,
ANNNNEDIE9, WUmABITILY
NulAuIuNd 24 B3, Wagnse
Uszananafidey

WUI1N15Y N1 R Tun1siesiet Text Mining fiussansamnuaziduiniey dua1eauidenld a1en R uwazuszauanudnsa vl
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1.2.6 Sentiment Analysis
Sentiment Analysis W3on153tas1zviensuainiuidn Wundnnisnisves
M3USEANANANTWI553YA W30 Natural Language Processing (NLP) ilsisunudleuagng
wnlutlagtu dnldlunstesigienudn o1sual euddnuesdiedud vieduuinislu
Baasie 9 anUszaunsalade Wumstevesesulay Suemns wieauiivesiien wasly
gatigiuromdunisuansaruadududaniiann e ulaseng 9 vieru Social
Media fiansnsauansaufniiulfensdassuasainvans sedunounsligudndsldie
8n#g Sentiment Analysis 3aiunuinegiaunlugsia nieguaivnssusng 4 fiiesd
ardiluldlunmsaidudvionauuinuiuing iensvaussnudosesguilnnegis
EREETE
Sentiment Analysis LUun1353As12%AAN3ENTBIT0AN UNAIIN HIOUN
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HumnudBniosq wagasuuuriniu 0 vioRnau tumneds azuuudes Wuanudnluds
au Avuuuadansadsuslamiegnivualdniuainumngaslunsiansey
ANNFEAN

nnsRuniideya wuiriinarsnuideiliauddgyients Iinse
mnw3an fudeyavannnansuuudoya fuandumsned 3



#1599 3 : UNIETAEINUNITANY Sentiment Analysis

19

Y99I

YULINTLA TagUszasn VANNITLAENG Y HANTIRY 91984
Sentiment Analysis | 10 uviaisaleaulatainuids | wWisudlsunanis Lexicon: SWN | SWN (AAAVQ) Tiaugnaes | [41]
of Movie Reviews A | Buifls 100 Bosfildsurny | Tinsievimnuidnain (AAC), wniigafe 78.7% sosasndo | (2013)
new Feature-based Josnnniigauuivled uniansalveamtls lag | SWN (AAAVC) SWN (AAC) fiB 77.6% Wag
Heuristic for imdb.com lagil 760 un lodanasfiunneiy schemes Way Alchemy APl fi® 77.4%, A1
Aspect-level Jansaleaulatl Msalluda Alchemy APL. | AgkuuANIANTIUINIINND
Sentiment UIN Uwag 240 UnINTal Weauwilowiuynisnis
Classification ooulaitiansalludsau
Mgy | avuAadiufsaiuiiues | diauessuuiasie | Longlexto APl | sedumsuuuanmsiase | [42]
AnLiuLAEfy NnfidsUsedu 20 e | wazagUerw@Aawiy | LEXITRON Tawy | ennddneglussdumeld 49 | (2017)
Lupmwnsuuduled | 9nfwemnssiuau 5 5 | Aeatudueiwisan UM, ADAARBINUTLAUALLUUAIY
N $quay 100 ANNAALAY Fuledilaesalud® | Vector space | flawelasinaziuunivesdi
wangliiuanuniansalain
anuAniuvesgnAndululy
ENIAEINUATIUUTINTDS
3
Analysing form Tweets vosuslan | msdiaszvirrwidn | Sentimentrand | fezuuuivsuenfennuidn | [43]
Sentiments nauuTEndanu luansy | a1ndeanu Tweets | the Hu&Liu | vewuslaadeuTevmwaaumn | (2018)

Expressed on
Twitter

1UNINT ATVOAINUNDUNAU
MNUSENTU Twitter 371UU
60,000 Tweets 14 6 USEN

VU Twitter U89
AUSLANGUUTE

opinion lexicon

Usevlunqulasuainnnuianty
WA WAz UTENTWINGUNN
Tsiiunuinguilaesdniaee
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Foaide YULINTLA TagUszase VANNITLAENG Y HANTIRY 91984
by UK Energy wasauluans v mesﬂaﬁgﬁ’u:ﬁLLu’ﬂﬁuﬁaqmi
Company 910U1INT TN UNAUN UL A NI
Consumers madenvyueuliiuguilan
1NTUE
Tourism Review 450 vmasadeoulaiain WiguiguNans POS Tagger, HaN1SUTBUTBUNUI [44]
Sentiment Analysis | anuiiviesifleinadlu vos AATIEIANUTAN Lexicon: gana3iiu RF Tinnugnaesas | (2018)
using Lexicon Aules TripAdvisor IZUIN 3 danaviu SentiWordNet, ﬁqmluamé’aﬂa%ﬁu %
Features and Ao Support vector | danea3fiu SVM, danasiiu RF TiAnugnsies
Machine Learning machine (SVM), KNN ez RF 93% 509841AD BanaINy
Approach K nearest neighbour SVM ’Lﬁmmgnéf@q 89% uay
(KNN) tiag Random gana3nu
forest (RF) KNN Tiansgneias 80%
Sentiment Base %’aiﬂa profiles, timelines, IA5EA ﬁlﬂﬂﬁjm twitter scraper qﬂﬂaﬁmmﬂua’mwmamm [45]
Emotions likes, search waz ToAy | AUIANVDINAUIIN | Wag Sentimentr | 91T HuwInunsnindeniny | (2020)

Classification of
Celebrity Tweets
by Using R
Language

tweets Ul Twitter 1a8N1574
Toyadulng Csv

Uoyauu Twitter

wAnANeTY FarnazLuL
ANUSANTUTIUIN WU Lay
NANNY WANFNAUY 19U
Donald Trump lanintaaiiu
FaauInnInTauan Faeng
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Foaide YULINTLA TagUszase VANNITLAENG Y HANTIRY 91984
910 Shahruk Khan w1399
AAULTIVINUINNINTIAU
The Resurgence of | ¥1IMI1UIU 16,000 IR 939 | IATIEANSWTYAFRD | N1 R: UWNALAD Ham ISR Ui Ied [46]
Cyber Racism Uit 11-16 wiwngu 2020 wideayurRuulanle Sentimentr, Aasevdmlvgiinnuidands | (2020)
During the COVID- wesiiuduvain Twitter AP| auuarinINung,
19 Pandemic A358UINVRe COVID- AULAST,ANULATELAY AL
and its Aftereffects: 19 nnn1sUseLilu YuruILe AN1SUARIaLaY
Analysis of 915ual ANU3ANveN AN
Sentiments and MIndaAuly Twitter
Emotions in
Tweets
Sentiments and | WAI1INLKER1IUTEWNA | @UAY IATIZYI1THRl | Word-Emotion NANITITYNUITNIATIUI [47]
emotions evoked 89nqu 25 WL LAEAUIANINNIA Lexicon, AzLUUANNIANIUAEY 52%, | (2020)
by news headlines | $1uau 141,208 4m MAwdes | e Milnanseny Emotional Tuidauan 30% Tuvaziisdn
of coronavirus fiu COVID-19 semineiud 15 | sionnuusgvosau weight 1289 18% audaniiuandly
disease (COVID-19) unsIAx 2020 Sefuil 3 Tuiansla dorsual Widemnuaulugazidu Ay
outbreak figu1eu 2020 LUUBINBLATYTAR nda,autinale,anuaands,
penals AT ILaEAUINTS
Sentiment analysis | uniansaipeulaundndmeiuy | Wisuilsuuniansal | 21w R WAL | IMNTIATIZRUNINTANUIT | [48]
of consumer Guled Amazon 2 Uszinn@e | eoulay Amnuenives | sentiment, one- | Tunmsiundnsdueieawnd | (2020)

reviews — a
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wela wavuiie Mdundnsiue

YNNI Ay
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comparison of
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A Computational
Approach to
Analyzing the

Twitter Debate on

Gaming Disorder

YoANUInlY Twitter’s
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WEFAINIEU 2018

IATITALaTELEUD
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and Liu
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azuuuluBsauneay d9o1az
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[49]
(2020)

Sentiment Analysis
of Online Reviews
for Selective
Serotonin
Reuptake Inhibitors
and Serotonin-
Norepinephrine
Reuptake Inhibitors

unInsalnsige1aIn
Drugs.com {%1INeNae
California Irvine Machine
Learning Repository 311U
215,063 un391308 ¥IN158Y
%’amﬂalﬁaijmi’mﬁﬁm’m 5,796
DR

3UNUANWEUY
ANNIANTBIUNIANTEAL
soulatenildlunns
ShwlsaguAsn

A1Y1 R LLwALNe
Sentimentr,
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AFINN Lexicon

HAITENUIN ARREANIEN
fo81 SSRIs 111N SNRIs Way
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wuhanideitesginnudintudulngarldnisiinszilas Lexicon 84
AL INABAEABIRLUM Domain MingaukazlildaUssavsawiiAfigauagiidnuuimig
wilaRon153enlHUNANIVBINIBIEIT 9 19U A9 R %50 A1W1 Python Bvanunsadasiei
wazuananadnsldmiiouty unidoatuiiadenaiw R Aiunanadinivingies
Sentiment Analysis @4flagvainnaisd urflunideiifigatiudainunaing SentimentR
Uszauanudnialunsiinszinnuidn uaglaoianizegrebalszauainudnialuns
Anneineuidniidulutuameufasvienruiliiiude [43] [45] [46] [49] [50] [51]

1.3 Inquszasd

1.3.1 Wisfnwwunlduvesnisveadiealuaniufidng o idifyvesdmin
piinandeyaluefin aurasnanfitiviesdisrfisuuiondien Tnsvhnmsieseisudude
yAvestinviouiis

1.3.2 iflefnwmnuidniiuveiaveninvienisddeanuiivionieludamin
Qi laevinisinszianuninnsaleaulall
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va v

{iferinsAnunlasnsrusnuninsaesulatvesanuiiviesdiodly
Fmingifin 91nduled TripAdvisor lnefiveulwaamzuninsalosuladideusinsallag
Tnwdsngulunisdeansviniu fedeyavninsaiesuladfinunuiutoyadusd 2010
- 2020 9nviuled TripAdvisor ¥iinsdangy aauiiviesdierludmingiinaindeyauy
Fsaioeuladiilésiusn lngdredemunisvionioauiasenalne [52] Adngunis
vioudivanvadu 12 Useian LLéqwu3§8§ﬁﬂwﬂLawwL.mdwiauﬁa’maaﬁ'wi’mLﬁ’m 987150
wusnaulaites 9 ngu loun
1. uvaiaaiieandeilia (Eco-tourism Attraction)
2. unasrieflean1e@ausAnenns (Arts and Sciences Educational
Attraction Standard)
uasvioafieavnalsy iReand (Historical Attraction)
. Un@sYiouileInes53uu A (Natural Attraction)
. undsvioafleuilotfunuinis (Recreational Attraction)
. undsvieailoameTmusssn (Cultural Attraction)
. undsviouflenussinnuenia (Beach Attraction)

o N o AW

. wdaieiteaUssiantinnn (Waterfall Attraction)

9. wasinnfiemesssuyAUsTANng (sland Attraction)
lny 3 Uszian mlmmmﬂaﬂumm@ﬂmmuaﬂmﬂlmmmawmmsnmmuiummmmm
laun

1. uvawieiieamesssumAusamen (Cave Attraction)

2. unaaioufloIMmesssuTIAUTENNLAY (Islet Attraction)

3. undsiouiendiguainiiweusssuvnf (Hot springs for Health

Attraction)
Tneflseavidealunssidunsisesd

1. m3adranganuduiusvesdoyasuanuiiviesiiealaglisaneifiu Fp-
Growth Tunnsm Association Rule lag@nunaindeyauszannisvieaiios viU iteu uayl
Mnuninsaioaularfisiusau

2. Myvinilestoya (Text mining) ¥N1531AT1E9iAMA (Text Frequency
Analysis) v09a1 Tagld wwatna dplyr, tm waz NLP way wwatna wordcloud Tuniwn R W
geaumUszinnvosmitulselun (Part of Speech - POS) lagle uwatna openNLP Tun1wn R
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efumdnluuninsalfifingmais viedsfiaulaseanudivionfiedludmiagiinuiniian
suiunsldinaiia Term Frequency — Inverse Document Frequency #38 TF-IDF Tun1s
NATaALEARURIAT lUUNITEl

3. AATIEANTAN (Sentiment Analysis) Yaatinviaaifisrainuniansal
aaulaﬁimaﬁﬂmmﬂﬁwﬁ’wﬁﬁﬁwaﬂﬁqmmiﬁﬂﬁlﬂu Neutral, Positive uwag Negative 7
anuivieaiien Tasthdeyangunisviondien wiu ieunasdivieaiisnninszisiuse
1.4.5 fidvasredelunisiiaustoya Tusuiuu Dashboard Mithfswazidlalilaedie 3
WIW98 Google Data Studio

2.1 dantdnenssussuy

Data Analysis & Data Processing
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]

Data Preprocessin
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| Matural language processing (MUP) : TM and Worddoud Package in R
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¥
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Dashboard
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U7 5 aorilmenssuszuy

n3Ui 5 uansdunoulumssniumsidudiieliussg ingUsrasdduiunn
nMsrunndeyauniansalesuladreaniufivieaiisrminginarniuled TripAdvisor
Mnturianuarendeya lnsnisnsvaeudoyadiuiisidudenstinged mnandeya
druddyly awvinisausienisinnsaitueen Mnthmsiandulszianmsvesiisives
uazanufivioniien welklddeyadinfoudviunsise §ideldnunusenuuy
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1. Association Rule Fias1gvimianuduiusvesteya lnslddane3iiu FP-
Growth shmsnsesinnuduiusvesdoyauszinmnsvieaiion viiU ou uazdivieaiilen

2. Text Mining 3Las1z3ianud (Text Frequency Analysis) 983/ UIUBNEY
defidnvioaivanaafanioaulaniniign lagldunaina dplyr, tm, NLP wag unaLna
Wordcloud lunw R fiadsiiameizuuuuvasdilulselen (Part of speech - POS) Tngld
LWALNY openNLP sadunslgvatia Term Frequency — Inverse Document Frequency
%30 TF-IDF Tun1siansananudiAguesatluuniangal

3. Sentiment Analysis 3LA51z%A1N5ANvesTnYiBsLABIaNUNINTA]
ooulatiioanuivieadisrdmiagiin lagldunang Sentimentr lun1w R vz
foyangunsviesilen uazviu
Sloldnadideramuaudinausluzuuu Dashboard Thdfauazidlalélaedne Seimun
18 Google Data Studio

2.2 yadaya
ao & o a ¢ 3 o = ' a a
NITeiuTINteyauniansaleeulatvestinvieaiigtdeanuivieuiienly
Jwiaguinfildnwdingulunsdoanswiniu dawansiiegnsluguil 6
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9] tempiate_review.R* =
| (JSourceonSave | Q /* ~ *Run | **| #Source ~

2 install.packages(“rvest") -
3 install.packages("xm12")

4 install.packages("rRselenium")

5 install.packages("dplyr™)

6 library(rvest)

7 Tibrary(xm12)

8 Tibrary(rselenium)

9 Tibrary(dplyr)
10 rmor=rspriver (browser=c("chrome"),chromever="87.0.4280.88")
11 myclient= rmbr$client
12 [Purl <- "https://www.tripadvisor.com/Attraction Review-g297934-d8780388-Reviews-Seafood Market-Rawai_Phu
13 url_agoda <- "https://www.tripadvisor.com/Attraction Review-g297934-d8780388-Reviews-Seafood Market-Rawa

14 myclient$navigate(url_agoda)

15 all_data <- data.frame()

16 sys.sleep(s)

17 page_no <- myclient$findelements(using = "xpath”, "//span[@class = '_1lyuve2vkR']1")[1]
18 page_no <- unlist(lapply(page_no,function(x) x3getElementText()))

19 page_no <- gsub(™\\D","",page_no)

20 page_no <- as.numeric(page_no)

21 page_no <- ceiling(page_no/5)

22~ for (z in 1:page_no) {

23v for (i in 1:5) {

24 myclient$findelements(using = "xpath”, "//div[@class = "xuviztom']")[[i]l]$clickelement()
25 get_data_tip <- data.frame()

26 # Sys.sleep(1)

27 #title_tip <- myclient$findelements(using = "xpath”, "//div[@class = 'glasr4ax’']")[i]

28 # title_tip <- un
29 comment_tip <- m

apply(title_tip,function(x) x$

t (1 ext())
ient$findelements (using = "xpath

class = 'IRsGHoPm']™)[i]

30 comment_tip <- unlist(lapply(comment_tip,function(x) x3getElementText()))

31 get_data_tip <- cbind(comment_tip)

32 all_data <- rbind(all_data,get_data_tip)

33 cat("com.no” , i, "\n")

34~ %

35 cat("page” , z, "\n")

36 myclient$findelements(using = "xpath”, "//a[@class = 'ui_button nav next primary ']")[[1]1]1Sclickelemen
37 sys.sleep(5)

38+ }

39 write.csv(all_data, "Seafood_Market-Rawai_phuket_review.csv') hs
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1. Africa 4. Europe
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91n3U7 8 nudmIviiinnsiansaieeulatdundigafoniy Asia $1uau
23,206 UN39158] S09a911AanIU Australia/Oceania 374U 22,416 UN39158] kag NIU
Europe 142U 19,080 UMIATAIAINEIHU
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pauladlud 2020 anasegradiuladn
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11 304 754
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1 56 176
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37 1341 4152
0.048567266 1.76 5.45
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1925 2650 4019 3887 3115 2443 1923 208
951 1589 2010 3727 3115 2817 2180 722
454 655 1091 1428 1340 1101 895 202
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5115 7397 12550 14146 11601 95939 8248 1657

6.714
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169  0.221834267
76183
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913U 10 wandlifiuin v3U Asia finsinsaiosulatiuiniign Andy
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39150] $898911AD LFHOUNNTIAN SI1UIU 7,173 UNIATA! LAZLADULWIEY S1UI 6,897 UN
397501 MUEINU

My sieseiteyauninsalvesusaznivluudazdisnouvesd a.a.
2010 919U A.A. 2020 iﬂaam@‘iamua@ﬂugﬂﬁ 12

Month <! Africa Asia  Australia/Oceania Europe North America South America Grand Total Grand Total %
December 482 2657 1391 2327 901 18 7776 10.20700156
January 272 1927 1661 2420 871 22 7173 9.415486395
April 419 1833 2123 1871 630 21 6897 9.053200845
July 334 2030 2496 1103 494 9 6466  8.487457832
March 227 1767 1518 2055 855 16 6438 8.450704225
February 180 1783 1189 2339 868 26 6385 8.381134899
August 240 2038 2212 1335 44 6 6272 8.232807844
November 222 1838 1559 1790 815 10 6234  8.18292795
Qctober 372 1799 2312 1111 476 8 6078 7.978157857
May 334 1911 1997 1021 522 15 5800 7.61324705
June 291 2017 1926 836 404 11 5485 7.199768977
September 289 1606 2032 872 373 7 5179 6.798104564
Grand Total 3662 23206 22416 19080 7650 169 76183

Grand Total % 4.806846672 30.46 29.42388722 25.04 10.04161033 0.221834267
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2. unasrenfivanisfalsIne1nas (Arts and Sciences Educational

Attraction Standard)

3. uawisafiswneuseiRenans (Historical Attraction)

4. uviaavioafieanesssuwd (Natural Attraction)

5. wiawisafieniiotumuins (Recreational Attraction)

6. wiawinafievneTausssu (Cultural Attraction)

1. Lma'wiml,ﬁa’sﬂizt,ﬂw‘d’lwm (Beach Attraction)

8. wawlnafisrUssantinn (Waterfall Attraction)

9. unawlonfieIesssumAuszamnieg (Island Attraction)
Frunuanuivieadivalundazngunisvieniion dauandugul 13
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39150 way Historical 371uw9u 10,967 UNI50d

ynuydnsaififinsdangunisvieniion Iinseisiutudeyanivvesy
39150] waziBoauanslugud 15

Attraction Type ! Asia Australia/Oceania Europe North America Africa South America Grand Total
Recreational Attraction 9197 9598 6702 2620 1493 54 29664
Beach Attraction 7610 6122 7009 2828 1157 74 24800
Historical Attraction 2820 3462 2987 1172 502 24 10967
Cultural Attraction 1701 1873 762 389 284 11 5020
Natural Attraction 1121 616 621 221 150 3 2732
Eco-tourism Attraction2 217 445 630 274 31 3 1600
Island Attraction 326 139 202 73 30 770
Arts and Sciences Educational Attraction Standard Attraction 125 109 85 47 8 374
Waterfal Attraction 89 52 82 26 7 256
Grand Total 23206 22416 19080 7650 3662 169 76183
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No naunTviaLdien a0l 17U
Arts and Sciences Phuket Seashell Museum 73
Educational
Attraction Standard Phuket Thaihua Museum 68
Big Buddha Phuket 8263
3 Historical Attraction | Chaithararam Temple (Wat Chalong) 1701
Karon Temple Market 538
Karon View Point 1427
aq Natural Attraction | Promthep Cape 829
Khao Rang Hill View Point 232
Bangla Road 12134
5 Recreational Jungceylon 3864
Attraction
Naka Market 1007
Phuket FantaSea 4950
6 Cultural Attraction | Chinpracha House 22
72nd Anniversary Queen Sirikit Park 17
Patong Beach 9097
7 Beach Attraction Kata Beach 3132
Karon Beach 2710
Bang Pae Waterfall 158
8 Waterfall Attraction | Kathu Waterfall 96
Ton Sai Waterfall 2
Coral Island 416
9 Island Attraction Koh Racha Yai 199
Koh Yao Yai 90

o Il d ! = (% 2/ .::{'
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Grand Total 3704 3721 12397 25840 30521 76183

Grand Total % 4.861977082 4.884 16.273 33.918 40.063 100
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1. Writer Aig {33150
2. From #ig UseinAvaginnsal %aﬁ%%a Contributions wag Helpful vote (Contributions
e fsaiiifidusanlumsianssiudifinds dau Helpful vote vanefis undnsaivess
Jrsaiffinsaiiudunalinsiuy anufivsslesiudiiede yweglurediniddne
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Writer From RD_SCORE TME Review DateOfExperience

Kaushk G Mumba, India4,077 contributions$43 helpful votes ui_bubble_ratng bubble_40 Amazng spectade Big Buddha is one of the prime tourist attractions in PhuDate of experience: February 2020
Rahu G New Dehi, India 198 contributions 11 helpfl votes ui_bubble_ratng bubble_30 Amazng stupa Had lord. One of the most fascnating stupas. Peacefil .Date of experience: October 2020
PrachiP Gurugram (Gurgaon), India 134 contributions8 1 helpful votes  ui_bubble_rating bubble_40 Beautiful road to Destnation Drive from Bangtao Beach to Big Buddha was an aweso Date of experience: February 2020
Rangan M Bangkok, Thaland33 contrbutions22 helpful votes ui_bubble_rating bubble_S0 Breathtaking view Amazing view of Phuket. It's located on top of a hi, nic Date of experience: November 2020
Pauine Puratan... G Hamiton, New Zealand39 contributions25 heipful votes ui_bubble_rating bubble S0 Out-standng!! Caught a tuk tuk to the venue.Realy impressive. Date of experience: December 2019
manoj Kumar Yadav  New Dehi, India? contributions2 helpful votes ul_bubble_rating bubble_S0_Best views to see inphuket Island  We can enjoy as a temple God Buddha and rice place tDate of experience: July 2020
imrc235928 Northampton, United Kingdom 15 contributons 1 helpfud vote i_bubble_rating bubble S0 Must be seen A great place to go to. The journey up the hil is worth | Date of experience: February 2020
Matt K Perth, Australia6 1 contributons 18 helpful votes ui_bubble_rating bubble_30 Wel yep, its big It was a bit of a miserable day when we went but it dez Date of experience: October 2020
Molymoon_26 Bangkok 1,353 contributions 167 heipful votes ui_bubble_rating bubble 40 White marble buddha The giant white marble buddha is kocated on top of the Date of experience: October 2020
Calew S contributions. ui_bubble_rating bubble_S0 Be ware of allerges. Big Buddha was awesome, | loved spendng the day the Date of experience: October 2020
‘agingone Bangkok, ThalandS8 contributions43 hepful votes ui_bubble_rating bubble_S0_Great Experience Giant Buddah on the top of the mountain, great views Date of experience: August 2020
Amaud L Phuket, Thalands contributions3 helpful votes ui_bubble_rating bubble_40 Amazng Beautiful piace to have a ice view of the south of the | Date of experience: September 2020
Ken Legg Reading, United Kingdom71 contributions 13 helpful votes ui_bubble_rating bubble_40 Great cultural experience A spiritual place, lots of monks, lots of paraphernala to Date of experience: September 2019
Mice and Ann Blackpool, Uinited KingdomS6 contributions29 helpful votes ui_bubble_rating bubble_40 8ig Bhudda Great place to come during your visit great views and «Date of experience: January 2020
Thai_lourney Nakhon Ratchasima, Thaland 190 contributions6 1 helpful votes  ui_bubble_rating bubble_30 Excellent View and Serene nMind  This is my second time to visit this beautiful place. It wa Date of experience: August 2020
2ZTravely Beijng, China75 contributions 1 helpful vote ui_bubble_rating bubble_S0 Beautiful Views of Phuket We've been here a few times over the past couple of yDate of experience: August 2020
Sweetdream Bangkok, Thaland39 contributions28 heipfud votes ui_bubble_rating bubble_50_Ereathtaking view Located not far from Wat Chalong is ane of the most re Date of experience: August 2020
hollyoaks Sutton, United Kingdom< contributons helpful votes ui_bubble_rating bubble S0 beautful views We booked 3 tour here with I Asia Thaand and what a Date of experience: July 2020
MHarish Hyderabad, Inda$3 contributions28 heipful votes ui_bubble_rating bubble_S0_Beautiful Big Buddha Long drive to up hil from patong area to big buddha. B Date of experience: December 2019
Luda G Phuket, Thaland 13 contributions 28 helpful votes ul_bubble_rating bubble S0 Happiness meditation special Spectacuiar wiew of southern phuket beaches this temg Date of experience: July 2020
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AoaNtllmife Aedulcontinent, Aoauil Contribution Waz AaNtl Helpful votes muaeu

4 AaauY Rate wUas?ayaaInNA1d ui_bubble rating bubble (Axuuy
Rating + 0) 1UuAvWuL Rating 1-5 9z lsinedu Rate

5 ApauY DateOfExperience ¥11n156nA171 Date of experience: kazLen
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6 niusindeyadiuiiiu Missing luaedutiiidniuagseddlunmsiinmed
foya Futusuil 18 léun

6.1 ARdUY continent

6.2 ALY Rate
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continent Contribution Helpful votes Rate Title
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Comment_trip _ MonthOfExperience
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YearsOfExperience

1 Recreational Attraction Ingvar_fvdalen  Sweden Europe 4 Soi Dog Fou The staff and veter January
2 1 Recreational Attraction Jake Uniced Kingdom Europe 45 32 5 Dont think. Before you go to 5 June 2019
3 1 Recreational Attraction  Tanya C Australia Australia/Oceania 1 1 5  Amazing plal visited the Soi Do September 2019
4 1 Recreational Attraction  Vivienne P Australa Australa/Oceania 1 1 5 An enjoyab Visted Soi dog fate January 2016
5 1 Recreational Attraction  SouthAussie500( Australia Australia/ Oceania 1 5 5 Amazing wcMy partner and I vt July 2015
6 1 Recreational Attraction  nediztu Australia Australia/Oceania 1,434 62 5 Heartwarmi It might be a bit of August 2017
7 1 Recreational Attraction  kegs1104 Australa Australa/Oceania 11 7 5 If you love Due to a change in July 2015
8 1 Recreational Attraction Tala B Australia Australia/ Oceania 20 35 5 THAILAND If your 2 dog lover July 2015
9 1 Recreational Attraction  Julie B Australa Australa/Oceania 37 14 5 Must do trif We visited the Soi March 2017
10 1 Recreational Attraction  Alida R Australa Australa/Oceania 489 39 5 ‘Wonderful |My husband, 10 ye: December 2018
11 1 Recreational Attraction Gregl313 Australa Australa/Oceania 8 2 5 Must do  Ivolunteered at ScSeptember 2019
12 1 Recreational Attraction Julia L Australa Australia/Oceania 8 8 5 Volunteerin 1 had the most am: Octaber 2015
13 1 Recreational Attraction Monty R United States North America 9 7 5 Happy to h: This organization re August 2014
14 1 Recreational Attraction  Abs Mc United Kingdom Europe 113 37 5 This comple This is our second t March 2020
15 1 Recreational Attraction  Bo0123 Denmark Europe 48 6 5  Amazing plaWe visited Soi Dog February 2015
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Text

Writer

¥or19130)

Text
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From UseinAveinsal Text
Continent Wiveaiansal Text
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31500
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9 | Rate AzLLUA TR Ao uTiie e Integer
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Title
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Text
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sAsuatuillalélusunsy Rapid Miner Studio Educational 9.9.000 Tunns
AATIEIMIINgANUFuTuSuaItaya (Association Rule) wazlddana3iiu FP-Growth [53] Tu
msiufiunsfanan dedeyaiilflumsiinsgimnganudiuslonn 1.Ussnmmsvieaiien
2. villvesiivioadlen 3. Weudllsvieafivauas 4. Yildviendlen duandumsad 6

§757199 6 : ﬁayaﬁ?flumﬁma‘wﬁ Association Rule

No Uoya TR

1 UszLnnnsvioadien 9 Uselan

2 ivrasinviondien 6 U

3 deudilgvioadien 12 fiou

4 Vilevoandien 11 U (A.7.2010 — 2020)

MaINNsiANNareInteya wazkUasguuuudeyanaly egluguuuy
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a
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wialal Inen 314 Operator Fa1 Create Association Rules waz¥iin1sfvuaal Minimum
Confidence Lﬁaﬁumﬂ{]ﬂjmﬁmﬁuﬁﬁﬁm Minimum Support wagen Confidence mutlél

mvun dauanslugun 20
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inp res
res
Retrieve All_Review Select Attributes Humerical to Binomi... FP-Growth Create Association ...

V f’l outF j exa _J e::F j exa e::F j exa 0 c{.‘ ef:F ﬂ ite : c.:.- :_:F
' v v v v

3“7J17/ 20 : Process [ Association Rule 1u Rapid Miner Studio

9n3U7 20 uandlifunszurunislunisadie Operator ¥83M13%1N})
mmamwuﬁmamﬂ%aﬂasm FP-Growth @edaneifiussnanazdeddniuivesdoyad
Usingdafulunmsdniunig desifiunisuszananalu Rapid Miner Studio wanawadns
AN Support, Confidence niSae Lift Aildrnue é’mamﬁméwﬂugﬂﬁ 21

No. Premises Conclusion Support T Confidence Lift

25 AustraliaiOceania, Experience2013 Recreational 0.010 0.414 1.062
K Recreational, Experience2013 Australia/Oceania 0.010 0.425 1.444
30 Australia/Oceania, ExperienceJun Recreational 0.011 0.422 1.084
32 AustraliaiDceania, Experience2019 Recreational 0.011 0.427 1.098
36 Australia/Oceania, Experiencellay Recreational 0.011 0.434 1.115
19 Australia/Oceania, Experiencefpr Recreational 0.011 0.409 1.050
23 Recreational, ExperienceSep Australia/Oceania 0.011 0.411 1.398
34 AustraliaiOceania, ExperienceSep Recreational 0.011 0.430 1.105
28 Australia/Oceania, ExperienceAug Recreational 0.012 0.421 1.082
18 Europe, ExperienceFeb Beach 0.013 0.408 1.253

JUTT 21 : faeengmaruduniusvnlusunsu Rapid Miner Studio

31n3U7 21 uanen1suszanananlglusunsy Rapid Miner Studio lagnis
AmuAA1 Minimum Support 91 0.01, A1 Minimum Confidence # 0.40 e ngAu&NRUS
27 ng) wazAn Lift wansdannuduiuslugauineig

3.4 Text Mining
nsaLtiunTslududowssuideiiie n1sviuleastanau (Text mining)
Junsdumeanuiiveddu (Keywords) iednsizideignnanfsnniigaluuniansel &

[

fenanuansliidiunnuddy violannuddyluuniansalifu q Tngludiudiaosd
ilgdudunaifissnsdumanuivesdiniu wiididunsdumsuuuulssanvesdly
Uselamgne (POS-Part of Speech) Fansadiuntst andudnulumsinssien fivsuenis
AMHEEU0IUNIANTA] 19U A1uIN(Noun) a1unsaUsuen dnume nSeddfilaniaunes

anutiu 9 8nAIPE19ANIN Sea, Sand, Beach, Food w3allu mnsen(Verb) @mnsausuen
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8¢ fanssu Aanunsavnldvieduiiey luaauivieadieady 9 endeg1efin Swim, Eat,
Shopping, Donate, Pray wazsulufis AAmudnsi(Adjectives) NSoA1v18AIUIN/ETTHUY
A11150UIUDN T188ELTAURIRIUINNSoRIETINUINLTINLAY 8nfle819A197 Bad, Good,
Best, poor waziilostesuumiluumiansaliisiuiuann unisedsesniunsimssi
d1Anyvestayaninanilaginailn Term Frequency - Inverse Document Frequency %38
TF-IDF Wuwedeiildsurnudenlunsfinnsanenuddgresmusslon

dmsunisaiiunsviuiiesianatu (Text mining) druusnlunismaaud
y93fn tleAumAsfignnandeunniian 33614 avwn R lumsdudiunig Tneld unaing
dplyr, tm wag NLP ynnsdumiauivesdi Turedui Comment trip maﬁlﬁ%gﬂﬁ’uﬁﬂiu
sUuuulriduana CsV dauansinegndluguil 22

Tibrary{dplyr
Tibrary(ta

Tibrary(NLP A B C
it T 1 IHIJI'd ﬁeq
setwd"C: /users,/Piyanate/Desktop/Datasedence / Thedds /Data/For_Textana” 2 dags 1243
réviews read. eav(TAll _Revien _for_text.csv™, header
header read. esviTattract i on_nane. esv”, header 3 dﬂg 926
ALTr RACREy T éws filter(reviews, artracrisnIio 15 4 |50l 715
ehichit Coomel ere cases (aruracheyiens 5 |wisk 527
COFpus COFpus (WVector Sour e [ATTr achey s ews ICosmenT _Erip Er cats 503
#corpus [[1 7 tour 464
8 |anmals 460
Corpus te_mapicorpus, content_transformer (Tolower 9 tme 440
szemove munbe 10 \work 436
COrpus <- TA_map(Corpus, removesunbers 11 |place 374
p— tm_map(corpus, removesords, stepwerds(“english” 12 foundaton 364
l.".'\"PL"'- TE_map(Corpus, remsgvaPuncivation 13 SEE ]58
. te extra white spaces 14 amazng 340
Corpus tm_mapicorpus, stripwhitespace
Tional stoo word 15 can 335
ip i corg Ry o s E )1 vl F ect J 4 16 (will 325
[ 17 |phuket 313
tdm TermbocumentMatr i x{corpus 18 great 294
F %, matrdx{edm
sort (rowsuns (m) decreasing RUE 19 wel 282
darh. frame{word names (v), Frég
tdm
view(d

JUiT 22 : Code 771 R lumsminamivess

2ndu in1sfumsluuuyszinnvesdrluussloadag (POS-Part of
Speech) andunislaglyd A1w1 R UnALNg stringr, NLP, openNLP, openNLPdata Wag
Models @1%5U OpenNLP 1.5 series fi® en-pos-maxent.bin NaﬁlﬁﬂzgﬂﬁuﬁﬂiugﬂLwU
Inlduuana CSV auandluguil 23
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A B C
object 1
. Te annotat ) 2 |No Word Type
sent_token_annotator <- Maxent_sent_Token_Annotator 3 1 dog's NN
no-n_toke-\_ar‘-*a:at su Maxent_word_Token_annotator 4 2 dog NN
pos_tag_annotator Maxent_POS_Tag_annotator (language = “en”, probs 5 3 soi VBD
# WARNING; 6 4 vist VB
model e\ \win=14br N ta 1 Tk 7 5 cats MNS
g 6 tour VB
L'-:-iDu‘S as.;gnﬂ; iol'o;s.tf'n. function(x 9 I 7 anmals  NNS
o1 or 10 8 tme NN
lapply(Corpus, o (x "
¥l - NLP::annotate(x, 1ist(sent_token_annotator, word_token_annorator 1_1 9iwerk i
y2<- NLP::amnotate(x, pos_tag.annotator, yl 12 10 place VB
P 13 11 foundation NN
14 12 see VB
15 13 amazng 1
16 14 can MD
17 15wl MD

TexTpos Postaglobject TexT
write.csvitextpos, file ‘go.result.txt’)|

31/77/ 23 : Code 77%7 R [un1517 POS 989A7

o w

MNTIUTINNAANGVOIIERdU Y e lUanzRrdRy 99
sﬁaga‘lmmﬂﬁﬂ Term Frequency - Inverse Document Frequency (TF-IDF) okl

TF-IDF (Term Frequency - Inverse Document Frequency) ABNITNN
ANANND (term) U99L0na1T (document) TasiAURLNENIIFENAVNLANIINIATAUINETY 3]
AudAsyesla wnAliaunges TF-IDF AzLTUMUAREIU WHNA TF-IDF anas

a o = o o a = v dy < A al a
MINALAVDIALWENETT FenUNeTIAINEAyTanas Beteasuildudildlunisiiansan
% =3 a o o = | a =
GuaLmﬁ]iﬂumimmmmy,mmﬂﬂul,aﬂmi 2¥39A1 TF-IDF AR UVDIADIAIAD TF(Term
Frequency) waz IDF(Inverse Document Frequency) Fatiu e ndudesPunian TF[54][55]
feusaunstugui 24
f(term, document)

L f(Alldocument)

tf (term,document) =

JUI 24 : aunITuanInIsAININAT TF

LARIENFIDE1NIALAL TF 9asuniansal fil

UN3950i 1 Absolutely crazy streetfood...cood, Interesting road that never sleeps.
W57 2 : Interesting road with good streetfood, Crazy at midnight.

UN39150371 3 : Absolutely crazy

dloumnud (term) YLoNaSIUA fauandlunsed 7

§ISNT 7 BT NUANNNITHUAIINDYeA 1 luT g 10e19

f(“Absolutely”, document) -> 2 f(“that”, document) -> 1
f(“crazy”, document) -> 3 f(“never”, document) -> 1
f(“streetfood”, document) -> 2 f(“sleeps”, document) -> 1
f(“good”, document) -> 2 f(“with”, document) -> 1




40

f(“Interesting”, document) -> 2

f(“at”, document) -> 1

f(“road”, document) -> 2

f(“midnight”, document) -> 1

WazHIUWIENNTT tf (t,d) fananslunnsan 8

#I5NI 8 : 9ITNUANNNTINITAIUI tfit,d) Tutselemsaas

tf(“ Absolutely”, document) -> 2/17
0.12

tf(“that”, document) -> 1/17 = 0.06

tf(“crazy”, document) -> 3/17 = 0.18

tf(“never”, document) -> 1/17 = 0.06

tf( “ streetfood” , document) -> 2/17
0.12

tf(“sleeps”, document) -> 1/17 = 0.06

tf(“good”, document) -> 2/17 = 0.12

tf(“with”, document) -> 1/17 = 0.06

tf( “ Interesting” , document) -> 2/17
0.12

tf(“at”, document) -> 1/17 = 0.06

tf(“road”, document) -> 2/17 = 0.12

tf(“midnight”, document) -> 1/17 = 0.06

tf(“ Absolutely”, document) -> 1/17 =
0.06

tf(“that”, document) -> 1/17 = 0.06

NUUVIINITAUM Inverse Document Frequency (IDF) Tunisinainudiagy

299A1 (term) Tuonans (document) M9nun F9vnede a1Aa1le o wolurauenals geud

ANNAIAYaNas MINAULENEITANNAY ALY 9 daulanstsAudIAyvesAlulsylun

MUY MINANANLLANAAUEBUTALEIAYLINAINAITREET o) AU Tuenansa1eiy 9

anansaduulaluaunsiauandlugun 25

IDF (term, Alldocument) = log

X f(Alldocument)
df (t)

JU 25 : aunIsuananIsAIuIaAT IDF

NFDL1UNINTAUT99U A2laAn IDF Tum1s5199 9

§I5N 9 BITINUANNNITNITAINIY IDF luiselemsaee 9

idf(“Absolutely”, document) -> log(17/2)
=0.93

idf( “that”, document) -> log(17/1) =
1.23
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idf(“crazy”, document) -> log(17/3) = 0.75

idf(“never”, document) -> log(17/1) =
1.23

idf(“streetfood”, document) -> log(17/2)
=0.93

idf(“sleeps”, document) -> log(17/1)
1.23

idf(“good”, document) -> log(17/2) = 0.93

idf( “with”, document) -> log(17/1) =
1.23

idf(“Interesting”, document) -> log(17/2)
=0.93

idf(“at”, document) -> log(17/1) = 1.23

idf(“road”, document) -> log(17/2) = 0.93

idf(“ midnight”, document) -> log(17/1)
=123

idf(“Absolutely”, document) -> log(17/1)
=1.23

idf( “that”, document) -> log(17/1) =
1.23

39811150AUU TF-IDF Tumn$199 10

975199 10 : 915 NUANNAISAITAINIY TF-IDF ludselensoe 9

TF-IDF (“Absolutely”) 0.12 * 0.93 = 0.11

TF-IDF (“that”) 0.06 * 1.23 = 0.07

TF-IDF (“crazy”) 0.18 ¥ 0.75 = 0.14

TF-IDF (“never”) 0.06 * 1.23 = 0.07

TF-IDF (“streetfood”) 0.12 * 0.93 = 0.11

TF-IDF (“sleeps”) 0.06 * 1.23 = 0.07

TF-IDF (“good”) 0.12 * 0.93 = 0.11

TF-IDF (“with”) 0.06 * 1.23 = 0.07

TF-IDF (“Interesting”) 0.12 * 0.93 = 0.11

TF-IDF (“at”) 0.06 * 1.23 = 0.07

TF-IDF (“road”) 0.12 * 0.93 = 0.11

TF-IDF (“midnight”) 0.06 * 1.23 = 0.07

TF-IDF (“Absolutely”) 0.06 * 1.23 = 0.07

TF-IDF (“that”) 0.06 * 1.23 = 0.07

v sy v & YY1 o da @ o Ao o o
MnuaansIeiuIziulain Anden TF-IDF aesludflianuddygauas
Dulapnudfguetenals waggnnanieley uilildusingegnateienaisunniuly

3.5 Sentiment Analysis

N153LAT12Me1TuAlA1U3EN (Sentiment Analysis) TddmSudiunisg
Ainsgiauddnvestinieniirluvniansa Wedwunliliiuninsalmdrduansds
ANNFANLLTIUIN WTau visesdnaeq tnenann1svinaufe NMsssymaziuuliiuaAng
yndiluuvinnsal nduihezuuusesnlulsslonn sty mnnasuazuuuavLInTes

AluunIaseliiinaziuusiuainturangiis uniansel aenaiansfenduiantugauln

wagluIRSIAUT U NNATINALUUUTINUATDIA TUUNI ST A AT LULT DU VT DRNAUTY
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n188IUNIATalRINaIanIANsaAnTudsay uITeatuilinnisiesieiensual
Anusaniagld w1 R WnALN sentimentr Wag koRpus.lang.en fawandlusui 26

1 dnstall.packages("sentimentr")
2
3 library(koRpus. Tlang.en)
4 Tlibrary(sentimentr)
5
6 sourcel("https://slcladal.github.io/rscripts/Postagobject.r”)
8 setwd('C:/Users/Piyanate/Desktop/Datascience/Thesis/Data/For_sentiment’)
9
10 reviews <- read.csvi("Review_100.csv")
11
12 - SENTIMENTfN <- function{xtext){
13 data_sen =- sentiment_by(xtext, by = NULL)
14 returni{data_senfave_sentiment)
15« }
16 alldata <-data.frame()
17

18 #for (1 in 1:10)
19~ for (i in 1:nrow(reviews)){

20 getfatasenti <- SENTIMENTfn(reviews$Comment_trip[il)
21 alldata =- rh1nd{a11data,getfatasent1H

22 print(i)

23~}

24 write.csv(alldata, file = "100.csv'")

25

3‘7]77 26 : Code 77191 R @1%35Un1597 Sentimentr

TagnaansNlaaztduAIAL L UUTINTINUAVDIA AN L ULAAZUNIATA] T4

L =3

Tuiinlusduuulvduinana Csv asanslugui 27 dwsunisiuniesgiitluidazun
TAsalveninviesigItulanisnuidnlulauin Weau viseidniagg

DatalD AttractionID AttractionType continent Rate Comment_trip MonthOfExperience YearsOfExperience  SentimentResult
i i Recreational Attraction Europe 4 1ave High Quality. The ple January 2014 0.383113883
2 1 Recreational Attraction Europe 5 did our chauffeur!! T think June 2019 0.186052395
3 1 Recreational Attraction Australia/Oceania 5 1 meeting the dogs & cat: September 2019 0.401440826
4 1 Recreational Attraction Australia/Oceania 5 r. We learnt a lot about tl January 2016 0.205223284
5 i Recreational Attraction Australia/Oceania 5 th the dogs. We were giv Juby 2015 0.235029502
6 1 Recreational Attraction Australia/Oceania 5 g in terms of the street ¢ August 2017 0.100130546
7 1 Recreational Attraction Australia/Oceania 5 jreat organisation. To be Juby 2015 0.343081119
8 1 Recreational Attraction Australia/Oceania 5 + for a tour of the place w July 2015 0.127358224
9 1 Recreational Attraction Australia/Oceania 5 s/cats here is outstanding March 2017 0.492905786
10 i Recreational Attraction Australia/Oceania 5 1gs to see and do in Phuk December 2018 0.233339324

JUTT 27 : (908 NNAaNT AIALLULAINANYEIUAAYUNTDITO]
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Featuildldhmainngiuinsaosulaivesaniuiiviesileavesimia
pinduaudutuio

1. MywRTgvingauduiusvestoyansa Association Rule

2. MAATIRnilostaya w38 Text Mining wae

3. MIUATILVANUIAN 1130 Sentiment Analysis
dielilsnadnsanunsahiauedoyaunfifsrdedlunmsimunsesfisrvesdmiagiinla
poulandmnudisamvestinviendisdldogunsarmiesnmsunniign wardoyamarisu
wosdiolumsmaunumsviesfisuntinieniieaftaulavio uilerfmiaginldsnde faly
iﬁ{]’aﬁwaﬁwLauamaﬁﬂLﬁumuﬁé’fﬂmmmﬁmswﬁimﬁswamﬁmﬁaﬁ

1. MIAIATIINgANUTINUSYaedYanTa Association Rule

foyauninsaieeulatdeanuiiviouilerluminginsidwauisiu 190
aouivieaiien s1uluuninsalesulaiady 76,183 uniansal %’auﬂaéﬂguwiﬂ A.f. 2010 —
2020 uarlddnanguanuiivieniioat 190 anuil Wu 9 ngunisviendien

n153LATEYngANFuNuSALdun19laelUsunsy Rapid Miner Studio
Educational 9.9.000 148ane37iu FP-Growth Tnenisimua Minimum Support 7 0.01,
@1 Minimum Confidence 7 0.40 I ngavwidusiug 27 ng Gaen Lift uansfemnuduiuslu
Fauan Tnenadwsuanslugud 28

1 |Australia/Oceania, Experience2013 Recreational 0.010448525 | 0.413506494 | 1.061966195
2 |Recreational, Experience2013 Australia/Oceania 0.010448525 | 0.424986652 | 1.444359303
3 |Australia/Oceania, ExperienceJun Recreational 0.010671672 | 0.42211838 | 1.084083217
4 |Australia/Oceania, Experience2019 Recreational 0.010789809 | 0.427457098 | 1.097794098
5 |Australia/Oceania, ExperienceMay Recreational 0.011380492 | 0.434151227 | 1.11498594
6 |Australia/Oceania, ExperienceApr Recreational 0.011393618 | 0.408855393 | 1.050021252
7 |Recreational, ExperienceSep Australia/Oceania 0.011472376 | 0.411294118 | 1.397823865
8 |Australia/Oceania, ExperienceSep Recreational 0.011472376 | 0.43011811 | 1.104628101
9 |Australia/Oceania, ExperienceAug Recreational 0.0122337 | 0.421338156 | 1.082079447
10 |Europe, ExperienceFeb Beach 0.012522479 | 0.40786661 | 1.252923465
11 |Australia/Oceania, ExperienceOct Recreational 0.013336309 | 0.439446367 | 1.128584903
12 |Australia/Oceania, Experiencelul Recreational 0.013730097 | 0.419070513 | 1.076255693
13 |Australia/Oceania, Experience2018 Recreational 0.014018876 | 0.437167417 | 1.122732111
14 |Natural Asia 0.014714569 | 0.410322108 | 1.347046849
15 |Asia, Experience2019 Recreational 0.015909061 | 0.421858684 | 1.083416267
16 |Asia, Experience2018 Recreational 0.017654857 | 0.440983607 | 1.132532838
17 |Australia/Oceania, Experience2017 Recreational 0.018678708 | 0.45682183 | 1.173208518
18 |Asia, Experience2017 Recreational 0.019387/527 | 0.430235945 | 1.104930725
19 |Africa Recreational 0.019597548 | 0.40770071 | 1.047055798
20 |Experience2012 Australia/ Oceania 0.0224197 0.411368015 | 1.398075014
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21 |Australia/Oceania, Experience2016 Recreational 0.022997257 | 0.450733213 | 1.15757175
22 |ExperienceSep Recreational 0.027893362 | 0.410310871 | 1.053759206
23 |ExperienceJun Recreational 0.029219117 | 0.405834093 | 1.042261957
24 |ExperienceOct Recreational 0.033262014 | 0.416913458 | 1.070715952
25 |Experience2017 Recreational 0.061942953 | 0.406775278 | 1.044679106
26 |Experience2016 Recreational 0.075961829 | 0.409090909 | 1.050626103
27 |Australia/Oceania Recreational 0.125986112 | 0.428176303 | 1.099641156

JUT 28 : ngAImduUE

91n3U7 28 uanangauduiusiiuIu 27 ng Fanudn U Europe e
vionfienlungunisvieaiioanuy Beach Tufiou nuanwus Tnsaauiivieafienlungunis
vioafien Beach filé¥unsiansaiuiniian 3 aniufiusnifufe 1. Patong Beach 2. Kata
Beach La¥ 3. Karon Beach luwaizfini Australia/Oceania figungun1svioqtiien
Recreational é?al,witﬁaummau A9 ifounaAN wazvU Afirica Jeavieaiilen Recreational
dufiu agamuBninmsviesiien Recreational lésumnsuegisnnludouiiguioy uaz
wauiueigy Tl 2016 uag 2017 Imaamuwaammiuﬂaumiwaqmm Recreational 7
imumsamsmmmqm 3 amumlﬁﬂuuﬂa 1. Bangla Road 2. Jungceylon ey 3. Naka
Market Lagniu Asia floungunisvieaiilen Natural Geaanuiiviesfisnlungunisviosiien
Natural #il#$un1siansaiuinitan 3 anuflusndufe 1. Karon View Point 2. Promthep
Cape ua¥ 3. Khao Rang Hill View Point @491nnganuduiusineiu finuaeandasiuun
Iefindniamginssunasnsdndulavesinviondiersmelauiifidedmingifn dufle uvds
vioafieamasssund drudgalalunisidenvieadiordmingiin uaznisiiunisUasnste
azainauiefdadedifyedrmidssonisidenaniufiviesiion Lsu'umsmmﬁagﬂﬂé’qﬁ’u
ansaiumadnseduldegnadgld [56) luvngitnveniisrannmiviededonvieaieai
AseuAi visevieafisndungy ianuvarnvateniaaiuelstu Jufnddas Alddouas
anutanndte shlvdnwurnnaideniinisduneinasdiviemnsanadurinliaunsn
Aumsldvienfleusagiivannvansuazvislnald fanindenanuiiviendienfimanzauiy
ﬁqmﬁnumﬁu [57]

MnmguatsfuLanddiiiuiigiin Lldfifsmineinsniasssuad
asnuannsfiatnvenielldfifiesesnaienrntu gieddanuiivondieniiidedes
uamuis unuims Wnseuvdeuladnsne Feinvieadivaudagnivitauduveu
sty femepatl mMsguanaziauninaedadligniriaveuisuAdossssuniifissess
Fed usdosnseuaguisaniuivieaiisanuundinnutuiiia Aanssutunuinis uaznns
finsieungeulade atlaoulsenaunsvieidvesgsiasing 4 anslidausiulunisausy
S eidundstuindeuasugiovesdminginsely

Sofinsannganaduiusaud a.a Adnsieaiivanudn 1wl aa. 2010 -
2015 viiudisinsvieafisagiinunngnaiio iU Australia/Oceania uaglud a.a. 2016 - A.A.
2020 vV svieainIginunndigandudeuluduniv Asia



PNHATRUADAARBINUTOYavRIdINUEDNR

a5

[ [y <

smiaguin [58] [59] Alévin

aa o o | d' PSRN v o L 2 ada |a ~ X ) v
ﬂ?ii?ﬂi’)ﬂﬁﬂ@]"ﬂ’]ﬂ’)ﬂﬂﬂ‘ﬂ@ﬂL‘VIEJ’J‘VIVLWLWUVINNWENQQWJWQLﬂGW]iJ‘UiiﬂﬂJL‘W%J“UUIU‘V!ﬂ i U 09

wanateayalunngen 11

1319 11 : afavmainouneilaiun1endssaningim

Yo | Swnudnveadisarnlne | swnuthviesdiorsndend | sieldanmsviendion @wum)
2010 815,096 4,305,665 108,446.18
2011 2,600,462 6,290,577 188,822.5
2012 2,994,910 7,218,975 228,984.5
2013 3,304,904 8,034,981 241,927
2014 3,226,421 8,085,616 259,290.5
2015 3,425,414 9,095,355 313,005.63
2016 3,471,444 9,237,971 377,878.09
2017 3,591,083 9,683,686 423,012.85
2018 3,730,147 9,921,154 449,100.73
2019 3,661,303 10,167,165 442,890.67

difnnuadasoniagiie ledoumuefvestinveniiey Fanuieda {7
Fumsluoudmintu Tnsnguszasdsing q Aldldmsluvauuszsh nmsdne uaglalls
utipsiufifigiiduun vienwiogiitenindu Meldowindsfuoehatios 1 fu

ynfiansanng anuduiusaufouiinsvieadier wuinfeunaiau nax
n1svieaLiien Recreational lisuanuilongegn waz nivglsuiinisviesiiieangu Beach lu
FAeununiius dsaenndostuanmeiniavestaningiintufe drafou nguanay fudeu
nanA 9zingraeqeru Fsdanalinisvieaiien Beach nienisvisaiiisananaudsenaduy
guassasetinvisniiodld dutrndoungeinieu e ifeuuwisuazidiguisggfounis
viewleanay Beach sld3uanuien [60]

MNMsMAdeuUMTInTEingauduiuslaglithfuusl aa. unfeades
wazdanslisane3fiu FP-Growth Taenisiivuadn Minimum Support 91 0.01, A1 Minimum
Confidence 71 0.40 l¢f uagan Lift uansfanuduiusludsuin Seldnganuduiusiiuia
NnngeudiiudiAusuiu 1 ngaudiiud fauandlugud 29
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1 |Australia/Oceania, Experiencelun Recreational 0.010671672 | 0.42211838 | 1.084083217
2 |Asia, Experiencelun Recreational 0.010711051 | 0.40456123 | 1.038992993
3 |Australia/Oceania, ExperienceMay Recreational 0.011380492 | 0.434151227 | 1.11498594
4 |Australia/Oceania, ExperienceApr Recreational 0.011393618 | 0.408855393 | 1.050021252
5 |[Recreational, ExperienceSep Australia/Oceania 0.011472376 | 0.411294118 | 1.397823865
6 |Australia/ Oceania, ExperienceSep Recreational 0.011472376 | 0.43011811 | 1.104628101
7 |Australia/Oceania, ExperienceAug Recreational 0.0122337 | 0.421338156 | 1.082079447
8 |Europe, ExperienceFeb Beach 0.012522479 | 0.40786661 | 1.252923465
9 |Australia/Oceania, ExperienceOct Recreational 0.013336309 | 0.439446367 | 1.128584903
10 |Australia/Oceania, Experiencelul Recreational 0.013730097 | 0.419070513 | 1.076255693
11 |Natural Asia 0.014714569 | 0.410322108 | 1.347046849
12 |Africa Recreational 0.019597548 | 0.40770071 | 1.047055798
13 |ExperienceSep Recreational 0.027893362 | 0.410310871 | 1.053759206
14 |Experiencelun Recreational 0.029219117 | 0.405834093 | 1.042261957
15 |ExperienceOct Recreational 0.033262014 | 0.416913458 | 1.070715952
16 |Experiencelul Recreational 0.034390875 | 0.405196412 | 1.040624267
17 |Australia/Oceania Recreational 0.125986112 | 0.428176303 | 1.099641156
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2. M3ATIERmilastaya w3 Text Mining

N153ATIEMniesdoya 3e Text Mining Taen153AsTIzRAuRve R
(Text Frequency Analysis) §28 n1w1 R Tneldunaina dplyr, tm waz NLP a1ndusinnis
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lun1sfinrsanaudAyvesAluuniansalvesudagnqun1svioniedns 9 ngu was
AMUUAAIAINEIAEUDS TF-IDF 18A111AA1771 0.01 TIUanINaansaall

nAUNISVRUTEIN 1 @ undsieuiendaiiiam (Eco-tourism Attraction) Aauandlun1snei 12

§I5W9 12 : waa“’wa"ﬁﬁwﬁwamqim’auﬁmzﬁaﬁzaﬂ (Eco-tourism Attraction)

No Word Word Type Freq TF IDF TF*IDF
1 elephants NN 2508 | 0.029968 | 1.523346 | 0.045651
2 elephant NN 1044 1 0.012475 | 1.903973 | 0.023751
3 experience VB 864 0.010324 | 1.98616 | 0.020505
a4 monkeys NN 811 0.009691 | 2.013653 | 0.019513
5 sanctuary NN 743 0.008878 | 2.051685 | 0.018215
6 get VB 693 0.008281 | 2.08194 | 0.01724
7 see VB 613 0.007325 | 2.135213 | 0.01564
8 can VB 602 0.007193 | 2.143077 | 0.015416
9 place NN 581 0.006942 | 2.158497 | 0.014985
10 time NN 567 0.006775 | 2.169091 | 0.014696
11 amazing JJ 566 0.006763 | 2.169857 | 0.014675
12 one CcD 551 0.006584 | 2.181522 | 0.014363
13 well UH 549 0.00656 | 2.183101 | 0.014321
14 great JJ 532 0.006357 | 2.196762 | 0.013964
15 will VB 509 0.006082 | 2.215956 | 0.013477
16 feed VB 500 0.005974 | 2.223704 | 0.013285
17 animals NN 483 0.005771 | 2.238726 | 0.01292
18 food NN ar4q 0.005664 | 2.246895 | 0.012726
19 just RB ar1 0.005628 | 2.249653 | 0.012661

20 day NN 455 0.005437 | 2.264662 | 0.012312

21 phuket NN 454 0.005425 | 2.265618 | 0.01229

22 mud NN 442 0.005281 | 2.277251 | 0.012027

23 take VB 435 0.005198 | 2.284184 | 0.011873

24 visit VB 419 0.005007 | 2.30046 | 0.011517

25 really RB 398 0.004756 | 2.32279 | 0.011046

26 staff NN 384 0.004588 | 2.338342 | 0.010729

27 hill NN 375 0.004481 | 2.348642 | 0.010524

28 also RB 375 0.004481 | 2.348642 | 0.010524
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No Word Word Type Freq TF IDF TF*IDF

29 people NN 367 0.004385 | 2.358008 | 0.01034
30 park NN 339 0.004051 | 2.392474 | 0.009691
31 good JJ 338 0.004039 | 2.393757 | 0.009668
32 free JJ 336 0.004015 | 2.396334 | 0.009621
33 recommend VB 335 0.004003 | 2.397629 | 0.009597
34 around CC 331 0.003955 | 2.402846 | 0.009503
35 like CC 311 0.003716 | 2.429913 | 0.00903
36 water NN 307 0.003668 | 2.435535 | 0.008934
37 monkey NN 291 0.003477 | 2.458781 | 0.008549
38 back RB 289 0.003453 | 2.461776 | 0.008501
39 way NN 289 0.003453 | 2.461776 | 0.008501
40 tour VB 284 0.003393 | 2.469355 | 0.00838
a1 got VB 279 0.003334 | 2.477069 | 0.008258
a2 close VB 278 0.003322 | 2.478629 | 0.008233
43 lunch NN 277 0.00331 | 2.480194 | 0.008209
a4 feeding VB 274 0.003274 | 2.484923 | 0.008136
45 photos NN 273 0.003262 | 2.486511 | 0.008111
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AU(Noun) elephants | monkeys | sanctuary | animals | food
A1nTe(Verb) experience | feed take visit recommend
AAudnvi(Adjectives) | amazing great good free much
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Eco-tourism Attraction
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NAUNIIVIRNNEIN 2 = undeviadleInia@ausiIneanis (Arts and Sciences Educational

Attraction Standard) sauanslumnsiadi 14

R399 14 : HAdWSAIANTYeINguYaile1119Aa Vs TNeg1775 (Arts and Sciences
Educational Attraction Standard)

No Word Word Type Freq TF IDF TF*IDF
1 museum NN 200 0.018215 | 1.739572 | 0.031686
2 phuket NN 128 0.011658 | 1.933392 | 0.022539
3 place NN 102 0.00929 | 2.032002 | 0.018877
4 visit VB 100 0.009107 | 2.040602 | 0.018585
5 well UH 86 0.007832 | 2.106104 | 0.016496
6 see VB 79 0.007195 | 2.142975 | 0.015418
7 shells NN 78 0.007104 | 2.148508 | 0.015263
8 chinese NN 77 0.007013 | 2.154112 | 0.015106
9 just RB 72 0.006557 | 2.18327 | 0.014317
10 memorial NN 69 0.006284 | 2.201753 | 0.013836
11 one CcD 65 0.00592 | 2.227689 | 0.013188
12 interesting JJ 65 0.00592 | 2.227689 | 0.013188
13 good JJ 63 0.005738 | 2.241262 | 0.01286
14 art NN 62 0.005647 | 2.248211 | 0.012695
15 shop VB 60 0.005464 | 2.262451 | 0.012363
16 worth JJ 60 0.005464 | 2.262451 | 0.012363
17 park NN 59 0.005373 | 2.26975 | 0.012196
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No Word Word Type Freq TF IDF TF*IDF

18 beautiful JJ 56 0.0051 | 2.292414 | 0.011692
19 can VB 56 0.0051 | 2.292414 | 0.011692
20 history NN 55 0.005009 | 2.30024 | 0.011522
21 beach NN 54 0.004918 | 2.308209 | 0.011352
22 really RB 54 0.004918 | 2.308209 | 0.011352
23 nice JJ 52 0.004736 | 2.324599 | 0.011009
24 painting VB 51 0.004645 | 2.333032 | 0.010836
25 time NN 51 0.004645 | 2.333032 | 0.010836
26 many JJ 49 0.004463 | 2.350406 | 0.010489
27 also RB a8 0.004372 | 2.359361 | 0.010314
28 around CC ar 0.004281 | 2.368504 | 0.010138
29 old JJ ar 0.004281 | 2.368504 | 0.010138
30 great JJ a6 0.004189 | 2.377845 | 0.009962
31 people NN a6 0.004189 | 2.377845 | 0.009962
32 amazing JJ a3 0.003916 | 2.407134 | 0.009427
33 will VB a2 0.003825 | 2.417353 | 0.009247
34 little JJ a2 0.003825 | 2.417353 | 0.009247
35 much JJ a2 0.003825 | 2.417353 | 0.009247
36 small JJ a2 0.003825 | 2.417353 | 0.009247
37 area NN 42 0.003825 | 2.417353 | 0.009247
38 day NN a1 0.003734 | 2.427818 | 0.009066
39 town NN 39 0.003552 | 2.449538 | 0.008701
a0 like CcC 38 0.003461 | 2.460819 | 0.008516
a1 tsunami NN 38 0.003461 | 2.460819 | 0.008516
a2 collection NN 35 0.003188 | 2.496534 | 0.007958
43 building VB 35 0.003188 | 2.496534 | 0.007958
a4 look VB 34 0.003097 | 2.509123 | 0.00777
a5 thai VB 34 0.003097 | 2.509123 | 0.00777
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M54 15 : 1AW 5 AIsNTYednguviouiieIn1aauyIngn1s (Arts and Sciences
Educational Attraction Standard) ﬂmmﬁgﬁzg@7mm’asﬂa’zmmam"7

Usznnen it iz i3 miia s
ATU(Noun) museum shells chinese | memorial | art
Anse(Verb) visit shop painting | building look
ARnAnTi(Adjectives) | interesting | good worth beautiful | nice
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Arts and Sciences Educational Attraction Standard
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NaUNTYIeNeIN 3  undsioueanieseifaans (Historical Attraction) Aawandly
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7159991 16 : HadWsAIANIveInguyeuiiean sy dimans (Historical Attraction)

No Word Word Type Freq TF IDF TF*IDF
1 buddha NN 7329 0.02265 | 1.644928 | 0.037258
2 big JJ 5512 | 0.017035 | 1.768663 | 0.030129
3 visit VB 4246 | 0.013122 | 1.881992 | 0.024696
a4 see VB 4124 | 0.012745 | 1.894654 | 0.024148
5 can VB 3885 | 0.012007 | 1.920581 | 0.02306
6 phuket NN 3884 | 0.012003 | 1.920693 | 0.023055
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No Word Word Type Freq TF IDF TF*IDF

7 place NN 3659 0.011308 | 1.94661 | 0.022012
8 temple NN 3253 0.010053 | 1.997688 | 0.020084
9 view NN 3045 0.009411 | 2.026385 | 0.019069
10 views VB 3022 0.009339 | 2.029678 | 0.018956
11 worth JJ 2823 0.008724 | 2.059261 | 0.017966
12 great JJ 2604 0.008048 | 2.094331 | 0.016854
13 top JJ 2381 0.007358 | 2.133213 | 0.015697
14 still RB 2371 0.007328 | 2.135041 | 0.015645
15 construction NN 2307 0.00713 | 2.146925 | 0.015307
16 amazing JJ 2201 0.006802 | 2.167352 | 0.014743
17 will VB 2176 0.006725 | 2.172313 | 0.014609
18 beautiful JJ 2150 0.006645 | 2.177534 | 0.014469
19 get VB 2075 0.006413 | 2.192954 | 0.014063
20 around CC 2050 0.006336 | 2.198218 | 0.013927
21 one CD 1926 0.005952 | 2.225316 | 0.013246
22 nice JJ 1850 0.005717 | 2.242801 | 0.012823
23 also RB 1792 0.005538 | 2.256634 | 0.012498
24 good JJ 1696 0.005241 | 2.280546 | 0.011953
25 well UH 1690 0.005223 | 2.282086 | 0.011919
26 way NN 1687 0.005214 | 2.282857 | 0.011902
27 must VB 1663 0.005139 | 2.28908 | 0.011765
28 time NN 1642 0.005075 | 2.294599 | 0.011644
29 take VB 1562 0.004827 | 2.316291 | 0.011182
30 just RB 1481 0.004577 | 2.339417 | 0.010708
31 day NN 1337 0.004132 | 2.383841 | 0.00985
32 statue NN 1312 0.004055 | 2.392038 | 0.009699
33 really RB 1307 0.004039 | 2.393697 | 0.009669
34 trip NN 1255 0.003879 | 2.411329 | 0.009353
35 hill NN 1248 0.003857 | 2.413758 | 0.00931
36 many JJ 1237 0.003823 | 2.417603 | 0.009242
37 site NN 1132 0.003498 | 2.456126 | 0.008593
38 experience VB 1120 0.003461 | 2.460754 | 0.008518
39 monks NN 1093 0.003378 | 2.471352 | 0.008348
40 free JJ 1083 0.003347 | 2.475344 | 0.008285
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No Word Word Type Freq TF IDF TF*IDF

a1 temples NN 1083 | 0.003347 | 2.475344 | 0.008285
42 going VB 1052 | 0.003251 | 2.487957 | 0.008089
a3 visited VB 1037 | 0.003205 | 2.494194 | 0.007993
a4 people NN 1034 | 0.003196 | 2.495452 | 0.007974
a5 like CC 975 0.003013 | 2.520968 | 0.007596
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AU(Noun) buddha | temple view construction | way
A1nTe(Verb) visit views take experience | going
ﬁﬁﬂmﬁwﬁ(Adjectives) big worth great top amazing
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NANNTVIDNEIN 4 1 undaviaaleamasssuy@ (Natural Attraction) Asuanslumisneit 18

M5 18 : HaaWSAIFNYYINguYoailemNsTsuyId (Natural Attraction)

No Word Word_Type Freq TF IDF TF*IDF

1 view NN 2080 | 0.032325 | 1.490465 | 0.048179
2 place NN 1037 | 0.016116 | 1.79275 | 0.028891
3 phuket NN 911 0.014158 | 1.84901 | 0.026178
a sunset NN 891 0.013847 | 1.858651 | 0.025736
5 can VB 879 0.01366 | 1.864539 | 0.02547
6 see VB 793 0.012324 | 1.909255 | 0.023529
7 great JJ 778 0.012091 | 1.917549 | 0.023184
8 point NN 772 0.011997 | 1.920911 | 0.023046
9 views VB 712 0.011065 | 1.956048 | 0.021644
10 nice JJ 665 0.010335 | 1.985707 | 0.020521
11 karon FW 619 0.00962 | 2.016838 | 0.019401
12 get VB 611 0.009495 | 2.022487 | 0.019204
13 beach NN 599 0.009309 | 2.031101 | 0.018907
14 good JJ 563 0.008749 | 2.05802 | 0.018007
15 worth JJ 558 0.008672 | 2.061894 | 0.01788
16 visit VB 544 0.008454 | 2.072929 | 0.017525
17 take VB 533 0.008283 | 2.081801 | 0.017244
18 kata FW 511 0.007941 | 2.100107 | 0.016678
19 beautiful JJ 498 0.007739 | 2.111299 | 0.01634
20 day NN 481 0.007475 | 2.126383 | 0.015895
21 time NN 434 0.006745 | 2.171039 | 0.014643
22 just RB 425 0.006605 | 2.180139 | 0.014399
23 beaches NN 408 0.006341 | 2.197868 | 0.013936
24 cape VB 406 0.00631 | 2.200002 | 0.013881
25 one CcD 404 0.006278 | 2.202147 | 0.013826
26 around CC 355 0.005517 | 2.2583 | 0.012459
27 viewpoint NN 346 0.005377 | 2.269452 | 0.012203
28 also RB 339 0.005268 | 2.278329 | 0.012003
29 stop VB 329 0.005113 | 2.291332 | 0.011715
30 will VB 321 0.004989 | 2.302023 | 0.011484
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No Word Word Type Freq TF IDF TF*IDF

31 amazing JJ 312 0.004849 | 2.314374 | 0.011222
32 photos NN 311 0.004833 | 2.315768 | 0.011193
33 well UH 307 0.004771 | 2.32139 | 0.011075
34 tour VB 295 0.004585 | 2.338706 | 0.010722
35 sea NN 294 0.004569 | 2.340181 | 0.010692
36 way NN 288 0.004476 | 2.349136 | 0.010514
37 top JJ 277 0.004305 | 2.366049 | 0.010185
38 area NN 275 0.004274 | 2.369196 | 0.010125
39 spot VB 271 0.004212 | 2.375559 | 0.010005
a0 must VB 266 0.004134 | 2.383647 | 0.009854
a1 people NN 257 0.003994 | 2.398595 | 0.00958
a2 best JJ 250 0.003885 | 2.410588 | 0.009366
a3 much JJ 244 0.003792 | 2.421138 | 0.009181
a4 really RB 238 0.003699 | 2.431951 | 0.008995
a5 many JJ 238 0.003699 | 2.431951 | 0.008995

s o Y

mmmaé’wammwﬁmaqﬂfjmiauﬁmmqﬁiimmﬁ (Natural Attraction) Tu

PN 18 @NNTananIAENY 5 AwsniifiannudgeantuudazUszinnvesmuazsduaius
venlatednuazrsenanssuseliiduegnad daanslunisned 19

MITNT 19 : AW 5 AIUSNTIYeINguviaaiieInNessuyId (Natural Attraction) dA37318
gignluusazUszinnvedn

UssLnen il 2 i3 g M5
Auu(Noun) view sunset point beach cape
A1nTe(Verb) views visit take shop tour
AAaudnvi(Adjectives) | great nice good worth beautiful
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Natural Attraction
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NAUNNSYIBNNEIN 5 : unawviaulenialunuInig (Recreational Attraction) fauanaly

ANS19N 20

§75799 20 : wm“’wéﬂ?ﬁ’wﬁwam@i/ﬁmﬁmzﬁaﬁ’uwmmi (Recreational Attraction)

No word Word type Freq TF IDF TF*IDF

1 place NN 11814 | 0.011362 | 1.94453 | 0.022095
2 good JJ 9160 0.00881 | 2.055032 | 0.018105
3 great JJ 8624 0.008294 | 2.081219 | 0.017262
a4 food NN 8078 0.007769 | 2.109623 | 0.01639
5 can VB 8003 0.007697 | 2.113674 | 0.016269
6 night NN 7519 0.007232 | 2.140767 | 0.015481
7 get VB 7352 0.007071 | 2.150522 | 0.015206
8 road NN 6989 0.006722 | 2.172512 | 0.014603
9 street NN 6977 0.00671 | 2.173259 | 0.014583
10 bars NN 6977 0.00671 | 2.173259 | 0.014583
11 people NN 6799 0.006539 | 2.184482 | 0.014285
12 just RB 6704 0.006448 | 2.190593 | 0.014124
13 see VB 6535 0.006285 | 2.201682 | 0.013838
14 phuket NN 6189 0.005952 | 2.225307 | 0.013246
15 time NN 5967 0.005739 | 2.241171 | 0.012862
16 one CcD 5860 0.005636 | 2.24903 | 0.012676
17 visit VB 5680 0.005463 | 2.262579 | 0.01236
18 will VB 5567 0.005354 | 2.271306 | 0.012161
19 like CcC 5333 0.005129 | 2.289956 | 0.011745
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No word Word_type Freq TF IDF TF*IDF

20 bangla NN 5284 0.005082 | 2.293964 | 0.011658
21 many JJ 5172 0.004974 | 2.303269 | 0.011457
22 shopping VB 4964 0.004774 | 2.321095 | 0.011081
23 fun NN 4540 0.004366 | 2.359871 | 0.010304
24 really RB 4456 0.004286 | 2.367982 | 0.010148
25 also RB 4357 0.00419 | 2.37774 | 0.009964
26 around CcC 4351 0.004185 | 2.378338 | 0.009953
27 patong NN 4310 0.004145 | 2.38245 | 0.009876
28 day NN 4294 0.00413 | 2.384065 | 0.009846
29 much JJ 3960 0.003809 | 2.419232 | 0.009214
30 show VB 3955 0.003804 | 2.419781 | 0.009204
31 shops VB 3925 0.003775 | 2.423088 | 0.009147
32 experience VB 3826 0.00368 | 2.434182 | 0.008957
33 well UH 3822 0.003676 | 2.434637 | 0.008949
34 lots NN 3803 0.003658 | 2.436801 | 0.008913
35 nice JJ 3678 0.003537 | 2.451316 | 0.008671
36 thai FW 3554 0.003418 | 2.46621 | 0.00843
37 worth JJ 3344 0.003216 | 2.492661 | 0.008017
38 market NN 3335 0.003208 | 2.493831 | 0.007999
39 take VB 3312 0.003185 | 2.496837 | 0.007953
40 bar NN 3194 0.003072 | 2512592 | 0.007718
41 shows VB 3150 0.00303 | 2.518617 | 0.00763
42 mall NN 3109 0.00299 | 2.524307 | 0.007548
a3 lot JJ 3076 0.002958 | 2.528941 | 0.007482
a4 want VB 3027 0.002911 | 2.535915 | 0.007383
a5 walk VB 2980 0.002866 | 2.542711 | 0.007288

PNNASNSAFENIvRINguvio gl unuIN1g (Recreational Attraction) Tunns

A o o 3 o aa d' J o Id o a 1 1%
N 20 @UITDLAAIAIANY 5 ﬁ']LLiﬂ‘Vlllﬂ'JWNOQQ@@IULLG\@%ﬂi%Lﬂ'V]“UENﬂ"ILLaﬁLU‘HﬂTVlUQ'UEJﬂVL@
i
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A a 1 Y & 1 a o A
ﬂaﬂ‘lﬁmmﬁiaﬂ‘\]ﬂiﬁuﬁﬂﬂiﬂLUUE]EJ’]\W] AALEARIIUANTIN 21
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M5 21 : AN 5 AIMINTIvesnguviaasieg uiloduniinig (Recreational Attraction) i
AINAgIgalusazUsenNYeIA]

| ] ]
= o A I

Usslnnen i1 A2 N3 miia A5
ATU(Noun) food night road street bars
Anse(Verb) visit shopping | show shops experience
ARnAnTi(Adjectives) | good great many much nice

9N915199 21 vevenlinguviesdieaiietiunuinis iuanuiieuiieiguaiu
i 913 Street food nanuargliundnvisaiiedldidenassd wansddnnngnnaniauin
Mgaluuwuy Wordcloud fagui 34

Recreational Attraction

U1 34 : Wordcloud vesnqunisvieaiig uiledunuinig

NAUNITVIBUNYIN 6 & unaiDNeIMITHUSTTY (Cultural Attraction) Aeuanslun151e¥
22

PITNT 22 : HAdWSAIANYYeInguyeuiean1eianisssu (Cultural Attraction)

No Word Word Type | Freq TF IDF TF*IDF

1 show VB 11287 | 0.043859 | 1.357937 | 0.059558
2 buffet NN 2696 0.010476 | 1.979796 | 0.020741
3 elephants NN 2378 0.009241 | 2.034304 | 0.018798
a4 good JJ 2229 0.008662 | 2.062406 | 0.017864
5 dinner NN 2052 0.007974 | 2.098338 | 0.016732
6 food NN 1990 0.007733 | 2.111663 | 0.016329
7 see VB 1848 0.007181 | 2.143814 | 0.015395
8 time NN 1776 0.006901 | 2.161073 | 0.014914
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No Word Word Type | Freq TF IDF TF*IDF

9 animals NN 1733 0.006734 | 2.171717 | 0.014625
10 well UH 1712 0.006653 | 2.177012 | 0.014483
11 great JJ 1674 | 0.006505 | 2.18676 | 0.014225
12 can VB 1606 0.006241 | 2.20477 | 0.013759
13 park NN 1604 | 0.006233 | 2.205311 | 0.013745
14 get VB 1599 0.006213 | 2.206667 | 0.013711
15 phuket NN 1556 0.006046 | 2.218506 | 0.013414
16 like CC 1520 0.005906 | 2.228672 | 0.013164
17 place NN 1481 0.005755 | 2.239961 | 0.012891
18 just RB 1437 0.005584 | 2.253059 | 0.012581
19 fantasea NN 1383 0.005374 | 2.269694 | 0.012198
20 really RB 1326 0.005153 | 2.287972 | 0.011789
21 one CcD 1252 0.004865 | 2.312911 | 0.011252
22 will VB 1220 0.004741 | 2.324156 | 0.011018
23 people NN 1219 0.004737 | 2.324512 | 0.011011
24 take VB 1195 0.004644 | 2.333148 | 0.010834
25 worth JJ 1152 0.004476 | 2.349063 | 0.010516
26 around CC 1131 0.004395 | 2.357053 | 0.010359
27 also RB 1099 0.004271 | 2.369518 | 0.010119
28 elephant NN 1071 0.004162 | 2.380726 | 0.009908
29 amazing JJ 1042 0.004049 | 2.392648 | 0.009688
30 kids NN 999 0.003882 | 2.41095 | 0.009359
31 much JJ 996 0.00387 | 2.412256 | 0.009336
32 thai NN 988 0.003839 | 2.415759 | 0.009275
33 shops NN 971 0.003773 | 2.423297 | 0.009143
34 money NN 902 0.003505 | 2.455309 | 0.008606
35 must VB 895 0.003478 | 2.458693 | 0.008551
36 experience VB 880 0.00342 | 2.466033 | 0.008433
37 stage NN 855 0.003322 | 2.47855 | 0.008235
38 many JJ 823 0.003198 | 2.495116 | 0.007979
39 back RB 816 0.003171 | 2.498826 | 0.007923
40 went VB 787 0.003058 | 2.514541 | 0.00769
41 nice JJ 758 0.002945 | 2.530847 | 0.007455
42 visit VB 754 0.00293 | 2.533144 | 0.007422
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No Word Word Type | Freq TF IDF TF*IDF

a3 theme NN 750 0.002914 | 2.535454 | 0.007389
a4 seats NN 722 0.002806 | 2.551979 | 0.00716
a5 lots NN 697 0.002708 | 2.567283 | 0.006953

IINWATNSAANTIVBINGNTIDUNLIMIATAUSTTH (Cultural Attraction) Tum13199 22
A1UNT0uaNIAENT 5 Ausniidiaudgeaalunsazyseinnvasdiuasilumnvsuenlads
anwagvisefanssusinelilueged dwandlumnsei 23

M5 23 : AIANY 5 Ausniivesnguyieaiieaneimusssu (Cultural Attraction) A2738
gegnluunazUsennyese

Usslnen il A2 i3 Al s
AU(Noun) elephants | buffet | dinner food time
Ansen(Verb) show see experience | went visit
ﬁﬁﬂmﬁwﬁ(Adjectives) good great worth amazing much

PN 1 V1 ' ' q' [ & < -
1NA137197 23 Usvenlddinguvieaiganiaiaiusssy dutduaniuiiuans
AavzInusssudunswanidns nieunisusnmsemnsiuiinvieniedddlawn giinunlund
wansAdningnnafanniianlusuuuy Wordcloud fsgun 35

Cultural Attraction

_sh(_A)‘W‘ 184

JUiT 35 : Wordcloud ¥e4nqun)5vioaiiie an 19 inusssa
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NAUNITNOUNIN 7 UnaiedNeIUTenNy189In (Beach Attraction) fananlumn1sed

24

157 24 : HaaWSAIFNYYINguYoaileaussnnyIenIn (Beach Attraction)

No Word Word Type Freq TF IDF TF*IDF
1 beach NN 45075 | 0.059349 | 1.226583 | 0.072797
2 water NN 8851 0.011654 | 1.933527 | 0.022533
3 patong FW 8107 | 0.010674 | 1.971659 | 0.021046
a4 nice JJ 6743 | 0.008878 | 2.051666 | 0.018215
5 can VB 6518 | 0.008582 | 2.066405 | 0.017734
6 great JJ 5846 | 0.007697 | 2.11366 | 0.01627
7 clean JJ 5604 | 0.007379 | 2.132021 | 0.015732
8 good JJ 5555 1 0.007314 | 2.135835 | 0.015622
9 people NN 5356 | 0.007052 | 2.151679 | 0.015174
10 place NN 5345 | 0.007038 | 2.152571 | 0.015149
11 phuket NN 5009 | 0.006595 | 2.180768 | 0.014383
12 just RB 4798 | 0.006317 | 2.199459 | 0.013895
13 beautiful JJ 4618 0.00608 | 2.216065 | 0.013475
14 get VB 4369 | 0.005753 | 2.240137 | 0.012887
15 one @b) 4345 | 0.005721 | 2.242529 | 0.012829
16 day NN 4281 0.005637 | 2.248974 | 0.012677
17 food NN 4260 | 0.005609 | 2.25111 | 0.012627
18 sand NN 4221 0.005558 | 2.255104 | 0.012533
19 beaches NN 3960 | 0.005214 | 2.282824 | 0.011903
20 many JJ 3959 1 0.005213 | 2.282934 | 0.0119
21 restaurants NN 3955 0.005207 | 2.283373 | 0.011891
22 like CcC 3773 | 0.004968 | 2.303832 | 0.011445
23 time NN 3544 | 0.004666 | 2.331025 | 0.010877
24 kata FW 3269 | 0.004304 | 2.366104 | 0.010184
25 also RB 3234 | 0.004258 | 2.370779 | 0.010095
26 around CcC 3228 0.00425 | 2.371586 | 0.01008
27 crowded JJ 3111 0.004096 | 2.387619 | 0.00978
28 much JJ 3071 0.004044 | 2.393239 | 0.009677
29 will VB 3042 | 0.004005 | 2.39736 | 0.009602
30 lots NN 2885 | 0.003799 | 2.420373 | 0.009194
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No Word Word Type Freq TF IDF TF*IDF

31 sea NN 2747 | 0.003617 | 2.441661 | 0.008831
32 walk VB 2731 0.003596 | 2.444198 | 0.008789
33 area NN 2655 | 0.003496 | 2.456455 | 0.008587
34 really RB 2645 | 0.003483 | 2.458094 | 0.008561
35 karon FW 2596 | 0.003418 | 2.466215 | 0.00843
36 lovely JJ 2508 | 0.003302 | 2.481192 | 0.008193
37 visit VB 2442 1 0.003215 | 2.492774 | 0.008015
38 clear JJ 2426 | 0.003194 | 2.495628 | 0.007972
39 swimming VB 2422 | 0.003189 | 2.496345 | 0.007961
a0 lot NN 2383 | 0.003138 | 2.503395 | 0.007855
a1 little JJ 2361 0.003109 | 2.507423 | 0.007795
a2 along cC 2305 | 0.003035 | 2.517848 | 0.007642
a3 see VB 2274 | 0.002994 | 2.523729 | 0.007556
a4 back RB 2259 1 0.002974 | 2.526603 | 0.007515
a5 want VB 2257 | 0.002972 | 2.526988 | 0.00751

NHAFNTAANNYDINGUIDUTEIUTEIANYI8MIA (Beach Attraction) Tu
NN 24 @NTALEAIANENA 5 AusniiianudgeantuusazUszinnveruazduaiue
Ve v A a 1 Y 1 a o r-:ll
venlasanuaevsenanssuielallueged dwanslunisai 25

MITNT 25 : NN 5 AIUSNNYINguyiaaiieIUsznnyIenn (Beach Attraction) 1A9918
gignluusazUszinnvedn

UssLnen il 2 i3 g M5
Auu(Noun) beach water people food sand
Anse(Verb) walk Visit swimming | see want
AAfnvi(Adjectives) | nice great clean good beautiful

a 1 P o = = g

INATT 25 Yevanladngurieaigrszinneienia dv1emia wazi

nziafl avorn @epny Juduanuiivenienvesinveniien viemedauduluiedauiiug
1N wanamAnngnnanfwnigalusuuuy Wordcloud faguil 36
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Beach Attraction

| F=ibeach. 1 -

U1 36 : Wordcloud %e9nqun)svieaiieaussinnyienin

NANNSVONNEIN 8 = undwisaeUsznmiinn (Waterfall Attraction) Aauandlunisnei 26

1157991 26 : HAANSAIFNYveINguiaaeUsznnian (Waterfall Attraction)

No Word Word Type Freq TF IDF TF*IDF

1 waterfall NN 282 0.032188 | 1.492305 | 0.048034
2 water NN 117 0.013355 | 1.874368 | 0.025032
3 walk VB 105 0.011985 | 1.921364 | 0.023027
a4 nice JJ 98 0.011186 | 1.951328 | 0.021827
5 can VB 96 0.010958 | 1.960282 | 0.02148
6 gibbon NN 86 0.009816 | 2.008055 | 0.019712
7 place NN 81 0.009246 | 2.034069 | 0.018806
8 worth JJ 70 0.00799 | 2.097456 | 0.016759
9 get VB 68 0.007762 | 2.110045 | 0.016377
10 visit VB 67 0.007648 | 2.116479 | 0.016186
11 see VB 65 0.007419 | 2.12964 0.0158
12 good JJ 64 0.007305 | 2.136374 | 0.015606
13 park NN 63 0.007191 | 2.143213 | 0.015412
14 way NN 62 0.007077 | 2.150162 | 0.015216
15 one CcD 56 0.006392 | 2.194366 | 0.014026
16 waterfalls NN 53 0.00605 | 2.218278 | 0.01342
17 little JJ 53 0.00605 | 2.218278 | 0.01342
18 falls VB 53 0.00605 | 2.218278 | 0.01342
19 swim VB 51 0.005821 | 2.234984 | 0.01301
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No Word Word Type Freq TF IDF TF*IDF

20 take VB 50 0.005707 | 2.243584 | 0.012804
21 project VB 50 0.005707 | 2.243584 | 0.012804
22 just RB a9 0.005593 | 2.252358 | 0.012597
23 small JJ a6 0.005251 | 2.279796 | 0.01197
24 quite RB a4 0.005022 | 2.299101 | 0.011547
25 top JJ a3 0.004908 | 2.309085 | 0.011333
26 around CC 43 0.004908 | 2.309085 | 0.011333
27 phuket VB a2 0.004794 | 2.319304 | 0.011119
28 entrance NN a2 0.004794 | 2.319304 | 0.011119
29 area NN a0 0.004566 | 2.340494 | 0.010686
30 beautiful JJ a0 0.004566 | 2.340494 | 0.010686
31 rehabilitation NN 39 0.004452 | 2.351489 | 0.010468
32 jungle NN 38 0.004337 | 2.36277 | 0.010248
33 people NN 38 0.004337 | 2.36277 | 0.010248
34 like CC 36 0.004109 | 2.386251 | 0.009805
35 hike NN 36 0.004109 | 2.386251 | 0.009805
36 fee NN 36 0.004109 | 2.386251 | 0.009805
37 also RB 35 0.003995 | 2.398486 | 0.009582
38 really RB 34 0.003881 | 2.411075 | 0.009357
39 well UH 34 0.003881 | 2.411075 | 0.009357
40 cool VB 34 0.003881 | 2.411075 | 0.009357
a1 went VB 34 0.003881 | 2.411075 | 0.009357
a2 baht VB 33 0.003767 | 2.42404 | 0.009131
43 climb VB 32 0.003653 | 2.437404 | 0.008903
a4 path NN 31 0.003538 | 2.451192 | 0.008673
a5 time NN 31 0.003538 | 2.451192 | 0.008673

NHATNSAFANIvBINgUTiaRNeIUsEINUIeN (Waterfall Attraction) Tum151991 26

AUNT0ANIANENT 5 AusniidiaudgeaaluwsazUssinnvasdiuasilumnvsuenlads

[ A a 1 Y & 1 a o A
anwaugnsenanssuaglalueged faanslunisiei 27
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MITNT 27 : AN 5 Ausniivesnguyieaiiesznniinn (Waterfall Attraction) 2738
gignluusazUsznmvesn

Uszinnan i1 iz i3 g i
AU (Noun) waterfall | water gibbon park way
AN3e (Verb) walk visit see swim take
ARaAnvi(Adjectives) | nice worth good little small

MNA9T 27 Yeuenldindureniiendsuantian Seudegihindes way
ihanawadn wifdsssumatigauanysaiduundsiiogordovosmed Suilvtnviondlen
annsniudy wasmdamauiusssumivinaseunianldodneiiBey wanssdwsivign
nanfsnniigalusuiuy Wordcloud faguit 37

Waterfall Attraction

o
ik ©:

- 'v'vate‘rfﬁall'r

Uil 37 : Wordcloud vesngunisviaaiizavssinmbhan

NAUNTVONNEIN 9 unaWiBNeINETINTAUTELAMNTE (Island Attraction) Aauandby
M137197 28

1757991 28 : HAdNSAIFNYveInguaaeUszmnmnIy (sland Attraction)

No Word Word Type Freq TF IDF TF*IDF
1 island NN 1132 | 0.027651 | 1.558291 | 0.043088
2 beach NN 914 0.022326 | 1.651191 | 0.036864
3 water NN ar9 0.0117 | 1.931802 | 0.022603
a boat NN 451 0.011016 | 1.957961 | 0.02157
5 coral FW 445 0.01087 | 1.963777 | 0.021346
6 day NN 443 0.010821 | 1.965734 | 0.021271
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No Word Word Type Freq TF IDF TF*IDF

7 trip NN 316 0.007719 | 2.11245 | 0.016306
8 can VB 299 0.007304 | 2.136466 | 0.015604
9 tour NN 291 0.007108 | 2.148244 | 0.01527
10 fish NN 247 0.006033 | 2.21944 | 0.013391
11 phuket NN 245 0.005985 | 2.222971 | 0.013303
12 good JJ 243 0.005936 | 2.226531 | 0.013216
13 place NN 241 0.005887 | 2.23012 | 0.013128
14 beautiful JJ 232 0.005667 | 2.246649 | 0.012732
15 people NN 231 0.005643 | 2.248525 | 0.012687
16 one CcD 228 0.005569 | 2.254202 | 0.012554
17 time NN 224 0.005472 | 2.261889 | 0.012376
18 just RB 223 0.005447 | 2.263832 | 0.012331
19 snorkeling VB 222 0.005423 | 2.265784 | 0.012287
20 sea NN 220 0.005374 | 2.269715 | 0.012197
21 around CC 193 0.004714 | 2.32658 | 0.010968
22 nice JJ 190 0.004641 | 2.333384 | 0.010829
23 went VB 188 0.004592 | 2.337979 | 0.010736
24 see VB 187 0.004568 | 2.340296 | 0.01069
25 great JJ 186 0.004543 | 2.342624 | 0.010643
26 many JJ 178 0.004348 | 2.361717 | 0.010269
27 like CC 177 0.004324 | 2.364164 | 0.010221
28 lunch NN 177 0.004324 | 2.364164 | 0.010221
29 clear JJ 175 0.004275 | 2.369099 | 0.010127
30 get VB 171 0.004177 | 2.379141 | 0.009938
31 will VB 170 0.004153 | 2.381688 | 0.00989
32 much JJ 168 0.004104 | 2.386828 | 0.009795
33 also RB 165 0.00403 | 2.394653 | 0.009651
34 food NN 163 0.003982 | 2.39995 | 0.009555
35 back RB 154 0.003762 | 2.424617 | 0.009121
36 take VB 154 0.003762 | 2.424617 | 0.009121
37 phi FW 152 0.003713 | 2.430294 | 0.009023
38 snorkelling VB 146 0.003566 | 2.447784 | 0.008729
39 racha NN 146 0.003566 | 2.447784 | 0.008729
40 islands NN 145 0.003542 | 2.450769 | 0.00868
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No Word Word Type Freq TF IDF TF*IDF

a1 tourists NN 145 0.003542 | 2.450769 | 0.00868
42 koh NN 139 0.003395 | 2.469122 | 0.008383
a3 sand NN 137 0.003346 | 2.475417 | 0.008284
a4 beaches NN 132 0.003224 | 2.491563 | 0.008034
a5 boats NN 129 0.003151 | 2.501548 | 0.007882

1Y

JaNwel

NHATNSAANIveINgNrian gt sEaninieg (Island Attraction) Tumsn9

ysaAaNTsuAeloduae19R sananslun1snan 29

= o w 3 [ Aa d' J [ I o a 1 1%
N 28 d@UITOLEAAIAANN 5 ﬂ’]LLiﬂ‘Vlllﬂ’]’]ﬂm%ﬂﬂ’s’jﬂiuuma%ﬂizLﬂ‘VlsU’eNﬂ’]LLaSLﬂ‘L!ﬂTVlU\‘IU@ﬂlﬂ
a

M13999] 29 : AW 5 AusniivednguviaaiieaUseanindy (Island Attraction) ip3738
gignluusazUsznnyes

|
a

Uszinnan il 2 i3 Mg A5
AU(Noun) istand beach water boat trip
A1nTe(Verb) snorkeling | went see take ride
ﬁﬁﬂmﬁwﬁ(Adjectives) good beautiful nice great many

91915797 29 ﬂwaﬂlé’dwﬂa'm/iml,ﬁmﬂivmmm'lv flngmauazimeiad
#8974 fmmsLmumqavmaﬂ%Liamumamamﬂmmmmm Luaammmmmmmmvmmi
1NN 39 1Y mmmsmmu’lwmL‘UumswaammLUuﬂammsmmumimm LARSA AN
gﬂﬂanmmanmiugmwu Wordcloud mg‘dm 38

each L

al Oy

Island Attraction

lsland pe e}

st boat S8y, = .58

Ui 38 : Wordcloud %e4nqun sveaiieaussinminig
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3. M3IATIRTTUAIANEN (Sentiment Analysis)

N1531A3181015UAIAUFAN (Sentiment Analysis) ¥83U9AIU UNAIY
vouvAnsal iWleduundeanumardinduanuddnludeuin voau Mo R lagld
uWALNA sentimentr WAz koRpus.lang.en ilellFAzuunALsEnvosusazuniansal Tuus
awngusvieadieatia 9 nau LaEIVUATNATLULAINIANYDAAZ UNIATalAD AATILY
Anudandislaunnnit 0 mneda anmidnluideuan (Positive), AAguuuausandiiia
Wdu 0 vunedis anuidnnaie ldladunn wavlalasdnug (Neutral) wagAIAzLuY
arudAniifiantionndn 0 nanefa Anudanludau(Negative) Fauansuadndded

nguAsYiRNiend 1 unawieaioandailiae (Eco-tourism Attraction) Aguuueuidnat)
seminAziuL 1.57 8 -0.73 laganuildnzuuuanniian 3 aauiiusn Lo

1. Green Elephant Sanctuary Park lamziiuu 1.57

2. Pang Chang Kamala leingwuy 0.91

3. Elephant Sanctuary Kathu Phuket laiagiiu 0.79
anuiinldrzuuuioniian 3 anuiusn leun

1. Monkey Hill lapguuy -0.73

2. Seaview Elephant Camp ey -0.42

3. Pang Chang Kamala langiuu -0.29
uazdadiumeziuunmEn vesngunmsvieaiiondeing dauanslusud 39

Negative Neutral Positive Grand Total
Count of Result 159 11 1430 1600
Yo 99375 0.6875  B89.375

JUTT 39 : dndaumIAgUuUnINTAN YaINquNITYouTIe UTIlA

1N3UM 39 uandliiifiuinngunsvieniiondsing dnveaiierdanludeun
1niign 89.37% sesawnAeauiAnluifeau 9.94% uazmnuiAnian e 0.69%

mnmMslasgviaAzkuuANLIANS AU Rating ftinvieadiealiluusiau
uninsaluanduguil 40

Rating + Negative Neutral Positive Grand Total
1 b4 1 17 82
2 10 2 18 30
3 22 b3 85
4 35 4 156 195
|5 28 4 1176 1208
Grand Total 159 11 1430 1600

JUIT 40 : AIAZUNUAINZANTINAY Rating Ye4naanI15viaaiieudaisam
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9307 40 wansliiiuinduauuniansaildaiazuuuauddnludan
wnfianedly Rating 5 Felauaennssndululudianiafesiu udll 28 uniaisalila
Rating 5 uirAzuuANianduTay Gwanidiegauniansallunisnei 30

15997 30 : HI0e19UNIVI5adVle Rating 5 ugmngkuupIuzanduideay veangunis
Vioue UL

Attraction Rating Comment_trip Senti_point Result
ID
4 5 This was one of the most insane experiences that | have -0.15 Negative
ever had.

If you read nothing else, my first (and best)
recommendation is that you bring nuts instead of
bananas, they last longer and you have more things to

feed the monkeys.

We got a Grab up most of the hill and got off to walk.
After walking for quite a while and seeing nothing, we
started to get slightly disheartened at not seeing any
monkeys. After persevering a few more meters, we began
to see some monkeys crossing the road. We sped up and
BAM, we were suddenly surrounded by hundreds of

monkeys.

Beware that the bigger ones can become quite vicious
and leap for you if you are holding food. Before | knew it,
I was surrounded by at least 30 monkeys all leaping and
grabbing at the nuts from my bag. The little ones are
incredibly cute and will sit on you to get some food.
However they are all scared of the bigger and greedier

ones who are pushy and can get violent.

Overall, definitely do this, but be prepared to be
swarmed. And be careful of the bigger ones. | would
recommend covering up arms and legs, they can
accidentally scratch when climbing you to get food. | am
unsure about rabies in Thailand so covering arms and legs

could negate that issue.

107 5 Many tourists are fooled into believing it’s ok to ride -0.16 Negative
elephants, bathe with them etc but these places do not

have the elephants best interests at heart.

If you are able to ride an elephant that means it has
probably been tortured and beaten from an early age to
break it’s spirit.
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Attraction Rating Comment_trip Senti_point Result
1D

Please do not visit or give your money to an organisation
that promotes cruelty to animals. Visit the Phuket
Elephant Sanctuary and learn what responsible tourism is
all about.

4 5 Amazing to do on the way to or from old Phuket town. -0.17 Negative
The monkeys will eat out of your hand however if you
feed them, be aware that they can become really
aggressive, and quite dominant. they are wild animals
after alll Also don’t leave anything on show that you
wouldn’t want stolen by monkeys. They will literally
attempt to steal anything from water bottles, bags, and

even a beach mat from someone’s Moped!

4 5 There's usually monkeys all along the road up the hill. -0.27 Negative
They are used to tourists but don't expect them to be

polite. Please don't feed them or give them sodas...

4 5 went to monkey hill on our tour and could not get over -0.34 Negative

the amount of monkeys and how tame they were ....you

worry they might have rabies so best not to get to close

9INA5199 30 Lﬁaﬁ’]mﬁmeﬁﬁﬂuw‘iﬁmzﬂﬁﬁﬂﬁmﬂzLLuummﬁﬁﬂ
Juleau enfaegradud1in dangerous, hesitated, scary, prohibited, mistreated, RIP R
Tuuniansainanafis Monkey Hill Gswudeide uagqades wiedoseiavosaniudivieaiiien
§and17 wazan1ufl Phuket Elephant Park, Green Elephant Sanctuary Park, Elephant

o a 1

Sanctuary Kathu Phuket 1uanufifivhAanssusng q saufudragy o1uth Jouams s
Frawudn FauvAasaina1afensmgadad Ands fahieeddmnmsuinsia emnsuinig
A uirAzkuuANIANeanunludERy

Tughuwesuninsaifidinvieaiienssy Rating 1 uimAzuuuauidniduda
VI f5uau 17 Un3ensel Seuansdernudaudaiuseninedn Rating fivnvieadiesls fu A

Y aAv Y o Y 1 a P
ﬂ%LLuu@Tﬂ@JEﬁﬂVﬂ@l G’I\‘iLLﬁ@I\Wl'}@EJ'NU‘I/I’JT\]']?ZU“LUGHTNV] 31

#7999 31 : fiIee9unI0Isalila Rating 1 uiAAsuuunIIanTudeUInesngunIs
Viowig uTilion

Attraction Rating Comment _trip Senti_point Result
D
a5 1 Elephants are not meant to be rode on in any case but we 0.17 Positive

heard whipping sounds. | doubt it was the staff being hit. |
would strongly advise everyone to visit proper ethical

elephant sanctuaries instead. If you need to ride on

something, the ATV facility is next door.
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Attraction
ID

Rating

Comment_trip

Senti_point

Result

96

First know | am NOT an animal activist. | LOVE steak!
However harvesting an animal for food and nourishment is
something completely different then abusing an animal
day after day for a buck.

The only way to improve this "experience" is to shut it
down. | believe Tripadvisor needs to take this off their
platform. Many people just purchase a ticket thinking they
are going to a sanctuary which there is a REAL GOOD ONE
just down the road. | thought this was affiliated. | was VERY
WRONG and proud we didnt even walk inside.

If you do this, dont just continue on with your decision.
You DO HAVE the ability NOT to get on this poor guys
back. You have the ability not to watch an axe go into its
head.

I have gone to two elephant sanctuaries in Thailand and
they were AMAZING! They were loved and you could tell. |

recommend going there

0.12

Positive

147

The worst waterfall I've been to in the entire world, even
in wet season the waterfall wasn't very impressive - it took
about 10 minutes to see it all (including the walk from the
car park). Currently there's also a new car park under
construction so the place looks like a building site. Avoid
and save the 200baht per person - oh and we didn't get a
receipt...the guy just put the money in his pocket.

0.11

Positive

96

Ever since we were planning to go to Thailand, | wanted
definately to see also the elephants. Then one day we
made a stop at the Seaview Elephant camp hoping to get
some nice trekking trip. But by the second minute | sat on

the elephant | totally regreted the act.

The elephant man was kicking the elephant with a hook
and his feet - all the elephants looked unhappy. The trip
that was supposed to include trip through jungle and have
a spectacular seaview was actually a nice scam. | think half
of the time we were standing, to wait our friends with the
other elephant, the elephnt didngat listen to the guide at
all. The jungle was actually the triners village with crap
and dirt everywhere and the seaview was quite nothing -

way much better even from our hotel window.

When we reached the farest point of our "trip" the
elephant man took out a well hidden box with all kind of

souveniers he was offering us to buy. Notice that the sign

0.1

Positive
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version of the real elephant sanctuary. As soon as we
drove in my bf felt something was not right. The elephants
here had to kiss, bow, kneel for pic, drink milk from each
guests, bathe w/guests, n even rode on; the staff here
looked mean n elephants looked too discipline n scared. |
was so upset that | started to google n discovered that
there is only one ethical elephant sanctuary in Phuket n
that can only be purchased thru their own website; not via
tour agency etc. We only ended up here by a mistake of
the sales person at the tour agency; she didn’t know any
better. So pls, do your research beforehand as all the
ones you see on youtube n at the tour agency are ALL

knockoffs. Happy travels!

P.S The real one doesn’t make elephants do anything out

of their element ie giving kisses etc..

Attraction Rating Comment_trip Senti_point Result
ID
when going to the elephants said to kindly refuse all their
offers, so it was not definately something they were
allowed to do.
The best part of the visit was feeding the baby elephant,
she was really cute and loved the bananas :)
a5 1 My bf and | ended up at a what appears to be a knockoff 0.09 Positive

‘:4' dl' o a ¢ o a ¢al o Vo1 =
I1NAITNN 31 LlIEJ‘V]’]ﬂ'ﬁ’JLﬂi’]gﬁﬂ’li‘UUVY}f\ﬂim‘VWlﬂﬁﬂqﬂ%LLuu@’J’]ﬂJgﬁﬂ

JuBsuan enfegnadud1in Love, Amazing, beautiful, wish, nice, happy sluuniansal

Na1289 Monkey Hill, Seaview Elephant Camp, Elephant Sanctuary Kathu Phuket Wans

AuianUsevanala Sndnd vy deamseysng Fevhlveasuuuauidneenunluig

U3n U6l Rating 1 tlasarnenudss mededulissioandiu waziinsiiuandn

uwazilpitayavivvesinvisaiieinniinssnsiuiuAiashuuAuIan fe

uamaluguil 41

Continent -~ Negative Neutral Positive Grand Total
Africa 5 1 25 3
Asia 35 2 180 217
Australia/Oceania 38 3 404 445
Europe 55 3 572 630
|North America 26 2 246 274
South America 3 3
Grand Total 159 11 1430 1600

JUTT 41 : YoyanIUvesinyauiieIsaunuaIns kLA IINTINYEINGUNISYDUTIE UL
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mﬂ'gﬂﬁ 41 wui1mIYU Europe, 13U Australia/Oceania thay n2U North
America \JuaumivusnifisiuauuniansafluBauinuiniiganiudidu usniu South
America a3y Africa fiS1uanuninnsaifilddazuuuludeuintesiian uanddifiuin
m%ﬂma’wﬁlaiﬁmm%usuaumjumivimLﬁml,%aﬁnmaa

nguMsvioniendl 2 : undsvisailoamsAauyIne1nns (Arts and Sciences Educational
Attraction Standard) AzluuAAANogsEinsazLY 1§ -0.65 laanuifildazuuuann
fian 3 anudusn Téun

1. Phuket Thaihua Museum laaziuu 1

2. Patong Inn Art leiazuuu 0.84

3. Tsunami Memorial Park laipziuu 0.82
anuinldrzuuwiosiian 3 anuiusn léun

1. Tsunami Memorial Park l@inzwuy -0.65

2. Phuket Thaihua Museum lamgiuuu -0.54

3. Phuket Seashell Museum laazuuu -0.47
nazdadiummziuunmiEn vesngunsvieaiivansdaUsinenmsssuanslusud 42

Negative Neutral Positive Grand Total
Count of Result 61 8 305 374
% 16.31016043 2.13904 81.5508

U 42 : GAEINAIALUULAIUFAN VOINGuNITDNTIEINNAAUY TNGINIT

=i Y 2 ! ! ' a a a 0 ' =
1NJUN 42 uanslviiiudngunisvieaiiemadaleIng1nts dnvieaiien
sanlulauanuinign 81.55% Je9aaunAea1uIanluldeau 16.31% wagauianiage

2.14%
MNINNITIATIEAIALRUUANUIANTINAY Rating Ninviaanelviluusias

unInsaluandlugun 43

Rating -~ Negative Neutral Positive Grand Total
1 10 9 19
2 14 3 20 37
3 19 3 59 81
4 11 1 97 109
E 7 1 120 128
Grand Total 61 8 305 374

JUT 43 : AIAZUNUAINZANTINAY Rating Ya4naunIsvieaiieIn1aatsImeIns
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NFUN 43 wansliiuinduauuniansaildaazuuuanuddnludaan
wnfianeglu Rating 5 Fsiruaenndondululuirmadeiiu udll 7 unianseinle Rating
5 uiApzwuuausanduteay Jauansiegieuninsalunisiei 32

7757999 32 : fr0819UNnIVI5alild Rating 5 A IpzuwuAINiaNTUTIay voungunIs
viouiie I 9AaUy eI

Attraction Rating Comment_trip Senti_point Result
ID
114 5 If you are a rainy day in Phuket you can visit this museum. -0.1 Negative

You don't need so much time to see it all but you can

see many strange seashells, colored lobsters etc.....

7 5 The Tsunami Memorial reminds me of December 26 2014 -0.11 Negative
morning 10:00.

My third day in Phuket on Surin Beach.

In spite of this unforgettable and life-threatening
experience, | continued to return to this Pardise and stay
there.

7 5 It was a mark of respect to the Thai people and all who -0.19 Negative
lost their lives due to this tragic natural event.

The park land just lets you think of how devastating to
must have been when a wall of water approaches leaving

destruction in its wake.

7 5 Until you see and read the events of this day and how it -0.21 Negative
affected the area you cannot appreciate what happened.
A good reminder life is precious but can be lost at a whim

by nature

7 5 was a sad visit having lost friends in the event but was a -0.31 Negative

good way to say goodbye. Area was a bit littered but

mostly wind blow mess

1nM5971 32 Wevhmsiaseidluuniansaliviliaaziuuauddn
Juideau sndegradumin least , unforgettable, littered, lost @sluunIansainanadi
Phuket Seashell Museum aauiivieafieniildiianfiesdaderlififanssufivawle 9 LLa‘”
N899 Tsunami Memorial Park mtluaummmauhmammmsmmmsmm Tsunami szm
fnsanuas uazgayde

Tudhuvesuninsaifitinvieaiienssy Rating 1 widnAzuuLAwdEnduda
vIn $81uau 9 uniesel Faansdanudaudetuseninee Rating ivnvieadiedly fu a
ﬂzLLuummiﬁﬂﬁiﬁ Fauanasogauniansallunisned 33
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#7599 33 : 9089V II500L6 Rating 1 kamIAzkuNAIINGANTUGIUINYINgUnTT
Vioale I NAaUE TN INIT

Attraction Rating Comment_trip Senti_point Result
D
154 1 Visited today, it may have been a museum once but it 0.3 Positive

is just a store now, well priced and with some beautiful

merchandise, but not a museum.

33 1 I love art and visit many museums and galleries 0.29 Positive
worldwide. Unfortunately this little shop could not
convince me, kitsch and more kitsch...

7 1 Given the true tragedy a loss of life experienced by the 0.21 Positive
population, they really needed to do better to honor
their memory. The little monument was hidden from
the main road by other buildings with no markers to
mark the entrance. No names or dates on the
monument to mark what happened. Nothing on the
monument itself to even identify what the monument
was a memorial to. They had one police boat on
display with a note about how far inland the boat was
pushed, but the majority of the description was more
of the technical specs of the boat and what its purpose

was. Don't waste your time.

129 1 Thai Hua Museum charges a rather expensive 200 baht 0.18 Positive
entrance fee considering the quality of the display. The
building itself is a picturesque piece of architecture but
good photos of it can be taken without entering. The
exhibits are about the Chinese who settled in the area
and could be interesting. However, the displays lacked
interesting visuals to go with the thorough but lengthy

explanations.

77 1 Apart from the memorial monument & the respect for 0.16 Positive
those who died, you'll miss a big part of extra
information that could help understand the what, how

and why about this killing wave.

151971 33 1Wevimsilesevidiluuniansalivi Az uuuaudn
Huidauan endaeg19gus1i beautiful, love, sood, respect, honest #sluuniansal
Na19949 Tsunami Memorial Park, Thavorn Museum, Phuket Thaihua Museum n&17849
AL9AY AnAIYRsanIuTl FeinliAazuuuanidneenunluiBauan us Rating 1
ilesanieantuiviansgua wasinisiiuandn

wazilatndayanivveinyie et InsEnIINAUAIALLULAINIAN A
wanalugun 44
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Continent ~  Negative Neutral Positive Grand Total
Africa 2 6 8
Asia 22 2 101 125
Australia/Oceania 12 2 95 109
Europe 18 2 65 85
North America 7 2 38 47
Grand Total 61 8 305 374
U7 44 : JoyanIUvesdnyiouile 15 A uaIALULLAINIANYEINGUNITYDUTTEIN 1A UY
INEINIT

31N3UN 44 WuImIU Asia, nIU Australia/Oceania wagniu Europe WD
MU uuINsallugauanunfiannuaisiu winiU Africa wagvdy North America &
° a cav v i veg a v PN = . '
uuminsainlaaaziuuauianlugauindesngn wasniU South America lyifiun
Fsallungunisvieniiend 2 uansliiiui 3 iUl Wideuvieuiedlunquaisvioniaanig
AaUyInenIs

NguA1TVeuEaf 3 undsiesileanissyifmand (Historical Attraction) Az
mFAnegsTmineaziuy 2.67 A -1.8 Inganuildazuuuunnian 3 aanuiiusn Téun
1. Chaithararam Temple (Wat Chalong) lanziuu 2.67
2. Big Buddha Phuket lamgiuy 2.03
3. Promthep Cape Light House lamgiiuu 1.29
anuiinldrzuuuioniian 3 anuiusn leun
1. Chaithararam Temple (Wat Chalong) leinziiuu -1.8
2. Big Buddha Phuket laiaguuu -1.44
3. Karon Temple Market lapzuy -0.43
uazdadiumaziuunEn vesngunmseaiisansusymans fauandluguil 45

Negative Neutral Positive Grand Total
Count of Result 462 92 10413 10967
% 4.212637914 0.83888 94.94848

JUTT 45 : andIuAIALUUNAIINGAN YBINGUNTITYNTIEIN NSy IRmanT

9IN3UT 45 wansliiuinngunsvieadisamssyiimans dnvieaieaddn
Favananniian 94.95% sesasnferuidnluiBsay 4.21% wavauidniaee e 0.84%

MNYINANTIATIEVAAZLULANINIANIIUAY Rating finvieafienlilunsdas
uninsaluanduguil 46



Rating

LA L Bd =

Grand Total

+* Negative
17 23
52 4 114
151 27 1179
134 33 4241
108 28 4856
462 92 10413

7

Neutral Positive Grand Total

40
170
1357
4408
4992

10967
UV 46 : MAZLUNAINZANTINY Rating Ye9ngunIsvioniieIneUsy Inmans

N3UT 46 wandbiiuiduinuninsaiilaaazuuuanuidnludaan
wniigneglu Rating 5 Fsliauaenndendululuiamadieadiu will 108 uniansainla
Rating 5 usirAzuuAN3aNduTay Juansdiagrsunmiansallunsnsn 34

9757991 34 : Fregauniensaiile Rating 5 usA1A uuumwmm/ummu wamayms
waommmwwmﬁmﬁﬁ

Attraction
ID

Rating

Comment_trip

Senti_point

Result

6

The clue is in the name, it is a BIG BUDDHA.I think it
would be a shame to be in Phuket and not visit this
amazing structure with a great view.If you go you MUST
donate to help complete the build of this Buddha.

-0.25

Negative

there was nothing bad about this expereince

-0.28

Negative

This place is awesome. It is considered a temple so

please respect their customs. | wish more people would.

-0.28

Negative

29

| dislike the transportation fee in Phuket.
It costed me 300 baht to Wat Chalong by Tuk Tuk and
400 baht back to hotel in Karon.

-0.33

Negative

Wow , | don't know what it was but this place is so
peaceful and beautiful - great look outs and being
blessed was a great experience, you must visit - no
pressure sales and nice and cool!

-1.44

Negative

na1284 Chaithararam Temple (Wat Chalong) anuiidnaansvesdente deudesdiiud

1NMNT199 34 LiBYINTIATIERA luuMIMsAlNYI ARz kULALEN
Judeau Sﬂﬁaasjmsduﬁm clue, if, dislike, pressure, terrible Feluuniansalnanis Big
Buddha Phuket ﬁm‘U‘VWIENLVIEJ?VILﬁU‘VlNﬂ’]iLG]UVI’NEJ’m LLa ﬂﬂﬁumﬂiumimumam e

(%
a A

NT192714 LLG]ﬁ’J‘U‘EJEN’J@iJ‘UU'mLaﬂ ;ﬂﬂummuma NLHEJQ@Q‘VN‘U?S‘V]@ BaEAIIVIYUDN

Tudiuvesuninsaintnrieniiedsyy Rating 1 usAiAzwuuAusdnduis

UIN AW 23 UNI50] FUUERIDIANUTALIIAUIEIINGAT Rating Mnvioafiedli AU A

Yee AV Y o ) ! a a
ATLUUANUIANTILA AauanadiegaunInnsallunised 35
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#7599 35 : F908NUNIITAIILA Rating 1 uaAIAsuumIMgaNTuTIUINYeIngunIs
viowiie sy Inmans

Attraction
ID

Rating

Comment _trip

Senti_point

Result

6

This temple is still under construction and all you see
while your visit is just a construction site whixh is not
favorable and does not worth the time you spend for
visoring it but after completion of construction definitely
can ne one of the most favorite tourist attractions in
phuket. | suggest you to see the other beautiful bushists

temples in phuket and enjoy

0.57

Positive

Yes it’s big, and yes the view is great but the project looks
like a massive building site with a large Buddha half
finished. I’m sure it will be a spectacle when they finally

complete it in the years to come.

0.5

Positive

It's only a big (not so nice) statue under construction and,
probably, it will never be finished, because it's just a way
to make money.If you give some money you can write
your name and thoughts on the back of new big tiles, and
they tell you them will be used for the construction
BUT...I've been there in the late afternoon and, looking
around for something interesting, | found a place where
they were cleaning the tiles from the writings to get them
ready for the next money collection...IT'S JUST A BIG
TRICK.And if you are looking for a panoramic place you
can find several much better than this, and not so
crowded;don't waste your time (and money) here.(and, on
the way up to the top you can also meet abused

elephants in chains forced and desperate; very, very sad)

0.37

Positive

Lots of other better attractions. Visit the temples instead.

And don't get cheated for transport in the process.

0.36

Positive

29

After visiting Wat Arun, Wat Pho and Imperial palace we
had a feeling this was just built as a tourist attraction. The

grounds are beautiful.

0.32

Positive

31NMN5199 35 LiBYNTATIERA luumIRsalnvi ARz kuLAuEn

Julauan endaegradudin beautiful, enjoy, great, project, nice Feluuniansainaiiig

Big Buddha Phuket, Chaithararam Temple (Wat Chalong) na1789397A11IA9N AL
elvnjvosnszwnssuidinuen Javihldarazuuuanidnesnunluiauin us Rating 1
ieannis Big Buddha Phuket faasatiiunisnoasng Msiunafiguin Waalunis
dunne vlidenarlunisviesfienanuiidu wag Chaithararam Temple (Wat Chalong)
gmirluFeuisuiviuega alnd Sananeiduiadisivundn
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uwazilpitayavivvesinvisaiieanniiasisnsiuiuAiazhuuAuIan fe
wanaluguin 47

Continent - Negative Neutral Positive Grand Total
Africa 20 3 479 502
Asia 106 26 2688 2820
Australia/Oceania 154 28 3280 3462
Europe 134 28 2825 2987
North America 48 7 1117 1172
South America 24 24
Grand Total 462 92 10413 10967
U 47 : JoyaviuvenihvoudieasmiumpsuuunIINIAneIngun iDL NI
Usydamans

mﬂgﬂ‘ﬁ 47 WuamIU Australia/Oceania, 13U Europe waznay Asia i
$runuuniansalludavanuniiganuadiu Tuvaigiiniu South America uazniu Africa
Srunuuninsalilddmaziuludaanesiign uandliifiuimiy South Americauagnid
Africa liiflosvioadisalungunsvieaiisamalse FRenans

nANNTVeTEIT 4 :: UndsYiBNTEIN955TUTIR (Natural Attraction) AzuuuALiEney
sevinsazuuY 1.25 81 -0.93 Tasanudinldazuuusnndian 3 antuiusn loun
1. Promthep Cape laAguuu 1.25
2. Kao Khad Views Tower langiuu 1.18
3. Karon View Point languuu 1.17
anuiinldrzuuuioniian 3 anuiusn leun
1. Promthep Cape laAzuuu -0.93
2. Karon View Point lonzuuu -0.71
3. Windmill Viewpoint lamgiui -0.55
uazdadiumaziuunIEn vesngunsieafisansssiuni fauanslugud 48

Negative Neutral Positive Grand Total
Count of Result 191 25 2516 2732
%o 6.991215227 0.91508 92.0937

JUT 48 : dAFIUAIALUUNAINIAN YOINGUNITYOUTNYINNETIUY I

9n3UT 48 wansliiiuinngunsvieafienissssuend dnvieaiienddnida
UININNTian 92.09% sesasnAeuianluiBsay 6.99% uazanuidniase Lies 0.92%

ynynTieTEiAAzLLuANSANT Ay Rating Tinvieadiealluusaz
uinsaluanduguil 49
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Rating -~ Negative Neutral Positive Grand Total
1 3 3 )
2 11 1 14 26
3 53 10 253 316
4 76 8 a58 1042
5 48 b 1288 1342
Grand Total 191 25 2516 2732

JUI 49 : AIAZUNUAINZANTINAY Rating Yo9ngunIsveiigIN e TsuvIm

= Yy & 1 o a caln v vee a
NN3UT 49 wansliiiuinduiununiansailaaazuuuauidnludaan
wnfianeglu Rating 5 Fafianuaenadenlulilufimniadeiu wild 48 uniaisalnla
. [ Ve [ a = Y 1 a d'
Rating 5 ufiA1AzuuANIANTUTaU Buwansiiagauniansallunisnei 36

775799 36 : Ar0819UNIVI5allA Rating 5 uaAIAzuUUAINaNTUTIaY YoangunIs
YioaLi1e39 196 TNV A

Attraction Rating Comment _trip Senti_point Result
ID
8 5 Awesome views of Karon and Patong beach. -0.47 Negative

Take a tuk tuk or rent a bike. The view is stunning but |

wish we would have seen the sun set from here.

8 5 From here you can see kata and karon beaches and a -0.48 Negative
little bit of patong beach be wary of the people with
the animals who charge you to take pictures. Very
limited parking

8 5 Lots of photo opportunities, but get there early -0.54 Negative
especially in peak season if you want to avoid photo
bombers.

27 5 Good location when we arrived had some sun but -0.55 Negative

unfortunately, a storm came in and upset the views
probably not the best place to be in the rainy season
we were only there for a day so could not revisit.

16 5 the view is stunning not just during the sun set, but -0.6 Negative

often it's too crowded with the those tour groups.

9115797 36 Levn s sidTluunInsaiivi i azuuuawan
WulBeau endleg1adudnin crowded, unfortunately, avoid, little, but Feluuniansal
na"78s Promthep Cape, Windmill Viewpoint, Karon View Point an1ufivieaiielunisva
I inimiseniouvesimiagiin ililidwoutnvionisnses uasiiveasaliifivswe v
AnANuIantuday
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sl & 1

Tuduvesunmiansaifitnvieaiienssy Rating 1 waAAzkuuAN3anduTs
V2N J91UU 3 U BIUERIDIAINTALEIAUTEIINNAT Rating Ailnviowie i Au A
ATLUUANUIANTIIA Aauanadregauninnsallunisned 37

MITNA 37 : FI989unINsalild Rating 1 waimAzuuunINIaNTBIUINYengunIT
VoI IN NETIUYIA

Attraction Rating Comment_trip Senti_point Result
ID
16 1 Dont bother going here. If you want to see the sunset 0.18 Positive

over the Bay area there are many others to choose from.
This place is a giant touristmagnet arriving with a least 20-

30 busses at sunsettime a day.

16 1 We made a reservation to ensure we get a spot for the 0.11 Positive
sunset. We ordered drinks and they took a while to arrive
but we were okay with that. After about an hour, the
sunset was over and the masses of people had left there
were only a few table full. Every waiter would look in our
direction but never once asked us if we wanted more
drinks, or to order dinner. The table next to us however,
approx 5 people had no issues of ordering etc. We were
being eaten by mosquitos and looking across the table
opposite to us had 4 mosquito burners around them.
Eventually we got up and paid for our drinks and left.

Sunset was about the only nice thing about this place.

So if you are a tourist couple don't expect much. Expect

to be ignored and left in a corner.

80 1 visited viewpoint on the way to our hotel. Decent views. 0.01 Positive
we then used the toilet (which seemed to be public) and
were then accosted to pay by a shopkeeper.

Told shopkeeper that we wouldn't pay and walked back
to our car.

had an extremely uncomfortable exit form the car park
due to an old man (clearly from the shop) loading a

shotgun and pinting it at our car.

Visit this location, don't use the shop or the toilet.

9INANTNT 37 Lﬁ'aﬁﬁmﬁmezﬁﬁﬂuw%mmﬁﬁﬁﬂﬁmﬂzLLuummiﬁﬂ
Hudauan endaeg1atus1dn Expect, giant touristmagnet aluuniansaingads
Promthep Cape, Kao Khad Views Tower na1389317id7897u ALAUABNIERITINEAN
ussEINARR JeinlAraziuurinidneenuilui@suan s Rating 1 1ios91nLa0
Usraunsaleduens viiesmuansnagfiusnisldd
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uwazilpitayavivvesinvisaiieanniiasisnsiuiuAiazhuuAuIan fe
wanalugui 50

Continent ~ | Negative Neutral Positive Grand Total
Africa 8 142 150
Asia 78 14 1029 1121
Australia/Oceania 45 3 568 616
Europe 49 ] 566 621
North America 11 2 208 221
South America 3 3
Grand Total 191 25 2516 2732
Uil 50 : doyavivenihvioudieasmiumpsuuunIINIANYeINgURITYIDUTIE NI
5ITNYIN

mﬂg‘d‘ﬁ 50 Wu1nIU Asia, n3U Australia/Oceania wagniu Eruope 3
$runuuniansalludavanuniiganuadiu Tuvaigiiniu South America uazniu Africa
Srunuuminsaifldmazuunludauandesiian uandiiiuimiy South America agnid
Africa liifloavioadioalungunisvieaiiomesssund

NguNTvioAendl 5 - wndwisafiealleunuinig (Recreational Attraction) Az UL
ANFAnegsErintemziuy 1.9 A -1.48 Tpaanuiinldnzuuusnniian 3 anudiusn leun
1. Soi Dog Foundation laAziui 1.99
2. Royal Phuket Marina loaguuu 1.91
3. Old Phuket Town leiAzuuu 1.88
anuiinldrzuuuioniian 3 anuiusn leun
1. Bangla Road laAgiiui -1.48
2. Turtle Village Shops & Cuisine laaguuu -1.24
3. Phuket Zoo lemzuuu -1.15
uazdadiumaziuunmEn vesngunmsiesfisniiotunuinsfauandluguil 51

Negative Neutral Positive Grand Total
Count of Result 5126 617 23921 29664
% 17.28020496 2.07996 80.63983

JUTT 51 : anduAIAguuuAINGaN Yangun I TiauieuieuuniuInIg

N3 51 wansliviuiingunisvieaiieniietiumuinisinviesiiedddnids
Ul 1N7ign 80.64% sesadunAenuIanluleau 17.28% uaganuianluiduin iy
2.08%
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MNNNTIATIEAIAZUUUANUIANTINAY Rating Nilnvieaneliluusias
uniansaluanslugun 52

Grand Total
JUIT 52 : AIAZUULAINFANTINAY Rating Y89ngunITVeuiie uodunuIngs

~ Negative Neutral Positive Grand Total
1379 48 530 1957
776 52 759 1587
1333 164 3757 5254
1003 184 8754 9941
635 169 10121 10925

5126 617 23921

29664

=i Y @ 1o a cav v =2 IS
NN3UT 52 wansliiuindwinuniansailaaiazuuuauddnludaan
wnfigneglu Rating 5 Fallauaenndendululufiamaieaiy uwil 635 uniasalile
Rating 5 uirAziuuANianduTay Gwanidiegauniansellunisnei 38

M99 38 : AI9679UNTI5aIA Rating 5 usiAIAzuuAIINianTuiTay YeungunIs

NOUAEUNDUUNUINIT

AttractionID

Rating

Comment_trip

Senti_point

Result

19

5

We arrive there at around 17:00 and it was not so
busy. Try to arrive early, as it gets very, very busy.
You can buy a lot of clothes, shoes.

The food was amazing...the seafood skewer at 20 THB
each and many more. We stayed 3 hours, but | wish

we could have stayed longer.

-0.5

Negative

road is very busy you can see many shops around this
road ..but not good for shopping. Almost all Dancing
Clubs on this road

-0.56

Negative

dont go to pattaya walking street i hate because of
racist attitude most of the gogo bars dont allow Indian

to walk in

-0.58

Negative

So nice but crazy :) Hectic, not the place for a child

-0.87

Negative

They have everything you need but the air-
conditioning is too much in this place, it seems like

winter when you come in!

-0.94

Negative

c{' A o a ¢ o a cal o § w1 Vg
INNITIN 38 Lll@‘vnﬂ']i'gLﬂﬁ']z%ﬂ’ﬂu‘UV]'ﬂ'ﬂqimVWl'ﬂVﬂqﬂgLLuu@?qugaﬂ

Juleau snfiegradud1in need, hate, busy, crazy Fsluuniansainanifis Jungceylon,

Naka Market annuiivisaifisalunisdevesliitazilueinis nievedldris q uannaids

Y v o i = v ad o a ' ° Y
Toroy YIanUfiNg1d uaz Bangla Road Wuanutuiisdedsusnnsmalinesdmsunis
Au daassAsng o Juildauees wasiiveidesng q luuninsalmeviliezuuuanuidniy

LAY
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Tuduvesunmiansaifitnvieaiienssy Rating 1 waAAzkuuAN3anduTs
U3 A9107U 530 U0 BAUEAIDIANNTALEIAUTEIINNAT Rating Tnvinaiedlu Au
AAZLUUANUIANTILA AuanaiiegeunInsallunisei 39

#1599 39 : 08 NUNINITAILA Rating 1 uaAIALuUmIIMANTUTIUINYEINGUNTS

NOUNYUNDUUNUINIT

AttractionID

Rate

Comment_trip

Senti_point

Result

89

1

It's nothing like they advertise, please try to find a

quieter gym with more helpful trainers n somewhere

they respect commonners n show equal interest

1.01

Positive

Bangla rd is amusing first or seconds time round,
however also shows the sleazy and most vulnerable
in the Thai community but being on holiday most

look past that and proceed to take advantage.

0.97

Positive

28

The same stuff that you may find elsewhere in
Phuket.

Much more pleasant and interesting the Sunday
Street Market in Phuket town.

0.72

Positive

108

I have travelled all around the USA and its nothing
like those outlets.

Save your cab money on something more worth
while

0.69

Positive

I am marking this on our preferences,if you're a lot
younger than us yes probably your scene,

Yes | am glad we did it as | found a fabulous
restaurant off one of the side streets,but for us it
was to much

In your face

0.54

Positive

31N915199 39 WavinTesenaAluunIansainvinlvenazuuuauidn

Jwdsuin enflegradiumiin interest, pleasant, glad, fabulous @sluuniansainaniia

Bangla Road, Phuket Weekend Night Market nan2fd auwanmauluusseinielagseu
AUNDINNRAYVDIDINT ﬁaﬁﬂﬁmﬂmuummiﬁﬂaaﬂuﬂul,%waﬂ el Rating 1 119431n
AULEDY AINANUINUDIANTUT

namaluguil 53

wazilatndayanivveinyie et Ins e RS INAUAIALLULAINIAN A
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Continent ~ Negative Neutral Positive Grand Total
Africa 242 36 1215 1493
Asig 1408 192 7597 9197
Australia/ Oceania 1706 174 7718 9598
Europe 1299 139 5264 6702
North America 462 75 2083 2620
South America 9 1 44 54
Grand Total 5126 617 23921 29664

JUTT 53 : JeyanTUvesdnyoaiig 15 A UAIALUUNAIINIANYINGUNITYONTIE

o UNUINIg

mﬂgﬂﬁ 53 Wu1nIU Australia/Oceania,n3U Asia wagniU Eruope HI1UIUUN
Fsalludeuinunniiganuadu Tuvaedindd South America uagn3u Africa fidnuauumn
Fnsafiildrazuuiludsniniosdign wanslifiuimiy South America uazv3u Africa sl
fuamieaienlungumsvionfisnfiotunuins

nANNSYRTEIN 6+ umAwiBa s Tansssy (Cultural Attraction) AzuuunN3aned
sEvinsAziuY 3.89 A1 -0.71 Tasanudinldazuuusnndian 3 antuiusn loun

1. Phuket FantaSea lanziuu 3.89

2. Soi Romanee laAziuL 0.69

3. 72nd Anniversary Queen Sirikit Park lAPzwuu 0.51
anuifildinzuuutiosiian 3 aanuiusn Téun

1. Phuket FantaSea laagiuy -0.71

2. Thalang National Museum laiAguuy -0.53

3. Chinpracha House loAgiiui -0.18
uazdadiumaziuunwEn vesngunsvieaiisimsinusssusuandusuil 54

Negative Neutral Positive Grand Total
Count of Result 706 57 4257 5020
%o 14.06374502 1.13546 84.8008

JUTT 54 : GAFINAIALUULAIUZAN VOINGUNITDNTIEINNIRILGTTI

91n5U7 54 wandliifiuinngumsviesiieameimusssutinvieniion§dnids
UININTian 84.80% sosamnAonmAnludaay 14.06% wazanuidniane e 1.14%

ynynTieTEiAzLLuANSANT AU Rating Tinvieadiealiluusas
umansaiuandluguil 55



Rating

LA LD M

Grand Total
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~ Negative Neutral Positive Grand Total
256 11 151 418

181 12 199 392

172 19 747 938

72 7 1435 1514

25 8 1725 1758

706 57 4257 5020

U 55 : AIAZUNUAINZANTINAY Rating YeangunIsviaaiieInNImusssy

a Y & 1o a cal v Vg a
GU']ﬂEUVl 55 LLﬁﬂﬂﬁL‘ViLWU?WQWU?UUWQQW?M'WI@@WﬂSLLUUﬂQWNEaﬂIUL%QUQﬂ

wnfianeglu Rating 5 Fafianuaenadenlulilufianiadeiu wild 25 uniaisainla

Rating 5 warAzuwuunusdnludeau Juansiiogneuniansellunsnad 40

775799 40 : fr0819UNIV15allA Rating 5 uaAIpzuUUAINiaNTUTIaY YoungunIs

VDY INNINUSTTY

AttractionID

Rating

Comment_trip

Senti_point

Result

23

5

Oh my goodness, this place is unbelievable - it's
absolutely weird but a must see in Phuket. The show is
amazing and the performers are very talented, but
unfortunately it's finished before you can believe it's
over. You can't take photographs or recording devices
into the theatrette, all devices must be left in a locker
which is a lengthy process for drop-off and collection.
The attractions before the show are very unusual - we

were especially freaked out by the gerbils!!

-0.19

Negative

23

This place is amazing, so much to see and do, food was
good but cocktails expensive and not very good,the

show is fantastic and highly recommended

-0.23

Negative

23

The show would of been ok except they use poos
Elephant slaves!

I had to see it for myself.

Beyond disgusting stop using wild animals in shows
Thailand.

Pure Elephant abuse!

When the show is over they go back to their chairs!

-0.26

Negative

23

The performance was a must see! It’s very good but
from certain aspect you will find that the elephant are
trained a lot and the tiger pup are all very skinny.. might
not be very well taken care of from my view... the
buffet was a total letdown really not worth the money
to top up from the normal buffet... overall show was

good but food is not worth it

-0.26

Negative

23

we like this city too much.we want to go again there.my
kids they like too much.we got every thing there what

we want.

-0.4

Negative
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21nM157197 40 evhmsAaneidiluuniansaliviliaaziuuauddn
Juideau endeg1aum1in unbelievable, unfortunately, expensive, letdown Feluum
391500n@128a Phuket FantaSea annuivieaifioanansuas @ 1dos tnuuazlyinuanansa
v03dn wazdlemnsuins luvvdnsainaniinunmennns wazUiinuitesas nislyi
fun vduvesanuuaznisuandlianusaldndesdiusaesuld vlfAnauauidn
Tudeau

Tudhuvesuninsalfitinviesifisdsyy Rating 1 wiAzuuuALSANTUS
van fi1uau 151 undansel Feuansdennudaudsiuseninee Rating idnvioadiealss fu
AazuuunEnTls fauansiogrsuniansallumsieil 41

MITNA 41 : FIegNunINsalild Rating 1 waimAzuuunINIanTuBIvInYengunIs
ViouTie I NIRIUE T

AttractionID Rate Comment_trip Senti_point Result

23 1 Animal cruelty- do not visit! If you respect animals 0.52 Positive
please visit one of Phuket's elephant retirement parks
for a more ethical way to spend time with these

amazing animals!

23 1 I honesty thought all the surroundings were much 0.43 Positive
nicer than the actual show
| found it very boring (| feel asleep) | would skip it

not for me

23 1 If you have seen any other performance like cirque 0.33 Positive
du soleil or China dream this performance has

nothing to offer you , buffet meal bellow average .

23 1 This attraction would be so much more beautiful and 0.32 Positive
fun without using abused and distressed animals as a
tourism prop. The animals are clearly unhappy and
don't deserve the harsh treatment they're given or
the small and unnatural living conditions they're in.
Free the animals and it would be a much more

enjoyable place.

23 1 This is such a boring show couldnt wait for it to end. 0.28 Positive
Not only was the dancing poor but watching those
poor elephants having to perform was heart breaking.

I wish | hadnt gone. If you care about animal welfare

dont go to this show.

31NM15199 41 Levinsiesgidluuniansalninliaaziuuausan
Wuidsuan enfiegauf1in amazing, performance, beautiful, fun, enjoyable @sluumn
391500N81904 Phuket FantaSea Nan3fian1sHaRINENaTI LAAIAIINRAIAYDITI NITUART
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#1399 WFBUNITUINITRIMNT FeilviAAzuuLAINIANRONINTUTIUIN ke Rating 1 1818497N
Unviosieanerindunismsudad wazuneniswansiunie

uwazilleitayavivvesinvisaiieinniiasisnsiuiuAiaziuuAuIan fe
wanaluguin 56

Continent - Negative Neutral Positive Grand Total
Africa 31 2 251 284
Asia 211 10 1480 1701
Australia/Oceania 261 29 1583 1873
Europe 134 7 621 762
North America 66 9 314 389
South America 3 8 11
Grand Total 706 57 4257 5020
JUTT 56 : YoyanIUvesdnyouileI5 A uaIALULLAIINIANYOINGUNITYDNUTTE N
INUTTIN

313U 56 wuinU Australia/Oceania,n3U Asia hagnu Eruope
IuUnINTalluduINnganuaau Turae iy South America wagn3u Africa 3
° a cal v a ) N Yy g 1 a . =
unuminsanlsrmezwunluguintdesiian uwandliiuiimiy South America uagniy
Africa lifigavinaiienlungunisvieaiiimieinusssy

nANN1SYiRaTEndl 7 undsvioaflduseianmnema (Beach Attraction) AziuuAN3Aned
sEminAziuL 1.93 f -1.47 laganuildazuuuinniian 3 aauiiusn Lo
1. Banana Beach lansuuy 1.93
2. Patong Beach lapziiui 1.89
3. Kata Beach langiuu 1.66
anuifildinzuuutiosiian 3 aanuiiusn léun
1. Patong Beach laaguuu -1.47
2. Kamala Beach lamzuuu -1.38
3. Kata Beach laaziuu -1.24
uazdadiumaziuunwEn vesngunsviesiistUssnnmemadauandluguil 57

Negative Neutral Positive Grand Total
Count of Result 3874 407 20519 24800
Y 15.62096774 1.64113 B82.7379

JUI 57 : dnSINAIALUNNAIINGAN YOINgUNITVNUTEIUTUANTIENIA
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9n3U71 57 wandbiiiuiingunisviesigalssiannevin dnvisaiieaddn
WIUINUINTAR 82.74% F89AABANUIANIUIAY 15.62% UazAd1uianiagy Liles
1.64%

MNINNTIATIEAIAZRUUANUIANTINAY Rating Nlnvieanedlluusias
uniansaluanslugun 58

Rating - Negative Neutral Positive Grand Total
1 703 31 360 1094
2 744 40 622 1406
3 1258 117 2786 4161
4 747 136 7463 8346
5 422 83 0288 9793
Grand Total 3874 407 20519 24800

UV 58 MIALKUNAIINZANTIINY Rating Ye4ngunIsyauiigIussanyIenIn

9n3U7 58 wandbiiiuinduinuninsaiildaazuuuannuidnludaan
wnfianeglu Rating 5 Tallauaenndendululuiiamadeatu uwilii 422 undnsalild
. ' yvee & a = ) ' a a
Rating 5 ufifAzLUuANIANTLTRAY Bwansiegauninsallunisni 42

#75797 42 : Fr08719UNIV15alild Rating 5 uarIAzuuuAINianTuIay voangunis

VOUNEITAANT LI
AttractionID Rating Comment _trip Senti_point Result

3 5 | don't recommend walking here if you are not in good -0.6 Negative
condition. Very challenging trek in. However, the long

boats are quite expensive.

64 5 Lovely beach with gentle water -0.61 Negative
Never strong good for kids,

Lounges and umbrellas on the beach

Drinks and snacks on the beach,

Corn on the cob from jack who walks the beach is a
must,

Good restaurants like NY BEACH RESTAURANT is very
good

But others to choose from , penn is good

Nice not over done beach

Good tour guide DANIG JUST opposite

The large massage hut as you walk towards the small
lane that goes down the side of the hotel slate on the
right,

I like relaxed atmosphere not Hustle and bustle,

51 5 Quite commercial too many lady bars and very noisy -0.63 Negative
around hotel however good double glazing and air

conditioning.

65 5 Less waves than on Nai Harn, but instead the bottom is -0.68 Negative

rocky in some places and you risk hurting yourself if it is
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but people around just dont care about nature, very
often is dirty and disgusted.

AttractionID Rating Comment_trip Senti_point Result
stormy.
On the left side of the beach you can snorkel a bit if the
sea is calm, all the fish is hiding near the small island
and the shore.
64 5 the places is nai yang is one of better places in phuket -0.97 Negative

A A o a ¢ o a cal o § w1 Vg
I1NNIT N 42 L@J@'Vl']ﬂ']i')Lﬂi']%‘ﬁﬂ'ﬂu‘UV]']ﬂ'ﬁm‘mVl'ﬂV]ﬂqﬂ%LLuu@'ﬂqﬂJEaﬂ

WulBeau endleg19dumin quite, Never, noisy, risk, dirty, disgusted @sluuniansad

AGRPAN Naiyang Beach, Yanui Beach, Karon Beach, Freedom Beach %nmﬁqmmmmm
YIPWINA WenuAILaNUINIERlavesyed ilinzuuuauanluday
Tudhuvesuninsaifidinvieaiienssy Rating 1 wsnAzuuuAwidnduda
1an fi1uu 360 UnBensel Feuansdenudaudsiuseninegn Rating idnvioadiedls fu
AaziuunEnTls fauansfogrsuniansailumsei 43

MITNA 43 : FIegNunINsalild Rating 1 waimAzuuunIuIanTuBIUINYengunIT
VO IUTHNNYIENIN

AttractionID

Rating

Comment_trip

Senti_point

Result

18

1

Phuket Have many beautiful and clean beaches like
Surin, Kata or Kamala, but if you are in town for two or
three nights its a better option to stay in Patong as it is
convenient and laud and fun place to be. If you have
a week or more in Phuket and you are looking for a
quite time and more quality time get the hell out of

Patong and head to another beach

0.91

Positive

52

Lovely swimming beach with some nice food stalls for
light meals and drinks easy access from RAwai Clean

and peaceful

0.79

Positive

18

There are loads of restaurants and shops, but |
preferred Kamala Beach, about 10mins Tuk-Tuk ride
away. Less crowds and more family friendly with still

good restaurants and shoppinsg.

0.66

Positive

18

We love Phuket and enjoy the markets and the
atmosphere, however it is annoying you cannot take a
stroll along the beach without being harassed every 5
metres by hawkers wanting me and my family to get
tattoos. Ok in the markets and on the streets, but surely
you should be able to enjoy such a beautiful beach in

peace. Harass me elsewhere.

0.65

Positive

12

Lovely beach safe for the family
Want to go back

0.64

Positive
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AttractionID Rating Comment_trip Senti_point Result

I love the Thai people they are so friendly

Lots of restaurants

21157197 43 evhmsianeidiluuniansaliviliaaziuuauddn
Juildeuan endiegragudin beautiful, fun, lovely, nice, friendly Feluunmiansainani
Kata Beach, Patong Beach nd1389An1uai8uuestiinga wagmians1e Aanssuwenin
199 ANEEAINtUNITAENIE Fevi A AzuuLAIINFdneanululgauIn we Rating 1
1199918V MATILILIN fAuiezifuyng AemsuEeuInsTiuNg

uazilpitayavivvesinvisaiieinniinssnsiuiuAiazhuunusan fe
wanaluguin 59

Continent ~ Negative Neutral Positive Grand Total

Africa 149 18 990 1157
Asia 1012 102 6496 7610
Australia/Oceania 992 102 5028 6122
Europe 1224 122 5663 7009
North America 497 b2 2274 2828
South America 5 1 68 74
Grand Total 3874 407 20519 24800

JUTT 59 : deglanivvesinyiouiie1TaunuaIALuULA 1IN INYINGUN I ToUTEIUTHNY
YIYYI9)

33UN 59 wuimI Asia, n3U Eruope wagniy Australia/Oceania
uUnINTallulauInunfiganuaau Turaeivniy South America wagn3u Africa 3
° a cal v a v PN Yy g 1 a . =
Iwnuminsanlarmezwunluguindesiian uwandiiiuiimiy South America uagniy
Africa lllsuvieaiglungunisvisaiisiussnvuienia

nauMIViowiiend 8  undwisailsausziaminnn (Waterfall Attraction) Aziuuanu3dneg
s¥MIaAzIUL 0.90 f -0.69 Insanuildnzuuusnniian 3 aauiiusn loun
1. Bang Pae Waterfall lanzuuu 0.90
2. Kathu Waterfall lamziuu 0.55
3. Ton Sai Waterfall loaguuu 0.14
anuifildinzuuutiosiian 3 aanuiiusn léun
1. Kathu Waterfall lanzuwuu -0.69
2. Bang Pae Waterfall lopzuuu -0.22
3. Ton Sai Waterfall lapzuuu -0.05
wardndurazuuumndin veangunisviesiindssnmivndauanduzud 60
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Negative Neutral Positive Grand Total
Count of Result 42 7 207 256
Yo 16.40625 2.73438 B0.85938

FUTT 60 : dndauAIALUUUAINTAN YauNqunITYauTIEIuTHANIIEN

23U 60 uanslifuinndunsvieafienyssnninn dnvieafienddnids
UIn 1NTign 80.86% sevasnAernuiAniuiday 16.41% uazanuidniane s 2.73%

ynysiRsIEsiAzLuANSANT AU Rating Titnvieadioaliluusias
uninsaiuandluuil 61

Rating ~ Negative Neutral Positive Grand Total
1 B 1 b 15
2 10 13 23
3 15 2 bb 83
4 9 2 68 79
5 2 54 56
Grand Total 42 7 207 256

JUIT 61 : AIAZUULAINFANTINAY Rating Y8IngunITVeuiieIussnmnn

a v & ) a cav v Ve a
N3UT 61 wandbiiuiduinuninsainlaaasuuuauidnludaan
N I . = o Y I3 a = ) | a cay v
wnaneglu Rating 5 Fellauasandeadululufianisfeaiu uilfs 9 uniarseinle
Rating 4 usirAziuuAN3anduTay Juansdiagsumiansallunsnd 44

M15199 44 : FIeg19unIesaliile Rating 5 usiAIAgkuuaILan ey veangunts

VOUNEIUsLnNIIN
AttractionID Rating Comment _trip Senti_point Result

132 4 Once again, seems that tourists from certain countries -0.08 Negative
have no respect and fail to take their rubbish with
them. Got to the top and there was a couple having
photographs taken by a semi professional photographer
a few metres down. The photographer seemed
annoyed that we had interrupted. Was all most looking
like they were about to shoot some 'adult’ scenes!
Reatreated back down the track and climbed down to
take a dip in one of the rock pools and discovered a
dirty nappy stuffed in a rock! Such a shame.......

132 4 Nice walk up to the waterfall. About 15 to 20 metres -0.08 Negative
high. Very hot and humid. $8 A per person for entry. |

thought a bit much for the 30 minutes you are there.

132 4 The waterfall is a great excuse to get up early and drive -0.09 Negative
into the mists and damp of Phang Nga on a weekend

morning, tramp about in in the rain forest, fill your nose
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AttractionID Rating Comment_trip Senti_point Result

with the smell of green and then head back into
sophisticated Phuket for a 5 star brunch.

132 il The waterfall is a beautiful place to visit and the rock -0.09 Negative
pools make playing in the water sooo refreshing.. Was a

nice experience apart from the litter and dirt found
around the water rock pools.. | wish people would not
litter!

132 4 The waterfalls are about an hours drive from Patong, -0.22 Negative
they are in the centre of a national park that costs
tourists 200 Bhat to get in. The car park is huge and is at
the base of the river and its a lovely walk along the
river to the falls. One word of caution is that the path is
very uneven and | would not recommend it for anyone
who has a walking difficulty. The walk is about 10-15
minutes to the falls, they are not huge but they are
quite spectacular, and if you are brave enough its
possible to swim up to the falls. Sadly | was not one of

the brave ones.

a A o a ¢ o a e o v Yoo

1NA15199 44 Wevhmsiasiendluuninsaiilieiazuuuaiuian

WuiBsau snfaeg199uAnI7 rubbish, interrupted, humid, difficulty Faluuniaisel
| = H = a o & Aa

Na1388 Bang Pae Waterfall uﬂmﬂiu@uﬂﬂﬂw’lﬁiimﬂmLLazamUﬁLﬂnWizLLm NUAINUIAINY
wAN15AWAUIIN A UTLRIEnUAUTIan Fedaaululldauau vnlwnnsiRuyindany
A1U1n taziinisiiuandice usnahendudulumevey satudasiiniinnazaisny wse
INARLNEILA ﬁi'mmt,uummifﬁﬂﬁé’aLLamaaﬂMMLG‘Baau

Tuduvesunmiansalfitnvieaiienssy Rating 1 waAazwuuANsdndugs
IR L1 6 U0 BIWEAIDIANTALEIIUTEWINNAT Rating Aunvisudeql Au a1
ATLUUANUIANTILA AauanadiegeunInnsallunised 45

MITNT 45 : FIgNUnINTalild Rating 1 waimimzuuun I TuBIvInYengunIs
viewigauseinmien

AttractionID Rating Comment _trip Senti_point Result

132 1 Nothing special - over priced entrance fee none of 0.24 Positive
which goes to the gibbon project - far from anything
special I Not a fabulous view or anything special

We went just for the gibbon project and was totally
glad we did - wouldn't bother with the waterfall at
all- after paying the entrance fee a local parks person
tried to push us to then buy a pricey trinket to raise

money for the waterfall up keep Lol

Go see the gibbons !!
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AttractionID

Rating

Comment _trip

Senti_point

Result

132

As a very experienced traveler we appreciate the
difference between entrance fees that are used to
improve or sustain and those designed to milk ... this
was the latter. Putting a guy in a hut and giving him a
cap doesn't merit 200B per person... We turned

around and went to Big Buddha instead..

0.13

Positive

132

We might be a little spoilt in the waterfall
department coming from New Zealand/Australia, but
this one is definitely not worth the effort if you have
seen one before. Here is why:

1) getting there - it's off the beaten track and you'll
need some form of transportation to get there.

2) cost - the ranger is fleecing you for 200 baht p.p. -
which doesn't sound much but is disproportionate for
what you get.

3) walking - sign says 300m but in the heat with 100%
humidity it feels more than a mile. Track is not even
and takes you over slippery slopes and rock which
requires a certain level of fitness and footware.

4) size of the waterfall - it's a meager 3m drop at
best. Might be impressive if you from an arid region of
the world, but you wont get out of bed for that if
you've travelled down-under.

Positives - the jungle is lovely and sports some
impressive bamboo and rainforest trees along the
way. At the entrance you can also visit a gibbon

rescue center if you into primates and animal rights.

0.12

Positive

132

We didn't get to see as we thought the charge of 800
baht for 4 of us was a bit steep. Decided to go down
the road and spend our money on quad bikes and

buggies instead!

0.05

Positive

132

| feel a little guilty about giving this place 1 star, but
seriously it is not worth the entrance fee of 200thb
per adult and 100thb per child. I only feel guilty
because if you want to visit the Gibbon Rehab Centre
then you have no choice. However, the Rehab Centre
does not get any of the entrance fee which is
ridiculous considering that nearly all the foreign
tourists want to visit the centre and they are the only
ones who have to pay the entrance fee! (Local access

is free)

The waterfall alone does not justify the fee in any
way, shape or form. There are odd dip pools on the
way up to the waterfall, but nothing which is going to
tempt you to strip and dip, believe me. The narrow

area beneath the 5 metre waterfall would be nice for

0.05

Positive
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AttractionID Rating Comment_trip Senti_point Result

a quick swim, but once again, nothing special. When
we visited there were a lot of locals swimming, having
picnics, and leaving rubbish scattered, so it was not

the tranquil walk we were expecting.

To summarise, don't bother. If you are keen to
support the Gibbon Rehab Centre then make an
online payment and adopt one. Don't waste your

money coming up here as you will probably be

disappointed.

1NM5787 45 evhmsiaseidiluuniansaliivildaazuuuauan
Huidauan enfregruguriin lovely, impressive @sluun3ansainanafie Bang Pae
Waterfall nd1fianinugauanysalvassssuyd Uikl wazvell FilvAazwuuaiuidn
poniluiBeuan usi Rating 1 tasnilymeandnfigann liduarfunisdnlugainn

wazilatndayanivvesinyie gt InT e RS INAUAIALIULAINIAN A
wansluguin 62

Continent ~ Negative Neutral Positive Grand Total
Africa 1 6 7
Asig 18 3] 65 89
Australia/Oceania b 1 45 52
Europe 13 69 82
North America 4 22 26
Grand Total 42 7 207 256
31/77/ 62 : ﬁz’}’a%/am”z/sz/aaﬁ’n7/1’8\74ﬁé/i)i’;l/n‘“vﬁ'mmuummﬁﬁnwamqﬁmsw’au7/‘7%/71/5::4;77/1
14787

fﬂﬂﬂgﬂﬁl 62 WUIMIYU Eruope, 13U Asia aznIU Australia/Oceania &
Fruruuniansalludsvinunnfiganiudidu Tuvaed Linvuniansaiannniv South
America a8 ludiurawiiu Africa wagn3u North America #shuauuriansaliildriazuuy
TuL%ﬂmﬂﬁaaﬁqﬂ wanaliiuInnIu South America, n3U Africa 73U North America by
feuvieadielundunsviendieUssnnien

NANAITVBUNYIN 9 = uraaiedeIUsELAMAIY (Island Attraction) AzkuuAIINIANDY
semIAzkuY 1.42 89 -0.85 lnganunflarzuuuinniign 3 an1uiusn laun
1. Coral Island languun 1.42

2. Koh Yao Yai loazhuu 1.14
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3. Koh Racha Yai laAgiuu 1.09
anuiinldrzuuwiosiian 3 anuiusn léun

1. Koh Racha Yai leipguuu -0.85

2. Coral Island lapgiuy -0.48

3. Coral Island leipsiuy -0.23
uazdadiumaziuunIEn vesngunsvieaiionil 9 fauandluguil 63

Negative Neutral Positive Grand Total
Count of Result 155 11 604 770
Yo 20.12987013 1.42857 78.44156

JUTT 63 : AAFINAIALUUNAIUZAN YOINGUNITYBUTEIUTLUANINIY

el' v 2 i ] =i o v o
INFUN 63 uandlviiindingunisvieaiieaussinnminig dnvieailedidnias
UINUINTIAN 78.44% F09a9ARANTANIULTIAU 20.13% UavAnuianiaes e 1.43%
MNINNTIATIEAIALRUUANUIANTINAY Rating Nilnviaanelviluusias
a ¢ =
unInsaluandlugun 64

Rating -~ Negative Neutral Positive Grand Total
1 55 18 73
2 29 21 50
3 38 3 81 122
4 22 2 182 206
5 11 b 302 319
Grand Total 155 11 604 770

JUTT 64 : MAZUNLUAIINIANTINAY Rating Y89NguNIsviauiieIUsnminge

n3UT 64 wandbiiuidununinsaildaazuuuanuidnludaan

N I . = o v I3 a = Y] s a cav v

wnianegly Rating 5 Fallmnuaenndetdululuiiemadeniu walts 11 uniasalila
Rating 5 warAzuwuunusdniludeay Juansiogneuniansellunsnad 46

M15997 46 : FIeg19unI95aliile Rating 5 usiAIAgskuuaILan ey vengunts

) =
NoUNYIUTENNNIE
AttractionID Rating Comment_trip Senti_point Result

105 5 Have been to most of the islands around Phuket and -0.08 Negative
picked this one as it was relatively close.

The boat trip across and back were quite good, a big
speed boat carrying around 40 people.

Once we arrived, we were advised not to bother with
snorkels as we would not see any fish or coral. I'm sure

it's possibly not like this all year round.

The amount of people on this island was ridiculous. You
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AttractionID

Rating

Comment_trip

Senti_point

Result

could barely move on the sand, and the water was the
same.

Very little in the way of food.

There was a smorgasbord for people who had booked
lunch and watching that was like watching a wrestling
match and elbow jabbing competition in the trough.
There was a little bar that offered some light meals,
drinks and ice-creams.

Far too many operators cramming too many people on
a small beach space.

An awful experience and thank goodness it was only a
1/2 day tour.

Never again.

26

Such an wondefull place

Just sit around an forget the world
This island still calm not much tourists
So wonderfull a must see

-0.14

Negative

26

we stayed at treetop villas for only two nights and what
an experiance.this place is awsome,the villas are top
class and deserve the 5* rating,the bed was so large and
comfy and the plunge pool was out of this world(so big)
even the free bar when we arrived had complementry
gin and whisky which neither of us like and they
exchanged it for vodka, nothing was to much
trouble.only thing that that let it down was that they
knew what time we were arriving but they let the
previous guests extend their stay so we could not have

the room till nearly 4 hours later

-0.2

Negative

39

BTW, | am writing about coral island near Pattaya

Its very expensive and meaningless to take a guided
tour. Reasons

- They charge too much for a 45min boat ride and lunch
- They charge too much for water sports like Parasailing,
water scooter etc. For example, in my case | paid 500
THB for parasailing while it costs as less as 200 THB.

- It is meaningless since they will just drop to at one of
the beaches and u spent whole day there whether u

like it or not

We took a boat to coral island from Bali Hai Pier for
30THB per person. The boat took us to Naban port from
where we rented a bike for 200 THB for whole day.

lts amazing since u can visit all the beaches (there are 7-
8 beaches) and spent most of the time on the beach u
like.

-0.21

Negative
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AttractionID Rating Comment_trip Senti_point Result

95 5 Likes: Turquoise water in fish filled bays, yummy -0.23 Negative

restaurants in the village, lazy pace of life

Dislikes: Rubbish at lesser frequented beaches, prices
are high (but it is and island)

1NM57971 46 lovhmsiiaszidiluuniansaliiviliaaziuuaiudn
Judeau snfegiatudin crowded, little, expensive, Rubbish 3sluuniasainaniis
Koh Yao Yai, Coral Island dhuweanizidn o fvisanimeniinifisadnties nandediou
AuEEY Aanssusne q 1wy f1dh seude T51mune waznuverluueituiiens dmalden
AzLUUANUIANlUYaY

Tudhuvesuninsaifitinvieaiienssy Rating 1 wsnAzuuuAwdEnduda
1IN f5uu 18 UnIsel Feuansderudaudaiuseninedn Rating fivnvieadiesls fu an
ﬂzLLuummiﬁﬂmﬁ Faanssogauniansallunisned 47

MITNA 47 : FI98NUnINTalila Rating 1 waimAzuuunINIanTuBIUINYengunIT
VOUNE TN

AttractionID Rate Comment _trip Sen_Result Result

39 1 | felt like being in china. Lots of Chinese. You literally 0.18 Positive
cannot find a place to swim. Racha islands are way
better and the beach is cleaner and nicer. Worst place

i visited in Thailand was the coral island

95 1 We went there on Monday 8th looking for snorkeling 0.14 Positive
with Golden Region Travel after it has been very
heavily recommended by our Hotel, Two Villas
Holiday. They were speaking of a Special Promotion
and | suppose they had to push it for a personal
reason because it was by far the worst day we had
during our stay. The shuttle bus arrived 50mn. late
before to bring us to Chalong bay where we met
around 60 other people doing the same trip. We had
to wait there an other 50mn. before to board a fast
boat that brought us to Racha. We were late so the
boat was very fast. It was fun, the boat was fast and a
lot of water went in our face; though the families with
small kids and elderly did not enjoy being soaked as
much. There we had 30mn. of beach before the guide
started yelling at us to herd us like cattle to a cheap
restaurant where we had 30mn.to gobble some food.
We went then back to the beach to wait to go to

snorkeling. Long story short we were allowed of

snorkeling before to go back to the beach where we
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waited 2 hours before to head back, all the time being
yelled at and maneuvered like a flock of sheep. Avoid

at all cost

39

What was supposed to be a great snorkeling trip
turned out to be a nightmare. Whilst | have traveled
many times and am wary of "brochures" it was the
closest snorkeling trip to the hotel in Kata. After a 20
min boat trip to the Island we approached the beach
and couldn't hear anything except the noise of boats
revving their engines, banana boats pulling tourists,
beach chairs all over a "pristine" beach and an Island
devoid of all marine life. The tour operator is fleecing
tourists left right and centre, except if you are Russian
and Chinese and have pre-booked. Managed to get
half my money back but did promise them | would

write a review...

0.11

Positive

39

I've never seen so many people on one beach at once
in my life! It was so packed it was unbearable no
space to relax or go for a walk, it was obviously so
polluted and had just lost its serenity.. Do not
recommend going! Unless you get a super super cheap
deal it's just a waste of time and money really! Patong
beach or something like that is just as pretty and even

quieter!

0.1

Positive

105

The island itself could be gorgeous, however. it was
over run with tourists, to the point of bursting, the
Chinese travellers all seemed to congregate together
at one end of the beach, so we went right to the
other end, where it was relatively quieter, however
the peace was constantly disturbed by the regular
drop offs of more and more boat loads of tourists,
there must have been approx. 50, boats parked
around the shore and jetty.

So snorkelling was out, sea too disrupted to see
anything, and the beach was filthy covered in litter
brought in by the sea, as all washed up plastic bottles
etc. Thai tourism should keep the numbers visiting
down, and make the boat companies responsible, in

making sure the beach is left cleanl!

0.1

Positive

31NMT199 47 LieYNTATIgRA luumIRsainvi ARz kuLAuEn

WulBeuin endie81919uA137 nicer, great, pretty, lovely Fsluuniaisainaniie Coral
Island, Koh Racha Yai na1fenanssuainnlasuaiudeudusgnaunn dnveaufienieey

ANIIANYBIIBINEL FevilviA1AziuuANIdnaanuluFauIn ue Rating 1 18189310

dnvisaigTunaunndiaieuiurnnvennie kagsA1AuINsiunisatings
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uwazilpitayavivvesinvisaiieanniiasisnsiuiuAiazhuuAuIan fe
wanaluguin 65

Continent ~ | Negative Neutral Positive Grand Total
Africa 3 2 25 30
Asia 52 4 270 326
Australia/ Oceania 39 1 99 139
Europe 47 4 151 202
North America 14 59 73
Grand Total 155 11 604 770
Uil 65 : doyanivveninviouieasmiumazuuunNinvesngunsvisaiieasuay
ine

mﬂgﬂﬁ 65 WU2IMIU Asia, NIU Europe wagniU Australia/Oceania 3
Fruruuniansalludsvinuiniiganiudidu Tuvasd Linvuniansaiannniv South
America a8 Tuduvewidu Africa uagniU North America fidrunuuriansaifldmazuu
Tuidauntdesiian uansliifiuinndu South America, W3U Africa WU North America sl
feamieaienlungumsvionilenUssinning
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Tuduusnvesnuidsinismsiienzinnuduiuvesteyatinvieuien
leun ngumsvieaiiien doyaniu ey uazliilivieadion ilefnuianuduiudvesteya
sanandanuduiusiuuindeeiiiels lagldvannis FP-Growth fMuuaA1 Minimum
Support 71 0.01, A1 Minimum Confidence 7 0.40 wazAa Lift #a3u1nn97 1 Fauansds
aruduitusludeuan wednsildidudwondiiiduiedafiou viU uazngumsveadiend
aenAdastungAnssuLarauTuYeUvesneuielusagniy AL PRHERELERNATRE
msvieafirvestaingiinde dusfeunaiau v iteunguanau dulugafeuiiquion
fla fugrou ity vdeusay Sseraduguassasonsvieadisanuundsaniuiisngeg
Padeuiufutiufouiigsionsieadivninnnusuin wiidesanginiingusieaiien
WletunuInTg (Recreational Attraction) fianunsasesiulinvieaiiierunanguideaviosile
Tuaanandang n wunviesfisnain w3 Australia/Oceania Midanvieaifisatianian
fanam 1esanernimvesniy Australia/Oceania sinumunaiduann taviesiisranniy
Australia/Oceania 3aidondiasumisaiiondadaniagiin

Yioyaludtu Date of experiences fithu diameiiulsenaudedoya Weu

wazl NinviouNIlAviouNvI93e Mo unannesuves TripAdvisor s835UNITINTaloaulau
ety 1 Ywinu dufie Yosseydeya Date of experiences dfdenidounsond lvigiansel

Wenseuiiies 1Y doundavintdu asdudeyaiiiou Unlavioaie1a3e wazadiuianluun
FanseiRsdudeyaniinisdrinnnueainndeu Javhlideyalinnuindete
wagdruruunInsalnldlunisiasizvivanun wenaiut a.a. 11w

Wisuifiguiudwutnviesfisaismuafildvieaiedludmingiin(58] dauandlunisiei 48

01397 48 :  afdvivaudnyieaiieailaduniendiiringn Wisugududimauun
F99500999 TripAdvisor wensIud a.a.

Yaa | Swnuinveadioarnmaed SnuUTBsT e
2010 | 4,305,665 37

2011 | 6,290,577 1,341

2012 | 7,218,975 4,152

2013 | 8,034,981 5,115

2014 | 8,085,616 7,397

2015 | 9,095,355 12,550
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Yaa | Swnudnveadioarnmei SuuUmnsaI L
2016 | 9,237,971 14,146

2017 | 9,683,686 11,601

2018 | 9,921,154 9,939

2019 | 10,167,165 8,248

1nAN97971 48 uansliifiuindruauuniansalann TripAdvisor uummu
Uhinudesifieiisuiivuiusunutniesiisrisniimuaiiviesisrfmiaguin d
Anldann 1. wgdinssudrudrvesinveudiedfilideoniansaieeulatl 2. 419915904
Tnviesdieiifinasenisinisaloaular 3. 14 unasvesy dug lunsiasaloaulad
Tudruveansiinszimilesdeyalasnisiinsiziainainudvesduay
Usglnnvosdmudn dunuansnsatsueniegaisu vdoRanssusng 9 luudazanudiviosilen
fdudegasaganiuauls visaduarmuszivlaliuddnviesdienldads dinTen(verb)
au1snvsvenda Aanssy fawnsaviild vieluiition luanuiiveuiioadu 4 uas
AAuAN(Adiectives) MSOANYEIEATUIN/ATINUIN A1N1TOUIVBN TIALLBUAVDIAIUIY
viormassnunafisfiuld Sesnnsldan TFIDF Wuaazuuulunisiacmanuddyuesmaig
Thduwnusilunsindulaléin Prsnzuuileidiiaudfyanniian
Pnraddgludinvenisiengiimileseyatisdutudulaiinisiiesiey
muiveIiaINTUIUeNEIdn Yy IaLAu HioRansTy anudeudquestinviauiield
psAngNNsYieaiien dnviesflsrannsalddmdwmidananlunsieszivionansuuuy
Sy viseRanssusneg vesdanuiiesiioniug reuflesnduladenveciiodls
Tuduvesmsiinsgianudandnveadiorifianuduveu uazfianelasde
anuivieafisrvesimiagiin Inogldandrazuuuninuidnlunnngumsveadion dlé
AzuuuAIwiAnludauininniian sesasnfennuidnideaunazidniasqmiudidu win
finnsanauaaInedeuvesAAziuuALENEaUan uas Rating 5 Aitnvieadiodldliiiy
un3vsal uiansnueziuueuiandudau wieidnaey Fauandluansnedl 49

715N 49 : UaaiAAaIAAaeUsEINAZLUUlUTIUINILaY Rating 5

naNTl 1 AaneLARBULTiB 2.65% naNTl 2 AaneLARBULTIBY 6.25%
ﬂ&jﬁi 3 AaeLARDULTIE 2.72% ﬂﬁjuﬁ 4 paeLARoULiEs 4.02%
NNl 5 AaneLARBULTIBS 7.36% nauTl 6 AaneLARBULTIS 1.88%
naudl 7 AanaadeuLiis 5.16% nquil 8 AanaLAdBULTiBg 3.57%
NNl 9 AaneLARBULTIB 5.33%

91M15°97 49 wandliiiuiinnurainndouresrazkuuANSENTIUIN
uway Rating 5 Minviesiienlaliiuuniansal Fsmumnziuuanuiandudau viednaey
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Tunqunisvieaiisanieiamsssu (Cultural Attraction) fidianuraaindeutiosdigaiiios
1.88% Tuvuzfinguyieaifisailotunuinis (Recreational Attraction) fii1Annunanainde
7.36% Fsflmnumannindeugeiign uilassuudmnngunisvieafieiininuaainiadeulsl
AW 10%

uaziflofiansananuaaaAdouvesmAziuLANSENITIAU uay Rating 1
fifnvienitealdlifuuniansel uidsmamumaziuuaudanduidaun vioidnaeg M
wanslumsnedl 50

715N 50: UansnIunaInaouseInezuuludiaulay Ratne 1

naudl 1 AaaLAdeURa 21.95% naudl 2 AanaAdeudla 47.37%
nauil 3 aaeLAdouds 57.5% nguil 4 AaneLadouda 50%
naudl 5 AaaLAABURY 29.54% naudl 6 AaALAGBURY 38.76%
nauil 7 aaneLadouda 35.74% nauil 8 AaneLARoURY 46.67%
naudl 9 AaALAABURY 24.66%

NM15799 50 LLam"LﬁLﬁudwmmﬂmmLﬂﬁaumaaﬁWﬂaLLuuﬂawuiﬁﬂL%aa‘u
Wag Rating 1 nviaafienldldsuuniansal winuatrzkuuausdndudsuin vieddn
1089 Tungunnsvieafisndsiiian (Eco-tourism Attraction) flfainumaiaiadeutiosiian
21.95% Iusumz‘ﬁ'ﬂém/iaat,ﬁmmwszi’amam% (Historical Attraction) ffnAuARALARDY
19 57.5% mum'}mammaauawam Imi’muammaumimmmmmmmmmﬂaaum
wndleld SentimentR Iummmevumﬂmaﬂiumau wnSeufisuanunainndeuain
Poyat1wiu a1unsaazuladn SentimentR mmza:uﬂumi'amemau”aiummamﬂfmm
au

Lwiwmﬂﬁmm'm'lwmmamzLLuummifﬁﬂiwﬁ’w‘iﬂ%mﬂfﬂviamﬁmwudw
3 ‘vﬁULLiﬂﬁﬁﬂ'mzLLuu"Luw%mﬁaﬁ%ammnﬂﬁqmﬁa MU Asia, WU Australia/Oceania Wag
w3 Europe adudrduiululunnngumsviosiiien sniungunisvieaiisndsina(Eco-
tourism Attraction) Wintudilaun n3u Europe, "1 Australia/Oceania taz 31U North
America Tuaauefingy South America wazn3U Africa Ssuauuninrsaifildaaswuiluds
untiesdigelunnngumsvionisuandiiiudaiay uﬂwmmmmmmmmmwmmﬂmu
South America wagyiU Africa Id1uutioy LLavmlmaUIwaﬂﬁmmmmmmammﬂu

Luaqmmm%aﬂﬁuwimmamuwaqmsmawqmml,ﬂmiumﬁLﬂmw
Au3an ieAumauidniiuiaiwestinvionfioafifneaniudivieafisdinsuesimin
gufin Tagldifusausudoyauniansaidfoud? a.e. 2010 fa a.a. 2020 susiaduT LAY
76,183 Uninsel Fudusiuau wavszeznanfininfissessrudeiuléin ssezna uay
Srunuumiaseliinanlilldidnennstunseua ﬁaa%’wi’fa;ﬂasﬁu wazumansalnanandu
w"smiai‘ﬁ'Lﬁm%aqﬁ’uamuﬁﬁmLﬁa’maq{]’wi’mgLﬁm%qmuimgd‘]ul,mdwimLﬁmma
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a v L3

555UYF AsAnel Unetne Felineatesdugsfiavesniaenyuuniin daduuniansaiile

=

thaniesideyaiaduuyinsaiiiinanuszaunisalvesinveadion ildsuslisens
Y1934

mﬂmaé’wéﬁgwmﬁ’]wmumuLLazﬁwLauaiugﬂt,wu Dashbaord Aniuns
wiaulagld Google Studio Wteviiaueud Hnvieaiien fala viemsnuesdnsfiieades
Tannsndnfuarlivssloviannsinneideyamand Wesnamafuasiiussansnm
39an N13¥a1u98e Dashbaord wenuduauandsl

1. dhuvesnmsiudeyaniavan fauanslugun 66

TRAVEL TREND OF PHUKET ATTRACTIONS 20,664 190

h Amatca PRr—— Gogle ot sramas Vap eSS Tema flaa

U7 66 : Dashboard kandveyanInguvianue

N3V 66 uanstoyavesudazngum oI didnauunInaiduy
winlus wazuansliiiuinngunisviesiieladiduiuurionsalinndign vietosdian dauans
Tdiuin nguasvieniienlaldiunudemnniian vislildsunuden Wewssudisudy
uviarsaliavun annsofumaindadentesngunisviendienia 9 nauls Tnedndendsd
1. undsvioaflsudaiiiag (Eco-tourism Attraction) 2. unasvieaiilsnis@atsing1nns (Arts
and Sciences Educational Attraction Standard) 3. uwasviediiganisusziAa1ans
(Historical Attraction) 4. UWn@dvieaiflsamnass3uwA (Natural Attraction) 5. Wndsviesiilen
Lo UNUIN1T (Recreational Attraction) 6. WnadviasIfieIn1aTmusssy (Cultural
Attraction)

7. undsrianfisaUseLaneienin (Beach Attraction) 8. unasvieufisatsznniign
(Waterfall Attraction) 9. uvidaviodiflsamesssusAuszamng (Island Attraction) 3o
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wnaulanqunisviesfienls anunsaszyunguiidesnisiiionanstayaiiieangunisviesiied
aula Medafldrunansdrwiuuniansaluennud o wazifou ieuandliiiungunis
ieufiganaula lasuanuion wislulasuauionluusazd a.a. wazitou A1eq Tudiuves
% & ¥ I~ 1 = = S = =
ANSAUMIAIUITALEDNAUNITUYIIU A.A. 2010 59 A.A. 2020 WALLABY UNTIAN DILABDY
sunuan audeyanaulald ludiuveanivszvukansteyauninisaluenniunivees
Y] 1 d' < 1 a{' v & 1 £y 1 d' a = a '3 d' = ¥
Unvieaiies Wudiunwansliiuintnieaneinnnidle Weuunianseluiniganietes
ganungunmvieaiigtiug lunenduiumnaumdeyalaenisseyniv dedlfidenlunis
AUMIASY 1. Africa 2. Asia 3. Australia/Oceania 4. Europe 5. North America 6. South
America Dashboard Uanidayauninnsalmungunisvieaiies U a.e. Lasthouduwdsiuniy
a A o & P a = a P a a ¢l
MIUNTEY MUTEUULAASHUTILANLENAUNIUTIAUDVDIYAKAAITIAINLAYDIUNINTOIN
WnTu
2. dUVDNANTAATIENANNRVRIA Aauanslugun 67

TRAVEL TREND OF PHUKET ATTRACTIONS 76,183 190

chuent

HoH oY o4 Y E

JUil 67 : Dashboard UaaNaanIsmTIZyinIuavede

91n3UR 67 uansdifinnuigsiigauenmiungunisviediiien deaunsn
Aumngunsvieaisafidesnslé uazanansodumeuuszinnuesdlaeiidnidende funu
(Noun) Ainn3en(Verb) wazAinudnii(Adjective) IngA1u1u(Noun) UaUanfiesqnyuy 13e
fgmwimmamuﬁviauﬁmﬁ?uq AN3e(Verb) U'waﬂﬁa]ﬂiiuﬁﬁwﬁﬂuamuﬁﬁmLﬁ'mﬁ?m
uazAudmiiAdjective) aunsnvenednuazvesdualuiaraniuiiionilenld e
annsosvydfiauladiodunin qdu ssstungunisvieniionla vieaonuiivesiiedls
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o aa d‘

41 Dashboard wans word cloud lagimndmidnusingmnetisdniaiudas waganvuin
AT )MIUANDUDIATIARAS

3. duvmNaATIEANIEN fandlugui 68

SO 0B0

TRAVEL TREND OF PHUKET ATTRACTIONS 76183 190

U7l 68 : Dashboard UanssanIsIATILIAIINGAN

mmg*dﬁ' 68 LAAIHANITILATIENAIINTANVDIUNIIITAILENATUNGUNS
‘viaqLﬁaﬂl@8LLamf\i’ﬁmuw%1izﬁdﬁﬁimwiavmm%’ﬁﬂlﬁud ANIANLFIUIN(Positive)
ANUANTIAU(Negative) Lay mmiamam(Neutral) d9uruumiansalinla niouwans
ammumaammsaﬂimﬂLLUUﬂiWWNﬂam mmmeamuwaammmﬂﬂafnmmmam‘lm

399EFUANSILILUNTN5a] 934l Dashboard fauansdayanivuenniuaiuianvesun
39150190078
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unil 5

unaguuasdatauauue

unasy

(%
v aAAav

mu’msmmmmJi“mﬂLwa’smiw“wmmamwuﬁmmuﬂmmmqumsiumi
Aumnsmuanuienieasis 4 ludmiagin deyarimuasunuaniules TripAdvisor
271 2010 s 2020 Fanufiefisaiadn 190 uvs annsodanguauunanIviondely
Wudu 9 hH UNI915091UIU 76,183 UNIN5 NANIIINSANBIDU FP Growth fing
Audutus R 20 ng tnvieiternnviuiiiumandsdmiaguinunniigaldun viu
W, eanstie/lawdeilly wasnivglsunuaau dnsulidnvieadisrfeuiuniands
Qinundigadeseningd 2015 fe U 2017 wazdruruanadluzaed 2010 Fa 2020 dnsy
anuiviosnfisnsendenvesinvieaiisamivielde Aouvasvieafiodsssuuid IiuA Karon
View Point wag Promthep Cape agnufiieafisnsenisuveinvesiienivesanside/le
Feule Aoundwiondiondietunuinis Iéun Bangla Road uar Jungceylon. auuUIaILaS
$e¥anu anuivieafirveniowvesinviesiiewivglsy Aeuvdsionilorsuinnmieme
lAuA Patong Beach wag Kata Beach

fdnyt Aldannisadadluuninsalfinansds iy videAanssusing 9 lu
uiazanuiviouflsamiludsgaisganiwaule wioatrsaudseivlaliuddnvioniienls
939 gAfinangnnanianniiaaluuyinssivesudazanuiveadies nanisadad
Tngld Text Frequency Analysis A1uu(Noun) @11190USUDNENANWMY %IDAUEIAYTI
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1. nguN1sYiaaLiien Eco-tourism 91U 8 Wik

No AttractionsID AttractionsName
1 4 Monkey Hill

2 20 Green Elephant Sanctuary Park

3 45 Elephant Sanctuary Kathu Phuket

il 60 Pang Chang Kamala

5 96 Seaview Elephant Camp

6 107 Phuket Elephant Park

7 134 Elephant Care Park Phuket

8 147 Khao Phra Thaeo National Park

2. ﬂfjumiviml:ﬁm Arts and Sciences Educational Attraction Standard 91U73U 12 Witd

No AttractionsID AttractionsName
1 33 Patong Inn Art

2 77 Tsunami Memorial Park

3 92 The Phuket Gallery

al 114 Phuket Seashell Museum
5 120 Peranakan Phuket Museum
6 122 Kampon Art Gallery

7 127 Phuket Art Village

8 129 Phuket Thaihua Museum

9 154 Shell World Museum

10 169 Museum Phuket

11 175 Phuket Philatelic Museum
12 183 Thavorn Museum




3. NAUNNSYIBTET Historical Attraction $1U3U 26 Wi
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No AttractionsID AttractionsName
1 6 Big Buddha Phuket

2 29 Chaithararam Temple (Wat Chalong)
3 38 Suwan Khiri Wong Temple(Patong Temple)
a4 a7 Karon Temple Market

5 62 Wat Baan Kamala

6 69 Wat Suwan Khiri Khet

7 70 Wat Karon

8 72 Phuket Mining Museum

9 84 Wat Phra Thong

10 88 Wat Doi Thepnimit

11 93 Wat Khao Rang Samakkhitham

12 100 Promthep Cape Light House

13 109 Holy Trinity Church in Phuket

14 113 Wat Phra Nang Sang

15 117 Wat Mongkol Wararam

16 138 Tha Rua Shrine

17 155 Wat Wichit Sangkaram

18 156 Kua Tien Keng Shrine

19 157 Wat Mongkol Nimit

20 158 Wat NaiHarn

21 167 Wat Sri Sunthon (Wat Lipon)

22 174 Sangtham Shrine

23 176 Brahma Elephant Shrine

24 185 Promthep Clock Tower

25 186 Gurdwara Siri Guru Singh Sabha (Wat Sikh)
26 191 Phuket Heroines Monument




4. nFuUN"5YieuET Natural Attraction 31171 8 Wi
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No AttractionsID AttractionsName
1 8 Karon View Point
2 16 Promthep Cape
3 25 Khao Rang Hill View Point
a4 27 Windmill Viewpoint
5 59 Panwa Cape
80 Kao Khad Views Tower
81 Black rock viewpoint
8 184 Krom Luang Chumpon Monument

5. N@UN13iaaed Recreational Attraction 3113 89 Wi

No AttractionsID AttractionsName
1 1 Soi Dog Foundation

2 5 Jungceylon

3 7 KC Slip-Fly

a4 9 Bangla Road

5 10 Sunday Walking Street Market (Lard Yai)
6 15 Patong Boxing Stadium

7 19 Naka Market

8 21 Malin Plaza Patong

9 22 Tiger Kingdom Phuket

10 24 Surf House Phuket - Kata Beach

11 28 Phuket Weekend Night Market

12 30 Chillva Market

13 31 KUDO Beach Club

14 35 Splash Jungle Waterpark

15 36 Kamala Muay Thai Gym

16 37 Gibbon Rehabilitation Project

17 a2 Bangla Boxing Stadium

18 43 Phuket Wake Park

19 a6 Central Phuket




120

No AttractionsID AttractionsName
20 48 Phuket Aquarium

21 49 Dolphins Bay Phuket

22 50 Takeoff Landing

23 53 Central Patong Phuket

24 54 Royal Phuket Marina

25 55 Kidzoona

26 56 Patong OTOP Shopping Paradise

27 58 Kata Night Market

28 61 Chang Gym

29 63 Tribhum

30 66 Community Park

31 67 Phuket 3D Museum

32 68 Phuket Bird Park

33 74 Bang Wad Reservoir and Dam

34 75 Phuket Zoo

35 76 Saphan Sarasin Bridge

36 78 Patong Mosque

37 79 Old Phuket Town

38 82 REVOLUTION GYM PHUKET

39 83 Vintage Market Phuket

40 85 Dragon Night Market

41 86 Unit 27 Total Conditioning & CrossFit Phuket
a2 87 Flying Trapeze Phuket Adventure KidzSole
43 89 Tiger Muay Thai - Day Classes

aaq 90 Turtle Village Shops & Cuisine

45 97 Seafood Market

46 99 Merlin Butterfly Sanctuary

ar 101 Phuket Botanic Garden

48 102 Phuket Town Local Bus Station (Terminal 1).
49 106 Island Safari

50 108 Premium Outlet Phuket

51 110 Phuket Dragon Muay Thai

52 111 Chalong Night Market

53 115 King Power Phuket Airport
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No AttractionsID AttractionsName
54 116 Phuket Orchid Farm

55 118 Phuket Smart Bus

56 121 King Power Phuket

57 123 Big Bee Farm

58 124 Limelight Avenue

59 125 Boat Avenue Villa Market

60 126 Rassada Pier

61 128 Rattachai Muay Thai Gym - Day Classes
62 130 Crocodile Farm and Sea Aquarium
63 131 Suwit Muay Thai Training Camp & Gym
64 133 Aquaria Phuket Thailand

65 135 Mai Khao Plaza

66 136 Saphan Hin Park

67 137 Phuket Cobra Show and Snake Farm
68 139 Robinsons Department Store

69 140 Shopping Sale Karon Plaza

70 141 Phuket Monkey School

71 143 Phuket Safari ECO+

72 144 Sutai Muay Thai Phuket

73 146 Phuket Bird Paradise

74 149 Bangla Mall

75 159 Bang-Tao Night Market

76 161 Tiger PARK Phuket

77 163 Thalang Maneekram

78 164 King Rama 9 Park

79 165 Boat Lagoon

80 166 Phuket Crocodile World

81 170 H20 Sportz Phuket

82 171 Rawai Boxing Stadium

83 172 Boat Avenue

84 177 Rawai Pier

85 178 Surin Circle Clock Tower

86 179 Phuket Gateway

87 181 Blue Tree Phuket
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No AttractionsID AttractionsName
88 182 Suvit Muay Thai Boxing
89 187 Ao Po Pier

6. NAUNMSYIBATEY Cultural Attraction 91U3U 8 Wi

No AttractionsID AttractionsName
1 23 Phuket FantaSea

2 112 Chinpracha House

3 142 Soi Romanee

il 150 72nd Anniversary Queen Sirikit Park
5 152 Thalang Road

6 173 Dibuk Road

7 180 Phuket Baba Museum

8 190 Thalang National Museum

7. n@un13viaaiied Beach Attraction $1UU 29 Wik

No AttractionsID AttractionsName
1 2 Bang Tao Beach
2 3 Freedom Beach
3 11 Kata Noi Beach

4 12 Kata Beach

5 13 Mai Khao Beach
6 14 Banana Beach

7 17 Kamala Beach

8 18 Patong Beach

9 32 Tri Trang Beach
10 34 Paradise Beach
11 40 Kalim beach

12 a4q Nai Thon Beach
13 51 Karon Beach

14 52 Nai Harn Beach
15 57 Laem Sing Beach
16 64 Naiyang Beach
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No AttractionsID AttractionsName
17 65 Yanui Beach

18 71 Surin Beach

19 73 Layan Beach

20 91 Rawai Beach

21 98 Nui Beach Phuket
22 103 Ao Yon Beach

23 104 Ao Sane Beach

24 119 Ao Sane

25 145 Sirinat National Park
26 151 Banana Beach

27 153 Friendship Beach
28 160 Laem Ka Beach

29 189 Long Beach

8. NguN1IViBaiey Waterfall Attraction $7UU 3 Wi

No AttractionsID AttractionsName
41 Kathu Waterfall

2 132 Bang Pae Waterfall
162 Ton Sai Waterfall

9. NAUNTVIBANET Island Attraction 31U 7 Wi

No AttractionsID AttractionsName
1 26 Koh Yao Yai

2 39 Coral Island(1)

3 94 Maithon Island (Honeymoon Island)
al 95 Koh Racha Yai

5 105 Coral Island(2)

6 168 Ko Bon

7 188 Ko Racha Noi
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