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ABSTRACT

In each year of educational, we found that a lot of students got grades lower than

standard therefore educational outcome this group of students is organized as poor students and the

group of these students is a risky group to have tendency to fail, leave in the middle of educational

period or cannot finish the graduation according to the fixed term in the curriculum. A factor which is

affected to a study of students may include educational factors and social factors therefore to deal with

the mentioned point it is necessary to know the cause of study that which features effected to the

student’s educational outcome in order to handle and assist those students properly. To find out the

mentioned features we use genetic algorithm to select the features for finding the significance features

which effected to the educational outcome by using neural network as a tool to recognize and classify

the features for defining the most features which are effective.

From the mentioned process, It is found that a set of selected features we have got from

each data set are different and they can used to classify of the group of poor students effectively by

accurate classification which is greater than using all of them.
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2.3.1. Jamaiiasea (Neuron Model)
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3) Linear Transfer Function
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Hidden
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2.4.6 Unbiased Tournament Selection [16]
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2.4.7 Representation and Hidden Bias II: Eliminating Defining Length Bias in

Genetic Search via Shuffle Crossover [17]
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« 10" The comparision of spanding time of the different numbers of initial population (max gen = 100)
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The comparision amang 7 mutation algorithms: (stience - physic dataset)
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Name Individual’s | Number Ratio Mutation pm
parts of groups times
Algorithml - 1 100 1 1
L
Algorithm2 2 1 100 2 1
L
Algorithm3 2 1 100 | 1
L
Algorithmé - 2 50:50 | 1
L+j
Algorithms - 2 80:20 | 1
L - ]
Algorithm6 - 3 Avg. 1 1
L+(2/-27")
Algorithm? - 2 50:50 | 1
L+2%N
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Parameters

Values

Selection method

Unbiased tournament selection

Crossover method / Probability

Uniform crossover / pc = 0.7

Mutation method / Probability Algorithm?7
Population size 20
Max generation 100
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Parameters Values
Individual length (L) Depend on each dataset
Number of grade (V) Depend on each algorithm
Condition (terminate) Reach max generation

o Y o { ' o
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4.3.1 ﬂmgqglﬁnﬂﬂ'iﬁ“!ﬂ‘ﬂﬂﬁ

d' [ d‘ 9 a [ =S
M193197 4-21:  waaguanyushlgluaividsinisdanismalulag

QAEIMNTTUNEAT
AMANYMY AMANYM AMANYM
(aaniaring) ENUMIAAIABN)
322-101 1 0
322-102 1 0
324-103 1 1
324-131 1 1
325-103 1 1
325-131 1 1
330-106 1 0
331-106 1 1
332-105 1 0
332-106 1 1
332-115 1 0
332-116 1 0
640-101 1 1
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
850-111 1 1
859-101 1 0
890-100 1 0
890-101 1 0
890-102 1 1
Faouin 1 1
nauiToU 1 0
I 1 0
O-NET1 1 1
O-NET2 1 0
O-NET3 1 1
O-NET4 1 1
O-NET5 1 1
auAn 159501 1 0
Tsa5sudszinvemiia 1 0
AL UEN 62.3% 98.36%

432 aadaInIsumans

1) @1U13IAINTTUNITHNAN

M319N 4-22: uaaspuanbuzi 1 luandmnssumsnan

AMANHME AMANHME AANHME
(@onanua) ¢FhumsnaLaen)
200-101 1 1
216-111 1 1
221-102 1 1
241-101 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
322-171 1 1
322-172 1 0
324-103 1 0
325-103 1 0
332-103 1 0
332-104 1 1
332-113 1 0
332-114 1 1
890-100 1 1
890-101 1 0
eouitn 1 0
nauITeU 1 1
G 1 0
O-NETI 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
ouAn 159501 1 0
Tsei5oudsedvania 1 0
AL UEN 83.02% 94.34%
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nMANHR nMANHAY nMANHAY
(Aentiavium) FNUMIAAIABN)

200-101 1 1
216-111 1 1
221-102 1 0
241-101 1 1
322-171 1 1
322-172 1 0
324-103 1 0
325-103 1 1
332-103 1 1
332-104 1 0
332-113 1 1
332-114 1 1
890-100 1 1
890-101 1 0
erouitn 1 0
NQUITBU 1 0
I 1 0
O-NETI 1 0
O-NET2 1 0
O-NET3 1 1
O-NET4 1 0
O-NET5 1 0
ouay 159i30U 1 0
Tsa5sulszinvemiia 1 0
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AL UEN 87.08% 94.94%
3) @A suASeIna
AT 4-24: werasnadnyusilFuandmnssumaiona
AMANYMY AMANYMY AMaANYM
(Aontiavium) FNUMSAAIABN)
200-101 1 1
216-111 1 1
221-102 1 1
241-101 1 1
322-171 1 1
322-172 1 1
324-103 1 0
325-103 1 1
332-103 1 0
332-104 1 1
332-113 1 0
332-114 1 1
890-100 1 0
890-101 1 0
eouitn 1 1
NQUITBU 1 0
LW 1 1
O-NETI 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0

O-NETS5
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
ouAy 159501 1 0
Tse5sulszinveriia 1 1
AL UEN 87.50% 95.62%
4) anvaennssy il
m3aii 4-25: nansnudnae il luauinnssyTldh
AMANYMY AMANYM AMANYM
(Aontiavium) FNUMIAAIABN)
200-101 1 0
216-111 1 0
221-102 1 1
241-101 1 0
322-171 1 0
322-172 1 0
324-103 1 0
325-103 1 0
332-103 1 1
332-104 1 1
332-113 1 0
332-114 1 0
890-100 1 0
890-101 1 1
eouitn 1 1
NQUITHU 1 0
G 1 0
O-NETI 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
O-NET2 1 0
O-NET3 1 1
O-NET4 1 1
O-NETS5 1 0
auAy 159501 1 1
Tsa5audszdrverida 1 0
AU UG 98.36% 98.36%

a a d
5) AVNIAINTTUNAINITDUNT

M3197 4-26: naasnadnyuz il luanimnssumanseind

nMANHRY nMANHRY nMANHY
(Aontiavium) FNUMIAAIABN)
200-101 1 0
216-111 1 0
221-102 1 0
241-101 1 1
322-171 1 1
322-172 1 0
324-103 1 1
325-103 1 1
332-103 1 0
332-104 1 1
332-113 1 0
332-114 1 0
890-100 1 0
890-101 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
B erouitn 1 0
NQUITEU 1 1
LW 1 0
O-NETI 1 1
O-NET2 1 1
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
ouAy 159301 1 1
Tsa5sulszinveriia 1 0
AL UEN 89.23% 98.46%
6) @1913AINT5H TeH
madi 4-27: werasnudnbazi 1 luavdanssu o
AMANYMY AMANYMY AMANYM
(ontiaring) ENUMIAAIABN)
200-101 1 0
216-111 1 1
221-102 1 0
241-101 1 0
322-171 1 1
322-172 1 0
324-103 1 0
325-103 1 1
332-103 1 0

332-104
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
332-113 1 1
332-114 1 0
890-100 1 1
890-101 1 0
erouitn 1 0
nauITeU 1 0
LW 1 1
O-NET1 1 1
O-NET2 1 1
O-NET3 1 1
O-NET4 1 1
O-NET5 1 0
auAn 159501 1 1
T5e5oulsedvania 1 0
ANULUUS 86.25% 96.25%

7) UIAINTTUHL DS

d' [ ~ 9 a A [l
M1319N 4-28: uﬁmﬂmaﬂymzwiﬂummnmﬂﬁumm'ﬂmi

nMANHAY nMANHAY nMANHAIY
(@onfanua) ¢thumMsnaLaen)
200-101 1 0
216-111 1 1
221-102 1 0
241-101 1 0
322-171 1 0

322-172
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
324-103 1 1
325-103 1 1
332-103 1 1
332-104 1 0
332-113 1 1
332-114 1 1
890-100 1 1
890-101 1 0
FWaoudn 1 0
NQUITBU 1 0
Wl 1 0
O-NETI 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
ouau l5Tou 1 0
TssFouszdnnevia 1 1
ANULLUE 86.17% 94.68%
8) a1NMIAINTIUTEN
m31af 4-29: werasnadnyuzi 19 uavdanssuTag
AMANYME AMANYME AMANYME
(Aontiaving) ENUMIAAIABN)
200-101 1 0

216-111

1

1
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
221-102 1 0
241-101 1 0
322-171 1 1
322-172 1 1
324-103 1 0
325-103 1 1
332-103 1 1
332-104 1 1
332-113 1 0
332-114 1 0
890-100 1 0
890-101 1 0
W erouiin 1 0
nauIToU 1 1
G 1 0
O-NET1 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
auAn 153i50U 1 1
Tse5oudsedvania 1 0
AL UEN 66.67% 96.55%




9) AUNIAINTTUTUNIAADN

M3197 4-30: naasnuanyuz 19 luanimnssudunadon
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nMANHAY nMANHAY nMANHAY
(Aontiavium) FNUMSAAIABN)

200-101 1 0
216-111 1 1
221-102 1 0
241-101 1 0
322-171 1 1
322-172 1 0
324-103 1 0
325-103 1 1
332-103 1 1
332-104 1 0
332-113 1 0
332-114 1 0
890-100 1 0
890-101 1 0
erouitn 1 0
NQUITBU 1 0
I 1 0
O-NETI 1 1
O-NET2 1 0
O-NET3 1 1
O-NET4 1 1
O-NET5 1 0
ouay 159i30U 1 1
Tsa5sulszinvemiia 1 0
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ALY U

10)éa 1 1 duenavian

86.49%

d’ [ d' Y o [y v =K d’w " Y a
M1319N 4-31: LLﬁ'ﬂ\‘lﬂ‘maﬂ‘HmZ‘WGl“lfﬁ?ﬂiﬂuﬂﬁﬂ‘HTVlﬂ\illllllmlﬂﬂ’ﬁﬁﬂ]"]ﬂ

AMANYMY AMANYM AANYM
(Aontiavium) FNUMSAAIABN)

200-101 1 0
216-111 1 0
221-102 1 1
241-101 1 0
322-171 1 1
322-172 1 0
324-103 1 1
325-103 1 1
332-103 1 0
332-104 1 0
332-113 1 0
332-114 1 0
890-100 1 0
890-101 1 0
Faouwdn 1 0
NQUITBU 1 0
Wl 1 0
O-NETI 1 1
O-NET2 1 1
O-NET3 1 0
O-NET4 1 1
O-NET5 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
ouavI5a5ou 1 1
Tsaseutlsedvania 1 0
ANUUNU 87.64% 98.88%

4.3.3 AMININEINTTITNVIA

A

1) @1UIBUDNNTIANITANT WY

U

M3197 4-32: naasnuanyuz Nl luanlisenmstanisdag e

nMANHAY nMANHRY nMANHAY
(Aontiavium) FNUMSAAIBN)

324-103 1 1
324-131 1 1
325-103 1 1
325-131 1 0
330-101 1 0
330-102 1 1
331-101 1 1
331-102 1 1
510-111 1 1
515-111 1 0
890-100 1 0
890-101 1 1
895-132 1 0
Faouin 1 0
nauIToU 1 0
1wt 1 0
O-NETI 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NETS5 1 0
auAy 159501 1 1
Tsa5audszdrverida 1 0
AU UG 83.87% 98.39%

a = 4
2) A uenlgnmans

d' [ A Y a =} 4
1319 4-33: L!ﬁﬂ\‘lﬂﬂ!ﬁﬂ‘]&lﬂ!$ﬂ1%1uﬁ1ﬂ113%1lﬂﬂﬂjv‘lﬂ1ﬁﬂi

AMANYMY

AMANYM

(1aenNItNA)

AMANYM

ENUMIAAIABN)

324-103

1

1

324-131

1

1

325-103

325-131

330-101

330-102

331-101

331-102

510-111

515-111

890-100

890-101

895-132

ax 9
AFADULUN
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
nauiseU 1 0
LA 1 0
O-NET1 1 1
O-NET2 1 1
O-NET3 1 0
O-NET4 1 0
O-NET5 1 1
ouAy 159301 1 1
Tsa5sulszirveriia 1 0
ANULUUS 93.41% 95.60%

3) @VNIBUDNNAUINITIABAT

M519N 4-34: uaasguanbuzh 19 luaiyneniaumsinyas

nMANHRY nMANHAY nMANHRY
(aaniaring) FNUMIAAIABN)
324-103 1 0
324-131 1 1
325-103 1 1
325-131 1 0
330-101 1 1
330-102 1 1
331-101 1 0
331-102 1 0
510-111 1 0
515-111 1 1
890-100 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
895-132 1 0
eouitn 1 0
NQUITBU 1 0
G 1 0
O-NETI 1 0
O-NET2 1 0
O-NET3 1 1
O-NET4 1 1
O-NET5 1 0
ouau 159i50U 1 1
Tsa5eulsziveriia 1 0
AU UG 85.09% 93.86%

4) ANIvuendaIfmans

M5199 4-35: uaasnuanvas il luanivuendaimans

AMANYM AMANYM AMANYMY
(aaniaring) FNUMIAAIABN)
324-103 1 0
324-131 1 0
325-103 1 1
325-131 1 0
330-101 1 0
330-102 1 0
331-101 1 1
331-102 1 0
510-111 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
515-111 1 0
890-100 1 1
890-101 1 0
890-102 1 0
895-132 1 0
B erouiin 1 0
nauiToU 1 0
I 1 0
O-NET1 1 0
O-NET2 1 1
O-NET3 1 0
O-NET4 1 1
O-NET5 1 0
auAn 159501 1 0
Tsa5sudszinvemiia 1 1
AL UEN 88.70% 97.39%
5) M3¥enang
A7 4-36: werasnadnyusilFvesnymans
nMANHAY nMANHAY nMANHRY
(@onanua) ¢thumMsnaaen)
322-103 1 1
322-104 1 1
324-103 1 1
324-131 1 1

325-103
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
325-131 1 1
330-101 1 1
330-102 1 1
331-101 1 0
331-102 1 1
890-100 1 0
890-101 1 1
erouitn 1 0
NQUITEU 1 0
I 1 0
O-NET1 1 1
O-NET2 1 0
O-NET3 1 1
O-NET4 1 0
O-NET5 1 0
ouau 159301 1 0
Tsa5eudszinveria 1 0
AL UEN 74.83% 94.41%

6) &1'li'lduenav1in

d’ [ d' 9 o 1Y v =R d’w " Y a
M1319N 4-37: Lm’ﬂ\if’]ﬂ!aﬂymﬁﬁ‘ﬂbl‘lf?ﬁﬁiﬂuﬂﬁﬂ‘HTﬂEN]liJ]lﬂLLEJﬂﬁY'UTJG]ﬂ

nMANHAY nMANHRY nMANHRY
(@onavua) ¢thumMsnaLaen)
324-103 1 0
324-131 1 0

325-103
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
325-131 1 0
330-101 1 1
330-102 1 0
331-101 1 1
331-102 1 1
510-111 1 0
515-111 1 0
890-100 1 0
890-101 1 0
895-132 1 0
eouitn 1 0
nauITeU 1 0
G 1 0
O-NETI 1 0
O-NET2 1 1
O-NET3 1 1
O-NET4 1 0
O-NET5 1 1
ouAn 159501 1 0
Tsei5oudsedvania 1 1
AU UG 87. 64% 98.88%
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4.3.4 AUSINANFAITAT

1) MAIFVAININGINIIADUNUNDS

M3197 4-38: naasnudnyuz il lumadxyanineimineuiaunes
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AMANYMY AMANYMY AMANYMY
(Aeniianiaa) ¢Fhumsnataen)
322-101 1 1
322-102 1 1
324-101 1 0
325-101 1 0
332-101 1 1
332-111 1 1
344-101 1 1
344-102 1 1
344-121 1 0
890-100 1 0
890-101 1 0
Berouitn 1 0
NQUITBU 1 1
I 1 1
O-NETI 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
ouay 159i30U 1 0
Tsa5sudszinvemiia 1 0
AL UEN 87.80% 98.78%



2) M unalulagasaumatazmsaoas

112

d’ @ Aq Y a =
M1319N 4-39: L!,?f@]ilﬂ.maﬂ‘]dil!%ﬂi‘ﬁiuﬁﬁﬂ’)‘]f“ﬂﬂjlﬂa‘(’Jﬁ'15ﬁul1/lmm$ﬂ15

doans
nMANHAY nMANHAY nMANHAY
(Aontiavium) FNUMSAAIBN)
308-101 1 1
308-102 1 1
322-101 1 1
322-102 1 0
324-101 1 0
325-101 1 0
332-101 1 0
332-111 1 1
332-246 1 0
332-248 1 1
890-100 1 0
890-101 1 1
895-171 1 1
erouitn 1 1
nauIToU 1 1
I 1 1
O-NETI1 1 1
O-NET2 1 0
O-NET3 1 1
O-NET4 1 0
O-NET5 1 1
ouAy 159501 1 0
Tsa5sulszinvemia 1 0
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ALY U

3) MAVE1V I UNA U Tada1sauUme (Aoiileq)

86.89%

d' v Aq Y a a =
M19190 4-40: Llﬁﬂﬂﬂmaﬂ‘HmZ‘VlslflflelﬂTﬂ’Jﬂﬂ/ﬁ'ﬁﬂ’ﬁﬂﬂﬂﬂIuiﬁﬂﬁﬁﬁumﬁ

(@o1floq)
AMANHMY AMANYM AMANYM
(Aontiaviag) ENUMIAAIABN)
310-201 1 1
310-301 1 1
310-311 1 1
310-321 1 0
310-361 1 1
322-105 1 1
890-101 1 0
895-171 1 1
LWl 1 1
AU UG 93.88% 98.98%

4) néngasiagemans aniniagmans

H o { @ [ 4 a o
M15190 4-41:  udasnuansuzilFlundngasigamans a1v13iag

mans
nMANHAY nMANHAY nMANHAY
(@onanua) ¢thumsnaLaen)
322-101 1 1
322-102 1 0

324-101
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
324-102 1 0
325-101 1 0
325-102 1 0
332-101 1 1
332-102 1 0
332-111 1 0
332-112 1 1
890-100 1 0
890-101 1 1
895-171 1 0
eouitn 1 1
nauITeU 1 0
G 1 1
O-NETI 1 0
O-NET2 1 1
O-NET3 1 0
O-NET4 1 1
O-NET5 1 1
ouAn 159501 1 1
Tsei5oudsedvania 1 0
AU UG 90.10% 95.05%




5) MAINAUAMAAT T1ANAATAT

H [ 1 9 a a 4 a J
{mik‘iﬁ 4-42: meﬂmaﬂymzﬁi%slumm%mmmmam TUVIAUAFITAT
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AMANHMY AMANYMY AMANYMY
(Aontiavim) FNUMIAAIABN)
322-101 1 0
322-102 1 0
324-101 1 1
324-102 1 0
325-101 1 0
325-102 1 0
332-101 1 1
332-102 1 0
332-111 1 0
332-112 1 0
890-100 1 1
890-101 1 1
895-171 1 1
eouitn 1 0
NQUITBU 1 0
LA 1 0
O-NETI 1 1
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
ouAy 1591301 1 1
Tsa5sulszinvemiia 1 1
AL UEN 95.71% 98.57%



6) ANUIFIINNAAATHOAIDS

H [ { Y a a o a o
{miNﬁ 4-43: meﬂmaﬂymzﬁiﬂuawnm’mmmﬁmwaamai
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AMANYMY AMANYMY AMaANYM
(Aontiavium) FNUMIAAIBN)
322-101 1 0
322-102 1 1
324-101 1 1
324-102 1 0
325-101 1 1
325-102 1 0
332-101 1 0
332-102 1 0
332-111 1 0
332-112 1 0
890-100 1 1
890-101 1 1
895-171 1 0
eouitn 1 0
NQUITBU 1 0
LA 1 0
O-NETI 1 1
O-NET2 1 1
O-NET3 1 1
O-NET4 1 0
O-NET5 1 0
ouAy 1591301 1 0
Tsa5sulszinvemiia 1 0
AL UEN 54.17% 97.22%
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M1319N 4-44: Llﬁ'ﬂ\‘lﬂmaﬂHmZﬂi“ﬁiuﬂ’lﬂT’]ﬂV\lﬁﬂﬁ
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AMANYMY AMANYMY AMANYMY
(Aontiavium) ENUMIAAIABN)
322-101 1 0
322-102 1 1
324-101 1 1
324-102 1 1
325-101 1 1
325-102 1 1
332-101 1 1
332-102 1 0
332-111 1 0
332-112 1 0
890-100 1 0
890-101 1 0
erouitn 1 0
NQUITEU 1 0
LA 1 0
O-NET1 1 1
O-NET2 1 0
O-NET3 1 1
O-NET4 1 1
O-NET5 1 1
ouay 159i30U 1 0
Tsa5sulszinvemia 1 0
AL UEN 92.17% 98.80%
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3 @ iq Y a a 4 a aa
{mik‘iﬁ 4-45: meﬂmaﬂymzﬁ%iummmﬂmmmam AU DA
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AMANYMY AMANYMY AMANYMY
(Aontiavium) ENUMIAAIABN)
322-101 1 1
322-102 1 1
324-101 1 1
325-101 1 0
325-102 1 0
332-101 1 1
332-111 1 0
890-100 1 1
890-101 1 0
895-171 1 1
Faouin 1 1
nauIToU 1 1
LA 1 1
O-NET1 1 1
O-NET2 1 0
O-NET3 1 0
O-NET4 1 1
O-NET5 1 0
ouAn 159501 1 0
Tsa5sulszinvemiia 1 0
ANULUUS 87.50% 95.14%
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M519N 4-46: uaasnuanyazi 1¥luanivuasygmansinyas
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AMANHMY AMANYMY AMANYMY
(@eniianiag) ¢Fhumsnataen)
322-103 1 0
322-104 1 1
340-301 1 1
510-111 1 0
515-111 1 1
875-111 1 1
875-112 1 1
877-141 1 1
890-101 1 1
895-132 1 1
eouitn 1 1
NQUITBU 1 0
LA 1 0
O-NET1 1 0
O-NET2 1 1
O-NET3 1 0
O-NET4 1 0
O-NET5 1 1
ouau 159301 1 0
Tsa5eulszinveriia 1 1
ANULUUS 87.78% 96.67%
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4.3.6 AUTUAMENI

d' [ ~ 9 Aan o
M1319N 4-47: Llﬁﬂ\‘]ﬂﬂ!aﬂ]&lﬂ!$ﬂﬂl°§1uﬂﬂ!$u@ﬁ1ﬁﬂi
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AMANYMY AMANYMY AMANYM
(Aeniiaviag) ¢Ehumsnataen)
340-101 1 1
340-326 1 0
870-101 1 1
870-121 1 1
870-122 1 1
870-211 1 1
890-100 1 1
890-101 1 1
890-102 1 1
895-125 1 0
895-171 1 0
eouitn 1 0
NQUITBU 1 0
LA 1 0
ouAn 15950U 1 1
Tsei5oudsedvania 1 1
AL UEN 95.30% 98.63%
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AN 4-48: Llﬁﬂ\‘]ﬂﬂ!aﬂ]&lﬂ!gﬂﬂlcﬁcluﬁﬁlelnjsﬁ'ﬁgusﬁuﬁﬂy']
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AMANYMY AMANYMY AMANYM
(Aeniiaviag) ¢Ehumsnataen)
340-101 1 0
345-101 1 0
461-211 1 1
874-392 1 1
890-100 1 0
890-101 1 0
890-102 1 0
895-104 1 0
895-131 1 0
895-132 1 0
895-209 1 1
895-326 1 1
897-102 1 0
B eouitn 1 1
nauIToU 1 0
G 1 0
O-NETI 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
auAn 159501 1 0
Tsei5oudsedvania 1 0
AL UEN 92.31% 98.72%




4.3.8 AUSINGINSTIAMS

1) @1MIIaMsng Tu lagarsaumna

d' [ ~ 9 [ =
M13197 4-49: naaIgauanyuz N 15 luanmstanisma luTagensaume
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AMANYMY AMANYMY AMANYM
(Benifanua) @uMsnaen)

322-100 1 0
340-326 1 1
460-110 1 0
460-111 1 0
460-112 1 1
460-113 1 1
460-114 1 1
460-115 1 0
460-116 1 1
460-190 1 1
460-191 1 1
890-100 1 1
890-101 1 1
890-102 1 0
Faoudn 1 1
nauITeU 1 0
LWl 1 0
O-NETI 1 1
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0

[ Y

=
uau I5350U
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nMANHR nMANHA nMANHAY
(1aeNNINiNA) ENUMIAAIABN)
Tseseuseintenia 1 0
ANUUIU 88.11% 97.30%

2) @1 U1nsaana

~ o q Y
AN 4-50: L!ﬁﬂ\‘]ﬂﬂ!aﬂ’]&lﬂwﬂﬂl%iuﬁ"lelﬂﬂ"li@]a'lﬂ

AMANYMY AMANYM AMANYM

(ontiariag) ENUMIAAIABN)
322-100 1 1
340-326 1 0
460-111 1 1
460-112 1 0
460-113 1 0
460-114 1 1
460-211 1 1
890-100 1 0
890-101 1 1
890-102 1 1
B erouitn 1 0
NQUITEU 1 0
LA 1 0
O-NETI1 1 0
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
O-NET5 1 0
dual 15aTou 1 0
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nMANHR nMANHA nMANHAY
(1aeNNINiNA) ENUMIAAIABN)
Tseseuseintenia 1 0
ANULUN U 72.45% 95.92%

3) @1UIFINIIAMT (NHIDINYH)

M99 4-51: uaasnuanyash 19 uanImnmstams (ME189ngY)

nMANHAY nMANHAY nMANHAY
(Aontiavim) FNUMIAAIABN)

472-101 1 0
472-102 1 1
472-103 1 1
472-104 1 1
472-105 1 0
472-106 1 1
472-107 1 0
472-108 1 0
472-110 1 1
472-111 1 1
472-112 1 0
472-113 1 1
erouitn 1 0
nauiTeU 1 1
i 1 0
O-NETI 1 1
O-NET2 1 0
O-NET3 1 0
O-NET4 1 0
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nMANHR nMANHA nMANHAY
(Aontiavinm) ENUMIAAIABN)
O-NET5 1 1
ouavI5aSou 1 0
Tsaseutlsedveania 1 0
ANMULUUG 95.30% 97.99%
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Using Genetic Algorithm to Find Out the Significance Features Effected to the Low Proficiency

Student’s Educational Outcome

Patapee Kapi//akan1, Nuttida Suwanno’
7/\Aamagemem‘ of Information Technology, Faculty of Engineering, Prince of Songkla University

2Depan‘ment of Business Administration, Faculty of Management Sciences, Prince of Songkla University

kapillakan@gmail.com, nuttida.n@psu.ac.th

Abstract

In each year of educational we found that a lot of students who have got grades lower than
standard then this group of students is organized as poor students and the group of these students
is a risky group to have tendency to fail, leave in the middle of educational period or cannot finish the
graduation in according to the term fixed in the curriculum. A factor which is affected to a study of
students may include educational factors and social factors therefore to deal with the mentioned
point it is necessary to know the cause of study that which features effected to the student’s
educational outcome in order to be able to handle and assist those students properly. To find out the
mentioned features we use genetic algorithm to select the features and weigh for finding the
significance features which effected to the educational outcome from the mentioned process. It is

found that a set of selected features can be used to classify of the group of poor students effectively.

Keyword: genetic algorithm, feature selection, feature weighting
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Abstract

In each year of educational we found that a
lot of students who have got grades lower than
standard then this group of students is organized
as poor students and the group of these students
is a risky group to have tendency to fail, leave in
the middle of educational period or cannot
finish the graduation in according to the term
fixed in the curriculum. A factor which is
effected to a study of students may include
educational factors and social factors therefore
to deal with the mentioned point it is necessary
to know the cause of study that which features
effected to the student’s educational outcome in
order to be able to handle and assist those
students properly. To find out the mentioned
features we use genetic algorithm to select the
features and weigh for finding the significance
features which effected to the educational
outcome from the mentioned process. It is found
that a set of selected features can be used to
classify of the group of poor students effectively.
Keyword: genetic algorithm, feature selection,

feature weighting
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